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Abstract

One possible step for reducing humans use of fossil fuel due to transportation is to replace diesel
trucks with battery electric ones. This thesis focuses on effective system solutions for battery electric
trucks but not the ones which can charge while driving on so called electric roads. The energy distri-
bution diagram is introduced which makes it easy to visualise the daily energy consumption for the
trucks full service life in a compact way. The energy distribution diagram is used to investigate which
driving patterns that are suitable for cost effective battery electric trucks and the cost is compared to
commercial diesel trucks. These analyses are done both for several simple shapes of the energy distri-
bution as well as for a special case of electrification of long-distance line-haul trucks. An investigation
about how to select the total power of a charging station with a given demand of charging is also pre-
sented. Finally, the charging needed for trucks, the charger utilization and the problems with queuing
at chargers along a highway in Sweden is investigated with an agent-based model based on traffic data.

The results indicates that the utilization of the chargers along the investigated highway could be high
and at the same time the system will have good ability to resist queues. Regarding the total power of
a charging station, it is found that it is not always optimal to meet the maximum charging demand if
the goal is to maximize the net income for the charge point operator.

Further on, the battery electric trucks are, in many cases, found to be competitive to the commercial
diesel trucks, especially when there is low variation in the daily energy consumption for the trucks. It
is useful to find under what circumstance they may be cheaper, as it will be much easier to transition
into battery electric trucks in segments in which the total cost of ownership is reduced. Cost-effective
solutions for battery electric trucks are therefore highly important to find, and this thesis explores
some of the main factors and trade-offs which influence the effectiveness of the whole system.
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2 Introduction

Humans’ dependency on oil is problematic since calculations shows that the reserve depletion times
is less than 30 years [1] and an continued extensive use of fossil fuel will likely cause severe conse-
quences on the earth climate system [2]. In addition, other downsides of greenhouse gas emissions
such as pollution and negative health impacts are expressed in the literature [3]. An attempt to partly
solve this grave problem is to use battery electric trucks instead of diesel ones. Hydrogen fuel-cell
trucks is also a possible solution but recently published studies favours the battery electric trucks
[4][5]. Even though the feasibility of the battery electric trucks seems promising, fuel cells might be
better for heavy-duty trucks on extra-long journeys [6]. Still, there is no unambiguous answer to the
question which powertrain that result in the lowest total cost of ownership, since it will depend on
how the vehicle is used [7]. However, former studies indicates that battery electric trucks could be
cost-competitive to the diesel trucks under the right circumstances [8][9][10].

This thesis aims to contribute to the transition by investigate battery electric trucks and their com-
petitiveness relative to conventional diesel trucks. It also aims to provide knowledge of how to make
the battery electric trucks as cost effective as possible by for example investigating battery sizing,
driving patterns, and charging strategies. Result from the studies included in this thesis agree with
past research that states that the cost effectiveness for battery electric vehicles is sensitive to driving
patterns [11] and that driving patterns that are relatively uniform has a potential for electrification
[12]. However, previous studies have used probability density functions for the daily driven distance
for the battery electric vehicles [11][13] but in this thesis the approach is different since the daily
energy consumption over the trucks full service life is used instead. The daily energy consumption
is visualised in an energy distribution diagram, which is introduced in Paper A. Further, the energy
distribution diagram is used for cost calculations in Paper B. In a previous study of a commercial
electric vehicle, a model for the battery ageing is used to consider the effect of battery ageing due
to battery sizing [14]. In the mentioned study it is found that oversizing the battery could lead to a
lower total cost of ownership since it reduces the battery ageing. The fact that a larger battery prevents
deep battery cycling which reduces battery ageing is clear from other studies as well [15]. Due to the
battery ageing and margins to create a robust system it is assumed in Paper A and B that only a share
of the battery capacity could be used. In Paper A this share is set to 80% but in Paper B the share
depends on how many cycles the battery must perform over its service life. In Paper B, the number
of cycles decreases non-linearly with the cycle depth. This results in a larger total lifetime energy
throughput for shallower cycles. This can be seen in studies such as [16]. A study of electric truck
delivery conclude that battery sizing is essential for maximize profit [17] and it is studied in detail in
Paper A and Paper B.

In presenting a systematic review of the cost of battery packs, Nykvist and Nilsson highlight bat-
tery price as a crucial parameter for cost-competitive battery electric vehicles [18]. In their article
the authors claim (with the support of a previous study [19]), that the price of batteries must fall
below 150 $/kWh if battery electric vehicles in general are to compete with internal combustion ve-
hicles. They also show that such a price can be achieved in the near future. In Paper A and B it was
shown that, even at a battery cost of 200 e/kWh, many commercial battery electric trucks will be
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cost-competitive with diesel trucks. This is because commercial trucks have a high utilisation rate
compared to private passenger cars. A working Paper by the International Council on Clean Trans-
portation [20] predicts a battery pack cost of 120 $/kWh in 2030 and an indirect cost multiplier of
36.8% to cover the vehicle manufacturer’s warranty and battery-related costs. This gives a cost of
164 $/kWh, or 149 e/kWh, for the vehicle customer. The estimate used in this thesis, is therefore
a conservative estimate for 2030 and may be reached earlier than that. Another study [21] also high-
lights battery price as a critical parameter: "We also argue that previous findings pointing out that
heavy trucks are harder to electrify than lighter trucks are very sensitive to assumptions about the
battery cost and battery lifetime". Of course there are many other parameters that could effect the
cost effectiveness of the battery electric truck such as the use of grid storage as an example. This
possibility has not been investigated in this thesis, but a former study shows that grid storage only
seems to have a small benefit for plug-in hybrid vehicles [22]. However, it is worth mentioning that,
to be used, battery electric trucks do not necessarily have to be cheaper than diesel ones. They simply
must be the most cost-effective way of replacing fossil fuel transport. Cost efficient solutions for bat-
tery electric trucks are assumed to accelerate the transition from commercial diesel trucks into battery
electric ones and are therefore highly important to find. If they in the long run are cheaper than diesel
trucks the transition will become much easier and faster, as profitability is a strong driving force for
companies and that force will then help the transition.

Due to the limited range of the battery electric trucks, there is need for charging stations that can sup-
ply the trucks with public fast charging, at least for long-haul trucks. As earlier stated in the literature
[23], the chargers must have a sufficient utilization to make the installation worthwhile. It is shown
in Paper B that the profitability for a charge point operator is based on a sufficiently high utilization
factor of the chargers and the lowest required price for fast charging to reach profitable stations is
expressed as a function of the charger utilization factor. In a previous study [24] it is expressed that
the need for charging infrastructure is highly dependent of the battery size, this is discussed in Paper
B as a potential risk for charge point operator since an increase in the battery capacity probably will
lead to less demand of public fast charging. Paper B is a case study that investigates the economic
consequences for a haulage company that want to make a transition from diesel trucks into battery
electric ones. Results from another case study in the literature [25] demonstrate the importance of
vehicle-specific examination for the right battery capacity that ideally matches the vehicle’s operating
profile. This is also clear from the case study in Paper B where alternative battery sizes are discussed
for a specific transport task.

In Paper B the approach of building sufficient number of chargers to always fully accommodate the
charging demand is questioned, and the total power that maximize the profit for the charge point
operator for a given demand is instead investigated. So far, these studies focus on investigating how
to make different parts of the system of battery electric trucks and charger stations cost effective.
However, it is also of great importance that the system is well functioning, in the sense that one
avoids long queues at the charging stations. Of course, it could be hard to achieve this and at the same
time keep the charger utilization factor high. A previous study [26] state that the question of how
much a chargers can be utilized, without cause queuing at chargers, is a key question when designing
charging networks. In Paper C the demand of chargers for battery electric trucks is estimated along
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one of the main highways (E4) in Sweden, in a possible future scenario where there are equally many
battery electric trucks as there are diesel trucks today. Paper B, together with another study [27],
discusses advantages with higher charger pricing at rush hours to avoid queuing and increase profit.
This was investigated in Paper C with an agent-based model based on data on the flow of trucks along
the E4 road [28].

Challenges and Desirable Features of a System of Electric Trucks and Chargers

Many of the results from this thesis are regarding all types of battery electric trucks with stationary
charging. However, for medium and long-distance trucks the challenge of electrification is harder
compared to local distribution. This is due to that the payload often is higher in case of medium and
long-distance transports. Also, the longer transports demand more energy, and thus a larger battery.
Both these factors make it difficult to have a battery large enough for a full day’s driving. If the
trucks do not regularly carry heavy goods the battery can be rather big, but if not the battery can be
large the truck has to rely on public fast charging at least once during a workday. So, for many long-
distance trucks, a large part of the energy will be charged at public chargers and it is then important
that the price for that charging is low. If the public fast chargers are not utilized sufficiently the price
for charging will be high. So, a high utilization is desirable, but if the utilization is high that might
instead cause problems with queues at fast-charging stations. If there are extensive problems with
queues there might be needs for booking systems. But booking systems may not only be a positive
thing, as they can also be seen as a potential problem with extra administration and blocked and un-
used chargers when a truck that has booked a charger is delayed. The system of electric trucks and
chargers must also be robust to extreme weather, increased traffic flow and unexpected peaks in the
traffic flow.

It will be desirable if the transition to battery electric trucks could be done cost effectively, without
unwanted changes to how the trucks operate and no need for booking systems for public fast chargers.
The result from this thesis indicates that this can be possible to achieve. Two things that can improve
the future system even more, would be if the trucks daily energy consumption and the demand for
public charging can be as even as possible. This would further improve the possibility to select cost-
effective battery sizes and to achieve high utilization of the public fast chargers.

In this thesis the main mechanisms that make for a cost effective and robust system are explored, but
under several simplifications. It would be interesting to add more detailed and precises models, for
example regarding battery ageing, loss in payload-capacity and more precise traffic data and see if
the main results still hold. If they do, one may assume that the simplifications were accurate, and if
they do not, one may question the simplifications. Another, more nuanced way of looking at it is that
if changes in assumptions cause dramatic changes in results, then the system itself is sensitive. If so,
it will be hard, but still very important, to find good system solutions. If, however, the system itself
seems to be insensitive to the assumptions, it will be a lot easier to design a good system provided
that one has done the proper investigations in advance.
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3 Summary of the Papers

The aim of this research has been to develop better understanding of efficient system solutions for
battery electric trucks and their chargers. In Paper A, the cost of electric trucks in general was studied
with the aim of finding how the cost could be affected by changing the battery capacity, charging
strategy and charger power for different types of driving patterns. Knowledge in this area is important
since it can reduce the total cost of ownership for the haulage companies. Then the general work
in Paper A, was concretized by investigating a specific long-distance haulage company, in Paper
B. The studied case was also a step towards studies on a system level, since the number of public
chargers that could provide the trucks with public fast charging was investigated. Studies of this
type demonstrates how to apply knowledge about battery electric trucks and their chargers to get
cost effective solutions. Further on, in Paper B, the focus was shifted to the charge point operator’s
perspective. It was investigated how to size the total power for a charging station to maximize the
profit for the charge point operator. This question is also of importance since one wants to know how
many chargers should be built to meet the demand in a cost-effective way. Finally, in Paper C, the
charging needed for trucks along a highway in Sweden was estimated from traffic data. This study
was done with the objective to be able to predict the future need for public fast chargers along roads
and how to make sure the system is resistant towards queues at charging stations even with unexpected
peaks in the traffic flow. The above investigations together build an important part of the knowledge
required to find efficient system solutions for battery electric trucks. Below, each article included in
this thesis are summarized individually followed by a discussion of the contributions in the coming
section.

3.1 Summary of Paper A

Paper A compares the cost for a battery electric truck with the cost for a commercial diesel truck.
The most cost-effective battery size and the cost competitiveness is investigated for different driv-
ing patterns. The introduced energy distribution diagram visualizes the data for the daily energy
consumption for all the days in the trucks service life and is used to facilitate the analysis.

3.1.1 Cost of a Battery Electric Truck

Some of the main costs for operating a truck, regardless of whether it is driven by diesel or electricity,
are approximately equal for a diesel truck and a battery electric truck. These are the cost for the vehi-
cle, when excluding the battery in the electric case, the cost for maintenance and insurance. Under the
assumption that the charging of the trucks is done in a way that does not increase the working hours
of the driver, also the salary for the driver remains the same. These costs are therefore ignored when
the comparison is made. In this Paper it is also assumed that the electric truck has the same payload
capacity as the diesel truck, which is reasonable in many cases, with the main exception being trucks
driving a long distance without charging in combination with carrying heavy goods. What differs is
that the electric trucks have additional cost for battery, charger and grid connection, and also that the
diesel cost is replaced by the cost for electricity. In this Paper the costs are normalised and expressed
in Euros per kWh propulsion energy.
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The main idea in Paper A is to express the cost for the battery electric truck as a function, which will
be called the cost function, and then try to find the battery size which minimizes that function for
different ways of using the vehicle. The cost function,

fBEV = rch · Ce + (1− rch) · Cepub +
Cb ·Bc

Etot

+
Ccharger · Pch

Etot

+ T · Cg · Pch

Etot

, (3.1)

where the parameters are given in Table 3.1 and 3.2, sums up the costs per kWh for private charging,
public fast charging battery, charger, and grid connection, respectively. The values used in this paper
for the cost parameters in Table 3.1 are listed in the column "typical value".

Table 3.1: Notations for the different costs and their assumed values. Please keep in mind that the cost refers to the cost of propulsion energy.

Costs Notation Typical Value
Diesel Cost Cd 0.30 e/kWh
Electricity Cost, Private Charging Ce 0.08 e/kWh
Electricity Cost, Public Fast Charging Cepub 0.4 e/kWh
Battery Cost Cb 200 e/kWh
Price of Charger Ccharger 400 e/kW
Grid Fee Cg 60 e/kW/year
Service Life of Truck, Charger and Battery T 7 years
Combined Price of Charger and Grid Cch =

Ccharger

T
+ Cg 117 e/kW/year

Table 3.2: Notations for parameters.

Parameters Notation
Total Propulsion Energy Consumed Over the Trucks Service Life Etot

Ratio of Private Charging to the Total Amount of Energy rch
Battery Capacity Bc

Charger Power Pch

Defining the battery utilization factor, Γb, as

Γb :=
Etot

Bc

, (3.2)

the battery utilization factor has the dimension-less unit equivalent full cycles (EFC) and describes
the number of full discharge cycles that can deliver the total amount of energy. Also, defining the
charger utilization factor, Γch, as the total energy delivered divided by the maximum energy that can
be delivered by the charger over its service life, i.e.,

Γch :=
Ech

T · Pch

, (3.3)
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where Ech is the total amount of energy delivered divided by the charger over its service life. This
charging utilization factor is therefore a dimensionless scalar ranging from 0 to 100%. By using the
notation for the combined price for charger and grid according to Table 3.1 together with Ech =

rch · Etot it is now possible to rewrite the cost function as

fBEV = rch · Ce + (1− rch) · Cepub +
Cb

Γb

+
rch · Cch

Γch

. (3.4)

The cost parameters in Table 3.1 will be determined by the market and technology development and
the total energy consumed for a vehicle during its service life depends on the transport task for the
truck. However, the parameters for the battery capacity, the charger power and the ratio of private
charging is of special interest since they will change depending on charging strategy. As seen from
Equation 3.4 one should aim to choose the battery capacity and the charging power, so it increases the
utilization factors while at the same time public fast charging is avoided, since it decreases rch and
thereby increases the cost. If one can express the relationship between these parameters one may be
able to optimise these parameters in order to find the lowest total cost per kWh propulsion. In Paper
A it is shown that the relationship depends on the shape of the energy distribution diagram for the
truck, which is introduced in the next section.

3.1.2 The Energy Distribution Diagram

The energy that a battery electric truck consumes each day will differ due to for example different
transport tasks and weather conditions. The data for the daily energy consumption for a truck can be
presented in an energy distribution diagram. At first, consider a trucks daily energy consumption over
one week in the left-hand part of Figure 3.1, where the height of each bar on the y-axis represent the
energy consumed for that day. Over a truck’s service life the number of days are many and if they are
sorted with respect to energy consumption, starting at the highest consumption, one obtain a curve
which is called the energy distribution diagram (EDD)1 (see the right-hand part of Figure 3.1). The
total number of days during the vehicles service life is Ntot and the number of days the vehicle is
operated is Nop. In this paper Nop = 1750 which corresponds to a truck that operates five days per
week, 50 weeks per year in seven years. It is not a problem that the days are rearranged according
to energy consumption since the truck is charged during night and the energy needs of the coming
day are therefore independent of consumption the day before. To sort the days according to energy
consumption has advantages as it is easier to overview to, for example, read the highest daily energy
consumption or to estimate the mean energy consumption. Also, it is easier to approximate the sorted
EDD with a mathematical function that is always monotonically decreasing. Notice that it is possible
to change to number of trips instead of number of days on the x-axis, for a vehicle which is charged
after each trip.

By plotting the useful battery capacity in the EDD it is also possible to determine how many days the
battery is too small to run the whole day on one charge. These days the vehicle needs to fast charge
during the day. In the paper it is assumed that the fast charging only charges the minimum energy
needed to carry out the rest of the days driving. Thus, the energy which needs to be fast charged can

1Notice that curve actually should be a discrete number of points but for convenience it is instead seen as continuous
curve.
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be determined as the red-striped area in the diagram and the energy charged from the home charger
corresponds to the blue striped area.

Figure 3.1: The daily consumed energy for five working days to the left and the energy distribution diagram for a truck’s full service life to the
right. In the right-hand part of the figure the number of days that needs fast charging and the amount of fast charging needed is
marked with red for a certain useful battery capacity.

The EDD gives a lot of information for the full service life of a vehicle in a compact way. This
information is listed below:

• The total energy consumption is the area under the curve.

• The total number of operation days is where the curve meets the x-axis.

• The mean consumed energy for the days when the truck is used equals the total energy divided
by the number of operation days.

• The highest consumed energy is where the curve meets the y-axis.

• The number of days that needs fast charging and the amount of fast charging needed for a
particular useful battery capacity.

• The shape of the EDD gives a quick picture of how large the variation in the energy consumption
is and how large share of the days that have high, medium or low energy consumption.

• Maybe most important, the EDD connects the useful battery capacity with the parameter rch,
since rch can be found as the blue striped area divided with the area under the curve (see Fig-
ure 3.1).

When considering the right-hand part of Figure 3.1 one may suspect that the optimal charging
strategy is strongly influenced by the shape of the EDD. For example, can it be a good idea to select
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a battery capacity that can handle the majority of the trips but not the thin peak in the EDD? In that
case the battery cost is strongly reduced compared to a battery that can handle all the trips but the
amount of energy from fast charging is low compared to the total energy. In the coming subsections
the studied cases of EDDs are presented among with the results from the paper. All the analysis in
the paper was done under the assumptions that the battery capacity and the power of the charger are
assumed to be continuous variables in the span from zero to arbitrary high values and that it is possible
to charge exactly when it is needed.

3.1.3 Studies of Different Energy Distribution Diagrams

In the paper three different energy distribution diagrams are investigated namely, the rectangular EDD,
the triangular EDD and the two-step rectangular EDD defined as below. Let E(N) be the the total
amount of energy consumed by a truck day N . That means, E(N) determines the envelope of the
EDD and is, therefore, called the energy function. For the rectangular EDD the energy function is
expressed as

E(N) = Emax, N ∈ [0, Nop], (3.5)

where Emax is the highest daily energy consumption over the truck’s service life. For the triangular
EDD the energy function is

E(N) = −Emax

Nop

N + Emax, N ∈ [0, Nop]. (3.6)

For the two-step rectangular EDD the energy function is written as

E(N) =

{
Emax, N ∈ [0,M ]

Emin, N ∈ (M,Nop],
(3.7)

where Emin is the lowest daily consumed energy for the truck and M is the number of days the
truck consumes the maximum daily energy Emax. Figure 3.2 shows the above mentioned energy
distribution diagrams, where the upper left-hand part of the figure shows the rectangular EDD, the
upper right-hand part of the figure shows the triangular EDD and the lower middle part of the figure
shows the two-step rectangular EDD. The number of days with fast charging, the amount of public
fast charging and the energy charge from the private charger are marked in the sub figures for a certain
useful battery capacity.
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Figure 3.2: Three types of energy distribution diagrams. The upper left-hand part of the figure shows the rectangular EDD, the upper right-hand
part of the figure shows the triangular EDD and the lower middle part of the figure shows the two-step rectangular EDD. The number
of days with fast charging, the amount of public fast charging and the energy charge from the private charger are marked in the sub
figures for a certain useful battery capacity.

By considering Equation 3.1 one realizes that for a fixed set of cost parameters and a certain
EDD there are three parameters that could be affected to minimize the cost, namely rch, Bc and Pch.
However, these three are strongly connected. For a certain battery capacity, one finds the cheapest
charger by selecting the charger power so it just can charge the whole useful battery capacity over the
night. The amount of private charging follows from the shape of the EDD and the choice of the useful
battery capacity, see the blue striped areas in the right-hand part of Figure 3.1 and in Figure 3.2, which
then gives rch. This follows from the fact that one does not want to charge with public fast chargers
more than necessary for a given battery capacity. So, for a given EDD the most cost effective Pch and
rch can be seen as a function of the battery capacity. Hence, the cost function can now be seen as a
function of just one variable, for example Bc, and can then be optimized by methods from calculus
in one dimension. Due to battery aging and robustness margins, it is assumed that only a share of the
battery capacity, rSoC , can be used. The useful battery capacity, Bcu, can then be expressed as

Bcu = rSoC ·Bc, (3.8)

where rSoC is set to 80 % in Paper A.

3.1.4 Result and Conclusions

In the study it is found that the rectangular EDD gives gives the lowest value, 0.26 e/kWh, on the
cost function compared to all other energy distribution diagrams, for a fixed number of operation
days. In this case the electric truck is more cost effective than the commercial diesel truck and the
battery should be sized so it can handle the energy need for all the days, without using any public
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fast charging. In the case with the triangular EDD the electric truck is not competitive with the diesel
truck with the price parameters used in the paper. Luckily this shape of EDD is rare for commercial
trucks.

In case of a two-step rectangle EDD the electric trucks can, in many cases, compete with diesel trucks.
With this EDD the lowest cost is obtained by either having a battery so large that it can handle all
the trips without fast charging, or a battery that just can handle the low consuming trips without fast
charging. If the days with high consumption are sufficiently many, one should choose the large bat-
tery, otherwise the small. In this context sufficiently many are a little less than 1000 days. The EDD
best suited for the electric trucks are the ones close to a single rectangle or a rectangle with a thin
peak on top. The worst EDD is the ”L”-shaped one, if the peak is not really thin, and the EDD that
has a long thin tail.

In the paper a general algorithm for selecting the battery capacity for any EDD is presented. It is also
found that a battery electric truck is not competitive to a diesel truck if the number of operating days
is less than 1400, regardless of the shape of the EDD. Finally, it is stated that for any EDD, as long
as the shape is fixed, the total normalised cost is reduced by increasing the number of operating days
while the maximum energy consumed per day does not influence the normalised cost. The analysis is
preformed using the introduced energy distribution diagram, which visualizes the needed data for the
daily energy consumption for the truck in a compact way.

3.2 Summary of Paper B

In this paper the economic consequences for a haulage company that replaces their line-haul diesel
trucks with battery electric trucks is investigated. It is examined how large the batteries of the trucks
should be, if the haulage company should use public fast chargers as a complement to their own
chargers, as well as if the public fast chargers have a potential to be profitable. Further, the number
of chargers needed to avoid queuing at the rest area is investigated, and the potential cost for loss of
pay load capacity due to large batteries is estimated. Finally, it is investigated how to select the total
charger power of a charging station for a given demand of charging. The analysed case is designed to
represent typical line-haul between terminals in a big logistic system, and is strongly inspired by the
Swedish haulage company "Tommy Nordbergh Åkeri ab".

3.2.1 The Haulage Company’s Transport Task

In the case study the haulage company has a fleet of commercial diesel trucks and has the ambition to
replace all of them by battery electric ones. This paper will investigate the economic consequences
of a full electrification with out any changes to how the trucks operate.

The company has two terminals, Terminal A and Terminal B, which are connected with a highway.
Terminal A is located in the city Helsingborg at the Swedish west coast and Terminal B in Stockholm,
the capitol of Sweden, located on the east coast. Five times per week the following procedure is
repeated. Half of the trucks arrive to Terminal A and half of the trucks arrive to Terminal B in early
afternoon after some local distribution tasks during the day. Then the trucks stand still for a certain
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time, T1, and thereafter leave the terminal and drive towards the other terminal. The trucks leave the
terminal, one by one, with a certain time gap, Tgap. Midway between the terminals the drivers have a
mandatory break of length Tbreak at a rest area. After the break each driver from Terminal A changes
truck with a driver from Terminal B and then return to their home terminal. After arrival the trucks
stand still for a certain time T2. Further, let the distance between Terminal A and Terminal B be S,
the trucks mean speed be v, the trucks mean energy consumption per unit distance travelled be ∆E

∆x

and the number of trucks starting from each terminal be Ntrucks. During the local distribution tasks,
which takes place during the day, each truck drives a distance S/2. The notation for the parameters
and their values used in this paper are listed in Table 3.3. In addition to driving each weekday during
the year, the trucks preform on average 50 extra night trips per year and truck during the weekends.
At the rest area a charge-point operator is planning to build public fast chargers, so in addition to
the company’s private chargers at each terminal the trucks can also be charged at the rest area by the
public fast chargers.

Table 3.3: Notations for the different parameters and their value used in this paper.

Parameters Notation Value
Time Gap Between Trucks Tgap 7 minutes
Inactive Time for the Trucks in the Afternoon T1 2 h
Time for the Break Tbreak 45 minutes
Inactive Time for the Trucks in the Morning T2 4 h
Distance Between the Terminals S 550 km
Mean Speed of the Trucks v 75 km/h
Energy Consumption ∆E

∆x
1.5 kWh/km

Numbers of Trucks Starting from Each Terminal Ntrucks 30

3.2.2 Economic Consequences of Electrification for the Haulage Company

Equation 3.4 is used to determine the value of the cost function, with the same parameter values as in
the earlier paper, with the exception that rSoC is adopted so that the battery can perform the needed
number of charging cycles over the trucks service life. In Paper B the number of possible charging
cycles for different rSoC is assumed to be given by the power function g(rSoC) = a · rSoCb where
a ≈ 2000 and b ≈ −1.9. The cost function expresses the cost for just one truck with one private
charger. However, even if the company has many trucks there is no problem to using the above ex-
pression since it is assumed that there are as many private chargers as trucks. The battery electric
propulsion cost is then compared to the diesel propulsion cost, which again is taken as 0.30 e/kWh.
Since the trucks only preforms two different trips over their whole service life the driving pattern is
described by a two-step rectangular EDD. Even if the presumptions are not identical it is reasonable
to assume the results from Paper A is valid and the battery should therefore be sized so it either just
can manage the low consuming trips without public fast charging or just can handle even the high
consuming trips without public fast charging. When the small battery was used the value of the cost
function was found to be 0.32 e/kWh which is above the reference value for diesel but when the
large battery was used the value of the cost function was 0.24 e/kWh, which is below the reference
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value for diesel.

In the study the potential cost for losing payload capacity due to the battery is also estimated. It
was found that this cost could be quite high, namely 0.11 e/kWh in the case with the small battery
and 0.24 e/kWh with the large battery. This is the highest possible cost, and it could also be zero
depending on if the goods that is transported is heavy or not. However, since there is a potential large
extra cost for having a large battery the haulage company should still be interested in the solution with
small battery, if only the public fast charging would be cheaper. Therefore, it is also investigated if
the charge point operator could be profitable with a lower price on public fast charging.

3.2.3 The Number of Chargers and the Price for Charging at the Fast Charging Station

The above calculations suggests that the haulage company will size the battery such that there is no
need for public fast charging, if the price for the public fast charging is 0.4 e/kWh. It is therefore
interesting to investigate if the charge point operator can lower the price. The cost for the charger
owner is the cost for the electricity, and the charger and the grid connection. The cost for the charger
and the grid connection is assumed to be proportional to the power of the charges and the cost per
kWh, fch, is expressed as

fch = Ce +
Cch · Pch · T

Ech

= Ce +
Cch

Γch

. (3.9)

First, one may assume that the company with the trucks will charge fully at the rest area. The drivers
have a break of 45 minutes, so one knows that each truck will charge for 45 minutes. So how many
chargers are needed? The 30 trucks from each terminal depart with a time gape Tgap = 7 minutes
since the terminal personnel and gates do not have the capacity of sending them off at the same time.
The first two truck leaves Terminal A and B at 6 PM, then drive the distance S/2 = 275 km to the
rest area with the mean speed 75 km/h, and charge for 45 minutes when they arrive at the rest area.
The drivers switch truck with the driver from the other terminal and then return home. The number
of charging truck as a function of time can be found from a simulation. However, one cannot expect
perfect timing, so the trucks are assumed to sometimes be delayed. For the company delays over 15
minutes are very rare. Therefore, each truck is delayed with the delay-magnitude of a random number
drawn from a normal distribution with expected value 0 minutes and standard deviation 5 minutes.
The left-hand part of Figure 3.3 shows the number of charging trucks at the rest area as a function
of time, for one night. As seen from Figure 3.3 the maximum number of chargers needed this day
is 15. The right-hand part of Figure 3.3 shows a histogram where the value on the x-axis represent
the maximum chargers needed on one day and the height of the bar represent how many days that
occurs on a 10-year period2. As seen from the histogram in the right-hand part of Figure 3.3 one
needs to have 16 chargers at the rest area, with the selected model and parameter settings. The fact
that it sometimes is a demand for 17 chargers is not seen as a problem since this happens only twice
in a year. The result does not change dramatically when one changes the standard deviation with ±2
minutes.

2The trucks operate almost 6 nights per week.
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Figure 3.3: The left-hand part of the figure shows the number of charging trucks at the rest area as a function of time for one day. The right-hand
part of the figure shows how many days over a 10-year period a special number of chargers is needed.

Each of the 16 chargers must be able to charge the trucks whole useful battery capacity in the time
Tbreak. Thus

Pch =
Bcu

Tbreak

=
412.5 kWh
0.75 h

= 550 kW. (3.10)

Since the charging need of the trucks is known the charge utilization factor, when only the haulage
company uses these chargers, can be calculated with the result

Γch = 10 %. (3.11)

So, if the company that installs the chargers have no other customers than the analysed company the
cost for the chargers will, according to Equation 3.9, be

fch = 0.21 e/ kWh. (3.12)

Consequently, it seems to be possible to lower the price from the originally assumed 0.4 e/kWh.
So, how low does the price have to be if the haulage company shall consider the small battery and
fast charge the whole useful capacity at the rest area? The company will probably select the smaller
battery if it is possible to reach an equally low value of the cost function as for the large battery, due to
less loss in payload capacity. Thus, one may determine the required price for fast charging by solving
the equation

fBEV = 0.24 e/kWh, (3.13)

with the values for the small battery. To proceed

Cepub =
0.24 e/kWh − rch · Ce − Cb

Γb
− rch·Cch

Γch

1− rch
= 0.17 e/kWh. (3.14)

At first this seems hard to reach since the value is below the cost of the charger owner, according to
Equation 3.12 . However, as seen from Equation 3.9 the normalised cost for the charge point operator
only depends on the charger utilization factor.

Figure 3.4 shows fch as a function of Γch.
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Figure 3.4: The normalised cost fch as a function of the charger utilization factor, Γch.

From the figure one observes that the value of fch is below 0.17 e/kWh for charger utilization fac-
tors of 15% or more. It seems possible to have at least the same use of the chargers during the day
by other companies, for example, the lunch break should be a great opportunity to charge. In this
case the charger utilization factor will be 20 % which by Equation 3.9 leads to fch = 0.15 e/kWh,
allowing some profit also at a price of only 0.17 e/kWh . If one in addition have other customers in
the morning, afternoon and evening it might be possible to reach a charger utilization factor of 25 %.
Such a utilization factor will lead to fch = 0.13 e/kWh and then the chargers can provide a profit
also with as low price as only 0.17 e/kWh.

The haulage company will have a normalized cost for battery electric propulsion of 0.24 e/kWh of
which the cost for the private charging is 0.05 e/kWh, the cost for the public fast charging is 0.06
e/kWh, the cost for the battery is 0.06 e/kWh and the cost for the charger and grid is 0.07 e/kWh.
The indirect cost for any loss in payload capacity will probably be low with the small battery. The
calculations done in this paper strongly indicates that the electric trucks will be more cost efficient
than the commercial diesel trucks, for haulage companies with similar driving patterns to the treated
company.

3.2.4 Selecting Total Power for a Fast-Charging Station

In the previous section it was found that 16 chargers should be built at the rest area to meet the
demand from the haulage company. To meet this whole demand is probably not questionable since
the haulage company will be a key customer, charging a large amount of energy almost six days a
week. However, one may suspect that the demand at for example lunch time could be quite high since
many truck drivers will have a natural break at that time. Then one wants to answer the question, is
it cost effective to meet the peak charging demand? If not, how much of the peak demand should
one meet? In order to investigate this, it is assumed that the demand for public fast charging can be
expressed as how much charger power is demanded for a certain price level. Since there is a discrete
number of trucks that wants to charge, it is natural to assume that the charging demand will be a step
function of time, as in the left-hand part of Figure 3.5. If the power demand is sorted with respect to
magnitude over the chargers service life one ends up with a diagram which we chose to call the power
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demand distribution, see the right-hand part of Figure 3.5. Here, P1 > P2 > ... > PN is the power
demand during different times according to the figure and T1 < T2 < ... < TN . In the right-hand part
of the figure the energy that will be delivered by the chargers over their service life is marked in red
for the choice Pch = PN−1.

Figure 3.5: The power demand from the chargers as a function of time to the left and the power demand distribution to the right. Notice that the
right-hand part schematically shows sorted demand power over the whole service life of the chargers while the left-hand part shows
the unsorted demand over a shorter period. In the right-hand part of the figure the energy that will be delivered by the chargers over
their service life is marked in red for the choice Pch = PN−1.

The demand power, P = P (t), can be expressed as:

P =



P1, t ∈ [0, T1]

P2, t ∈ (T1, T2]
...

...

Pi−1, t ∈ (Ti−2, Ti−1]

Pi, t ∈ (Ti−1, Ti]
...

...

PN , t ∈ (TN−1, TN ]

0, t ∈ (TN , T ],

(3.15)

where TN is the total time that there is demand of using at least one charger and therefore the notation
TN = Tuse is introduced.

In order to be able to make a clever choice of the total power of the charging station the profit, I ,
for the charge point operator is now expressed as follows:

I = Cepub · Ech − Ce · Ech − Cch · T · Pch. (3.16)

Note, that in this context, Ech is the total energy delivered by the charging station over the chargers
service life. Pch is the total power of the chargers, and T is the service life of the chargers. In the
above equation the first term on the right-hand side is the total income from the users over the time
T , the second term is the total cost for the electricity over the time T and the last term is the total cost
for the chargers and the grid connection over the time T . Let:
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Cdiff = Cepub − Ce (3.17)

and Equation 3.16 becomes:

I = Cdiff · Ech − Cch · T · Pch. (3.18)

The charge point operator can directly affect two of the parameters in Equation 3.18, namely, Cdiff

by setting the price for charging and Pch by deciding how many and how large chargers to invest in.
These choices will indirectly affect the total energy delivered by the chargers, Ech, since the price for
public fast charging will affect the demand and the total power of the chargers will limit the capacity
to deliver energy from the chargers. It is assumed that a fixed price on public fast charging (i.e., the
price does not vary with time) results in a given power demand distribution. After calculations, it is
found that:

The chargers are profitable ⇐⇒ Tuse

T
>

Cch

Cdiff

(3.19)

and if the chargers are profitable one should choose the charger power Pch = Pk where k is the
smallest integer in the set [1, N ] that fulfills the inequality:

Tk

T
>

Cch

Cdiff

(3.20)

to maximise the profit for the charge point operator. It appears that the charger’s power only shall
meet the full demand if the high power will be used a sufficiently long time. With the different
values used in Paper B the peak demand must last for 4% of the charger service life, if the price of
public fast-charging is 0.4 e/kWh, to 15% , if the price is 0.17 e/kWh. Worth mentioning is that
these calculations aim to maximise the profit for a given demand power distribution with fixed prices
of public fast charging but does not include for example effects that one may lose a customer to a
competitor who has more available chargers, and one may lose all the charging from that customer,
not only the charging at the peak hour.

3.2.5 Discussion and Conclusions

The calculations done in this paper shows that the battery electric trucks have a great potential to be
competitive to commercial diesel trucks already with a diesel price of only 1.2 e/liter (excluding
VAT). Figure 3.6 compares the different alternatives for the haulage company. In the figure all the
numbers are in e/kWh, where the height of the bars represent the total cost for one strategy. The
bars for the battery electric trucks are marked with different colors to separate the individual cost
according to the legend in the upper right-hand part of the figure. Due to rounding the individual cost
for the battery electric truck with the large battery seems to add up to more than the total cost. As
stated in the text earlier the haulage company will likely select, by negotiation with the charge point
operator, the strategy represented by the fourth bar which will give a lower cost for propulsion energy
than the current diesel trucks and less loss in payload capacity when comparing with the strategy with
the large battery.
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Figure 3.6: The different cost for the alternative strategies for the haulage company. The height of the bars represents the total cost for one
strategy. The bars for the battery electric trucks are marked with different colours to disclose the individual cost according to the
legend in the upper right-hand part of the figure. All the numbers are in e/kWh. Due to rounding the individual cost for the battery
electric truck with the large battery seems to add up to more than the total cost.

In the previous section the price for electricity and public fast charging was assumed to be fixed.
However, is it likely that a charge point operator will have fixed prices for their users? Maybe not.
In reality the demand for charging power will vary with time as can be shown with a demand power
distribution like the one on the left-hand part of Figure 3.7. From such an demand power distribution
one observes that for t ∈ [0, T1) there is a much greater demand than the charging station can supply,
so here the charge point operator have opportunity to increase the price for public fast-charging and
still sell the same amount of energy while increasing the profit. It might also be possible to move users
from the rush hours to other times by having high price during rush hours and lower price other times,
compare the left and right-hand part of the figure. The mean value of the difference in the price for
public fast-charging and electricity might even be the same but due to the increase in Ech the total net
income will still increase. Again, consider the left-hand part of Figure 3.7 as an illustration. One may
argue that time varying pricing will be beneficial for the users as well, since it will make it possible
to offer fast charging exactly when it is desirable, for those who really need it and pays for it, and
the users that moves their charging to other times will be rewarded with lower prices. How to select
the price for public fast charging is a very complex question and will require a thorough investigation
on its own. Based on this short analysis we cannot predict charging prices. Still, this analysis shows
that a low price seems achievable, and that there are many ways in which the pricing and the hauliers
charging strategy may change to increase the charger utilization and thus enable even lower price.
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Figure 3.7: Example of charging power demand distribution. Left-hand part shows the original demand, and right-hand shows a more even
demand if the price is adjusted to reflect the demand. Thus, time varying pricing may lead to a higher charger utilization.

Based on the above analysis one may draw the following conclusions for the type of Long-Haul
trucks investigated in this paper.

• The battery electric trucks with driving pattern that are similar to the haulage company studied in
this paper seems to be more cost-effective than today’s diesel trucks. A reason for the competitive-
ness of the electric trucks is that they have a high battery utilization, and that they can be charged on
mandatory breaks.

• The study indicates that the main uncertain factors, for knowing what charging strategy to use, are
the pricing of public charging, and the density of the goods.

• The choice of battery capacity is strongly influenced by the price for public fast charging. For the
case studied in this paper, the price for fast-charging has to be 0.17 e/kWh if the haulier should go
for the small battery instead of the large battery. The size of the battery could have a large impact on
the total cost of ownership.

• The cost per kWh for public fast-charging drops significantly with increasing charger utilisation.
To be able to offer fast-charging for a low price, such as 0.17 e/kWh, and still make some profit, the
charger utilisation factor has to be about 20% or higher.

The ratio Cch

Cdiff
, where Cch is the combined cost for the charger and grid, and Cdiff is the dif-

ference between the price for public fast charging and the price for the electricity, turns out to be an
important parameter when analysing the profit for a charge point operator. This is intuitive since the
profit increases with Cdiff but decreases with Cch. With the values used in Paper B the ratio is in
the interval 4% - 15%. This span in required utilization is caused by the uncertainty in the price for
public fast charging.

• For fixed price of public fast-charging, a charge point operator has the possibility to be profitable,
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if and only if there is a demand of charging, which expressed as share of the chargers service life,
equals or exceeds Cch

Cdiff
.

• For fixed price of public fast charging, the charge point operator shall not meet the maximum de-
mand of charging in order to maximise the profit, with the only exception when the share of the time
for the maximum demand at least equals Cch

Cdiff
of the chargers service life.

• If the chargers have the possibility to be profitable for a given power demand distribution, the profit
for the charge point operator, at a fixed price, can be maximised according to the procedure presented
in Section 3.2.4.

3.3 Summary of Paper C

Paper C aims to investigate the charging need, the utilization of the public fast chargers and the
potential problems with queues at charging stations along the highway between the Swedish cities
Helsingborg on the west coast and the capital Stockholm on the east coast, if all the trucks that are
driving on that road today were battery electric. The system is investigated by an agent-based model
where the traffic flow is intended to be representative for a typical day. The main part of the highway
between Helsingborg and Stockholm is called E4 and a minor part is called E20. The road is 553 km
long and marked with blue in the map, see Figure 3.8.

Figure 3.8: The highway between Helsingborg and Stockholm marked with blue.
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3.3.1 The Traffic Flow

In the study it is assumed that trucks can only enter or leave the highway where roads with consider-
able traffic flow of trucks connects to the highway. Since the cities Mjölby, Linköping and Norrköping
are quite close to each other they are seen as one city located in Linköping. The road is divided in
to three sections, where Section 1 starts at Helsingborg and ends at Jönköping, Section 2 starts at
Jönköping and ends at Linköping and Section 3 starts at Linköping and ends at Södertälje/Stockholm,
which is considered as one city located in Stockholm. Data on the truck flow has been available at
the communities Ljungby, Gränna and Tystberga which are located in Section 1, 2 and 3 respectively.
In Table 3.4, the distances from Helsingborg to the cities and communities are listed, and the traffic
flows are shown in Figure 3.9. In the figure the traffic flows are expressed in trucks per day, which
has been averaged over a year. Trucks without trailer are excluded since they probably do not travel
long distances and therefore do not use public fast charging. The outward direction is defined from
Helsingborg to Stockholm according to Figure 3.9. The black arrows represent the flows along the
way and the red arrows shows the flow of trucks that enter or leave the highway.

Table 3.4: Distance from Helsingborg to the cities and communities.

City/Community Position [km]

Helsingborg 0
Ljungby 134
Jönköping 228
Gränna 265
Mjölby/Linköping/Norrköping 355
Tystberga 470
Södertälje/Stockholm 553
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Figure 3.9: The traffic flows along the studied road are indicated by with black arrows and the traffic flows that connect or leave the road are
indicated by red arrows. The flows are given in trucks per day. The outward direction is defined from Helsingborg to Stockholm and
indicated by a black arrow in the figure.

Based on the data in Figure 3.9 the truck flows between the different cities are constructed, with
the aim of representing a typical day. The flows are shown in Table 3.5 and agrees with the total flows
along the highway (the black arrows) presented in Figure 3.9.

Table 3.5: The origin and destinations for the trucks.

Start (No. trucks) Destination (No. trucks)
Helsingborg Jönköping Linköping Stockholm

Helsingborg
1464 - 381 520 563

Jönköping
909 463 - 221 225

Linköping
1063 621 199 - 243

Stockholm
919 388 150 381 -

For some days traffic-flow data, expressed as trucks per hour, was available each hour. The depar-
ture time of the trucks in the simulation was selected randomly according to a distribution to resemble
the actual time variation in the data. The result can be seen in Figure 3.10. The model flows, expressed
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as share of the daily flows, shown in the figure are the flows when the trucks do not stop and charge.
However, since many of the trucks will charge the traffic flow in the simulations will not be exactly
the same.

Figure 3.10: The share of the daily traffic flow for each section in the outward (solid) and return (dashed) direction. The red curves corresponds
to the data and the blue curves correspond to the flow that the model would arise if the trucks always drive at constant speed v = 75

km/h without charging.

The initial value of the battery SoC is drawn from a uniform random distribution on the interval
[50%, 100%], and the required SoC at the destination is drawn from a uniform random distribution
on the interval [0%, 40%].

3.3.2 Assumptions

All the trucks in the simulation have a useful battery capacity of Bcu = 500 kWh, a speed of v = 75

km/h and have an energy consumption of ∆E
∆x

= 1.5 kWh/km. To have good initial conditions the
model is run for two days. The first day starts with no trucks on the road and empty charging stations,
and with the same prices for charging and truck flows as for the typical day. The second day therefore
starts with some trucks already on the road and some using the charging stations. In the analysis it is
the results from the second day that is used. Each truck in the simulation has a starting position and
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a destination in either Helsingborg, Jönköping, Linköping, or Stockholm. Each truck enters the high-
way at a certain time, with a certain SoC and an individual requirement on the SoC at the destination.
However, none of the trucks are entering the highway with less than 50% SoC and no truck must have
more than 40% SoC when they exit the highway.

In reality, there are laws that regulate how long the drivers are allowed to drive. For example, the
drivers must take a break after at least 4.5 hours of driving. This constraint is not explicitly used in
the simulations, but the trucks cannot run for more than 4.5 hours without charging, inferring this
constraint is fulfilled anyway. Also, the fact that the driver must take breaks under some conditions
might affect where and when they choose to charge, but the total charging need will not be affected.

There are charging stations along the road, and the number of charging stations, their position, and
the number of chargers at each station varies from simulation to simulation. The price for charging
depends on the station and the time but have been set to the same value in almost all simulations.
In all simulations there will be at least three charging stations along the way and these three will be
uniformly distributed along the highway. All the chargers are assumed to have a power P = 700 kW.
Further, it is assumed that this power can be used for all trucks regardless of the SoC. This implies
that a truck will charge the whole useful capacity in 43 minutes.

The Behavior of the Trucks

In the simulation each truck, i.e., each agent, will act according to the following rules:

A) The trucks only charge when they need it to complete their mission, and only what is needed to
have the required SoC at their destination.

B) The trucks will not charge more times than necessary. This will together with the assumptions
that were presented earlier imply that none of the trucks will charge more than twice. The
assumptions also prevent a truck from reaching zero SoC before it reaches a charging station.

C) If a truck needs to charge twice, it will charge full, the first time it charges.

D) A truck arriving to charge at a charging station, will continue to the next charging station if
there are too many trucks queuing and if it has the possibility to reach another charging station.
The queue is judged to be too long if the fraction of queuing trucks divided by the stations total
number of chargers is greater than the parameter rqueuing.

E) Trucks that have possibility to select between stations while following the rules above, will
choose to charge at the lowest cost. Trucks that are charging twice minimize the cost for the
first charge. If the price between two stations are equal the truck selects the nearest station.

3.3.3 Results and Conclusions

The main results from this paper are summarized in the following conclusions.
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• A future system of battery electric trucks and public fast chargers along the highway between Hels-
ingborg and Stockholm seems to function very well. Due to the relatively uniform traffic flow of the
trucks the simulations point to a system with low prices on public fast charging, profitable charging
stations, high charger utilization and few problems with queues at the charging stations. The system
will also be robust towards an increase in the traffic flow or an unusual peak in the traffic flow.

• It is estimated that there is a need for 140 chargers with the power of 900 kW along the highway
between Helsingborg and Stockholm for a full electrification of the current long-haul truck fleet. The
900 kW chargers will be able to deliver the average power of 700 kW as the ones in the simulations.

•The system charger utilization factor is estimated to be 30% which should be considered as a high
value for a system with small problems with queuing.

• The study indicates that a system with a fixed number of chargers resists queues better if there are
a few charging stations with many chargers rather than many charging stations with few chargers.

•Simulation shows that time-varying pricing could lead to queuing deterioration on a system level,
even if it improves the queuing locally in the system.

• The truck’s unwillingness to queue is an important property and leads to less queuing at the system
level.
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4 Contributions

In this section this thesis’ contributions to the field of battery electric trucks are discussed. The EDD
is a useful tool when studying systems of battery electric trucks and public fast chargers and can be
used for example to size the battery and deciding charging strategy. The EDD summarizes a lot of
information about how the vehicle is used over its service life in a compact format. Further, the calcu-
lations shows that battery electric trucks are competitive to commercial diesel trucks in many cases.
Hopefully, this work has improved the knowledge of how to size the battery and select charging strat-
egy in order to achieve cost effective and competitive battery trucks. It is important to highlight, even
if it might feel simple and intuitive, that high utilization of the batteries and the chargers is crucial
to reach cost effective system solutions. There are often many different parameters that affects the
cost effectiveness, but in the end, the utilization factor can summarize the combined effect of most
of them in just one number. For example, a large battery is more expensive but results in a smaller
cycle depth, which reduces battery ageing. These two aspects are in conflict but together they give
a utilization of the battery, and it is the utilization which in the end determines the battery cost per
kWh. The battery size that gives the largest utilization in the previous mentioned example is the most
cost effective one, when considering this particular trade off.

Still, finding the best solution to the real future system of battery electric trucks and public fast charg-
ers is far from simple. The system is complex and the trade-offs between, for example, a large and
expensive battery and less need for expensive fast charging, contra a small and cheap battery and
need for more of the expensive fast charging but less loss in pay-load capacity, is hard. The tools
and methods presented in this thesis facilitates decisions regarding this trade-off and hopefully give a
better understanding of which factors that are important in certain use-cases, and which are not.

There are reasons to expect that fast charging will be expensive, but will that be the case for long-haul
trucks? Results from this work indicate that the charger utilization may be high along one big high-
way in Sweden, and that makes it possible to achieve a low cost per kilowatt-hour for fast chargers.
However, then a second question arises; will the high charger utilization result in large problems with
queuing? In the studied case the answer to that question seems to be no, but this was just for one
highway. However, by proper changes the same method could be used to study other roads as well,
so this thesis provides a method for examining the charger need, charger utilization, and the charger
queues along any roads.

Of course, there are uncertainties, for example in the price for public fast charging. It is hard for
the vehicle owners to select battery capacity and charging strategy with uncertainties in the price for
public fast charging, but it is also hard to set precise prices on public fast charging without knowing
how much the chargers will be used, which in turn depends on the truck’s charging strategies. This
creates a challenge, as initial high prices for fast charging may lead to truck owners selecting charging
strategies which result in low utilization of chargers, and therefore lock the system in a state of unnec-
essarily high prices. Once in this state, the expectation of high prices may prevent a high utilization
of chargers and low prices to materialize, even if it is possible.
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Further, the investments can be risky if another part changes their strategy. If, for example, truck
owners start to buy larger batteries the need for public fast charging can be reduced, which is bad for
the charge point operator. Or, if the truck owners have selected small batteries, a rise in the cost for
public fast charging can be problematic for them, still they have no option but to continue to use the
public chargers as their small batteries do not allow them to skip fast charging. However, these prob-
lems probably decrease with time, since the more numerous battery electric trucks and other battery
electric vehicles become, the easier will it be to have high charger utilization, which can lead to lower
prices for public fast charging. This can create a positive spiral of lower prices and growing utiliza-
tion of public chargers. In addition, with growing market shares of electric trucks the price picture
will probably change in favour of the battery electric trucks due to growing production volumes and
technology development. Even if the reference price for diesel used in this thesis is intentionally low,
the current high diesel price also favours the battery electric trucks. It is also important to clarify that
in the long run it is desirable, but not required, that the battery electric trucks are more cost effective
than the diesel trucks. To be the main solution for the future transport system, they only have to be
the cheapest alternative to replace transports that use fossil fuel.

We also show that the cost for losing pay-load capacity due to a large battery could be high, but often
it may as well be zero. It depends on the goods the truck transport and their charging strategy. This
means that trucks that have similar driving patterns might have completely different battery capacity
and charging strategies only depending on which type of goods they transport.

To summarize, this thesis does not prove that battery electric trucks with stationary charging is the
future solution, but it presents several methods to analyse cost effective battery electric truck solutions.
The case studies made with these methods show that it is likely that the cost of operation for battery
electric trucks may become lower than for diesel trucks in many cases. Besides the driving pattern,
the potential loss in pay-load capacity together with the price for public fast charging are the key
factors when selecting battery capacity and charging strategy.
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Abstract: One possible step for reducing humans’ use of fossil fuel due to transport tasks is to replace
diesel trucks with battery electric ones. This paper introduces the energy distribution diagram, which
makes it easy to visualise the trucks’ daily energy consumption over their full service life. The energy
distribution is used to investigate which driving patterns are suitable for cost-effective battery electric
trucks when compared to commercial diesel trucks. It is shown that the battery capacity that results
in the lowest cost per kilowatt-hour propulsion energy depends on the driving pattern, and an
algorithm for selecting the most cost-effective capacity is presented. In many instances, it was found
that battery electric trucks competed favourably with diesel trucks, especially when the trucks had
low variations in daily energy consumption. It is beneficial to determine the circumstances under
which they may be cheaper, as this will facilitate the transition to battery electric trucks in segments
with a reduced overall cost of ownership.

Keywords: battery electric vehicle; battery electric trucks; battery sizing; charging strategy; cost-efficient

1. Introduction

Society’s dependence on oil is problematic, since calculations show the reserve deple-
tion times are less than 30 years [1] and continued extensive use of fossil fuel will likely have
severe consequences for the Earth’s climate system [2]. Other downsides of greenhouse
gas emissions, such as pollution and negative health impacts, are also expressed in the
literature [3]. An attempt to partly solve this grave problem is to use battery electric trucks
instead of diesel ones. Another possible solution is using hydrogen trucks, but recently
published studies favour the battery electric type [4,5]. Yet another study declares the
promising feasibility of the battery electric trucks, but notes that fuel cells might be better
for heavy-duty trucks on extra-long journeys [6]. This paper aims to contribute to the
transition from diesel to battery electric trucks. It will do so by introducing a method to
help obtain the various important results needed to design cost-effective charging strategies
and battery and charger sizes. Cost-efficient solutions for battery electric trucks are vital,
as it is assumed they will accelerate the transition from diesel to battery electric trucks.
In presenting a systematic review of the cost of battery packs, Nykvist and Nilsson high-
light battery price as a crucial parameter for cost-competitive battery electric vehicles [7].
In their article the authors claim (with the support of a previous study [8]), that the price of
batteries must fall below 150 $/kWh if battery electric vehicles in general are to compete
with internal combustion vehicles. They also show that such a price can be achieved in
the near future. The present paper introduces a method facilitating cost comparisons,
taking vehicle usage patterns into account. It will be shown that, even at a battery cost of
200 e/kWh, many commercial battery electric trucks will be cost-competitive with diesel
trucks. This is because commercial trucks have a high utilisation rate compared to private
passenger cars. However, it is worth mentioning that, to be used, battery electric trucks
do not necessarily have to be cheaper than diesel ones. They simply have to be the most
cost-effective way of replacing fossil fuel transport.
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Previous research gives an example of the cost-competitiveness of battery electric
against commercial diesel trucks [9] and states that the cost-effectiveness of battery electric
vehicles is sensitive to driving patterns [10]. It is subsequently established that relatively
uniform driving patterns are favourable to electrification [11]. This paper further inves-
tigates the cost-effectiveness of battery electric trucks across a wide variety of driving
patterns. Previous studies have used probability density functions for the daily driven
distance of battery electric vehicles [10,12]. This paper takes a different approach, basing
its analysis on the daily energy consumption of all operating days in a vehicle’s service
life. The daily energy consumption in a battery electric truck’s service life is visualised in
an energy distribution diagram. The energy distribution includes more information than a
probability distribution for the daily distance travelled, but generally allows for similar
types of analysis. However, we suggest that the energy distribution diagram is more of a
practical tool as it can visualise the information needed to perform the analysis more di-
rectly. Moreover, analysing the daily consumed energy instead of the daily distance travelled
has the advantage that the outcome can also be useful for battery electric vehicles that do
not use all their energy to move; an excavator, for example.

In a previous study of a commercial electric vehicle, a battery-ageing model is used to
consider the effects of ageing due to battery size [13]. That study found that an oversized
battery could lead to a lower total cost of ownership because it reduced battery ageing.
The fact that larger batteries prevent deep battery cycles and thus reduce battery ageing is
also stated in another study [14]. Due to the battery ageing and safety margins, this paper
assumes that a maximum of 80% of nominal battery capacity can be used. Using vehicle
batteries as a means of grid energy storage can reduce the total cost of battery electric
vehicles, but this is not included in this paper. This theme has been analysed in such works
as [15], which finds that grid storage has only limited value for plug-in hybrids.

A study of electric delivery trucks concluded that battery sizing is essential for max-
imising profit [16]. However, there is no unambiguous answer to the question of which
power train results in the lowest total cost of ownership, as this will depend on how the
vehicle is used [17]. This paper investigates cost-efficient battery sizing for different driving
patterns with the aim of finding when battery electric trucks are competitive to diesel
trucks. From the work done in this paper, it is clear that the energy distribution diagram
is a useful tool for determining the most cost-effective battery capacity. The study also
indicates that battery electric trucks are competitive with diesel trucks in many different
driving patterns. This paper focuses on battery electric trucks, but its analysis is general
and can easily be applied to other types of battery electric vehicles by making the right
changes to the parameters.

2. Designing Electromobility Systems Using Energy Distribution Diagrams

Finding the best system design for battery electric vehicles is a very complex issue, as
many compromises can only be made on a high system level. What may be an improvement
in one part of the system (such as a cheaper truck) may lead to drawbacks in a completely
different part (such as reduced reliability in the logistics chain). It is, therefore, not possible
to build the most cost-effective system by designing all its parts to meet fixed specifications
at minimum cost. Because one needs to make such system-level compromises, evaluating
which system is the best must be done on a transport system level. This requires domain
experts from many different areas to cooperate on finding the best system trade-offs.

However, since the investigated system is so big, with so many different aspects
to consider, it will be impossible to carry out a cross-disciplinary system analysis that
includes the full complexity of each subsystem. Rather, there is a need to find which aspects
of a subsystem are critical to the way the rest of the system is designed and which are
not. For the system-level analysis, one must try and find simplified models which can be
understood by experts from different domains. They can then link these models to their
own domain expertise and draw conclusions that transcend their specialist domain.
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The energy distribution diagram (EDD) is such a tool. It aims to explain important
mechanisms linking the usage pattern of a specific vehicle to battery size, charging strategy
and total cost of owning the vehicle. Using the EDD, it is possible to understand many
important design decisions from the vehicle owner’s perspective. By itself, the EDD cannot
tell us what the overall optimal system design is, but it will provide key information to
help make system trade-offs. This paper introduces the energy distribution diagram and
explains how it can be used to determine several important values. The EDD is also used
to find cost-effective battery sizing for some different usage patterns. Note that, in this
paper, the analysis is made purely from a vehicle perspective. Thus, what this paper finds
to be the cost-effective solution it is not necessarily the same as the optimal solution for the
whole system. However, the results still show several very important aspects of battery
sizing and these will also be important for the system level.

3. Cost of a Battery Electric Truck

In this analysis, some of the main costs of operating a truck have been assumed to
be equal for diesel and battery electric trucks and have thus been omitted from the cost
comparisons. This is not because of any limitations when using the EDD to size batteries
and estimate charging costs. Rather, the simplification has been made to focus this paper
on how the EDD can be used to analyse the effect of varying driving patterns. Costs which
this analysis assumes to be equal for both battery and diesel trucks are: the cost of the
vehicle (excluding the battery in the electric case), the second-hand value of the vehicle and
the cost of maintenance and insurance. Naturally, differences in these costs can influence
the cost comparison to some extent. However, it is unclear whether their combined effect
will favour electric trucks or diesel ones.

Assuming that trucks are charged during existing driver breaks, the charging will
not increase the working hours of the driver. Thus, the driver’s salary also remains the
same. Should the charging not be done during driver breaks, the EDD can also provide
the number of charging instances and the amount of energy charged from different type of
chargers. This makes it possible to estimate the time required for charging and thus any
extra driver salary.

Furthermore, this paper assumes that an electric truck can carry the same goods as a
diesel truck. This will be true if the goods are not heavy or the driving distance is short
(resulting in a small battery). This is the case for most local and regional, as well as some
long-haul trucks. So, for them, the results of this analysis are accurate. The main exception
is trucks that are driven long distances without charging, in combination with carrying
heavy goods. For these, there will be a need to estimate the cost of the reduced payload,
and the optimal battery size may be smaller than suggested in this paper.

In this analysis, some costs differ between electric and diesel trucks. These include
the fact electric trucks have additional costs for batteries, chargers and grid connection.
Additionally, the cost of diesel is replaced with the cost of electricity. In this paper, the costs
are normalised and expressed in EUR per kWh of propulsion energy. Whenever the word
energy appears in this paper, it stand for propulsion energy. The fuel cost for diesel trucks is
estimated at 0.30 e/kWh. This cost is based on a diesel price of 1.2 e/L (excl. VAT) and
a high powertrain efficiency of 40%. This cost estimate is low, especially given the recent
surge in diesel prices. However, the calculations were made before the strong diesel price
increases of 2021 and 2022 and it is not impossible that the current diesel price may only
be temporary. Moreover, the authors wanted to be sure that the reference value of diesel
was not too high. Based on this price picture, if it can be shown that electric trucks are
competitive, then the conclusions should be quite reliable. Thus, for electric trucks to be
cost-competitive, the cost of the electricity, battery, grid and charger should not total more
than 0.30 e/kWh. A realistic electricity price, excluding grid tariffs, is 0.08 e/kWh when
using a privately owned charger. The price of using a public fast charger is uncertain, but
around 0.4 e/kWh. The estimated average charge and discharge losses and efficiency of
the electric powertrain have been indirectly included, as an increase in the price of the
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electricity per kWh of propulsion energy. This is similar to the way in which the average
efficiency of the diesel powertrain has been included in the cost of diesel. The cost of a
complete battery system is set at 200 e/kWh and the battery is assumed to last as long as
the truck. In this analysis, the economic life is assumed to be seven years. The price of a
charger increases with its power and is about 400 e/kW, the annual grid fee can vary but
is around 60 e/kW/year. Even the charger is assumed to have a service life of only seven
years, due to the rapid development of the charging technology.

To make the analysis more general, variables for the different costs and their assumed
values are introduced in Table 1. To make the following equations more readable, a com-
bined parameter for the price of the charger and grid has also been introduced in the table.
The combined parameter can be seen as the total cost for the charger depreciation and
annual grid fee. This generalisation is advantageous, as the parameter values will probably
change with time.

Table 1. Notations for the different costs and their assumed values. Please keep in mind that the cost
refers to the cost of propulsion energy.

Costs Notation Typical Value

Diesel Cost Cd 0.30 e/kWh

Electricity Cost, Private Charging Ce 0.08 e/kWh

Electricity Cost, Public Fast Charging Cepub 0.4 e/kWh

Battery Cost Cb 200 e/kWh

Price of Charger Ccharger 400 e/kW

Grid Fee Cg 60 e/kW/year

Service Life of Truck, Charger and Battery T 7 years

Combined Price of Charger and Grid Cch =
Ccharger

T + Cg 117 e/kW/year

To calculate the cost of operating a truck, one only needs to know a few parameter
values for how that truck is used and charged. These include the amount of propulsion
energy consumed over the vehicle’s service life, Etot (which applies to both diesel and
electric trucks). For the electric trucks, one also needs to know the ratio rch, which is the
energy derived from the truck owner’s private charger, divided by the total amount of
energy (Etot). The cost will also be influenced by the battery capacity Bc and power of the
private charger Pch. These parameters are summarised in Table 2.

Table 2. Notations for parameters.

Parameters Notation

Total Propulsion Energy Consumed Over the Trucks Service Life Etot

Ratio of Private Charging to the Total Amount of Energy rch

Battery Capacity Bc

Charger Power Pch

One aim of this paper is to find solutions for battery electric trucks so that they are
cost-competitive with commercial diesel trucks. This means that the total cost for the
electric truck should be less than or equal to the cost for a diesel truck. In other words,
the sum of the cost per kWh for:

• Energy from private charging;
• Energy from public charging;
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• Battery;
• Charger;
• Grid fees;

should be less than or equal to the cost per kWh for diesel. Thus, the following inequality
should be satisfied:

rch · Ce + (1− rch) · Cepub +
Cb · Bc

Etot
+

Ccharger · Pch

Etot
+ T ·

Cg · Pch

Etot
≤ Cd. (1)

To make the discussion and calculations clearer, the left-hand side of inequality (1) is
expressed as a cost function, fBEV , according to:

fBEV = rch · Ce + (1− rch) · Cepub +
Cb · Bc

Etot
+

Ccharger · Pch

Etot
+ T ·

Cg · Pch

Etot

= rch · Ce + (1− rch) · Cepub +
Cb
Etot
Bc

+
T · Pch

Etot

(Ccharger

T
+ Cg

)
.

(2)

Defining the battery utilisation factor, Γb, as:

Γb :=
Etot

Bc
, (3)

the battery utilisation factor has the dimensionless unit equivalent full cycles and describes
the number of full discharge cycles that can deliver the total amount of energy consumed.
Additionally, the charger utilisation factor Γch is defined as the total energy delivered by the
charger over its service life divided by the maximum possible amount of energy that can be
delivered from the charger over its service life. The charger utilisation factor is, therefore,
a dimensionless scalar with possible values from 0% to 100%. Thus:

Γch :=
Ech

T · Pch
, (4)

where Ech is the total amount of energy delivered by the charger over its service life.
By using the notation for the combined prices for charger and grid according to Table 1
together with Ech = rch · Etot it is now possible to express the cost function as:

fBEV = rch · Ce + (1− rch) · Cepub +
Cb
Γb

+
rch · Cch

Γch
. (5)

The cost parameters in Table 1 will be determined by the market and technology develop-
ment, while the total energy consumed for a vehicle during its service life will depend on
the truck’s transport task. However, the parameters for battery capacity, charger power
and ratio of private charging are of special interest, as they will change depending on the
charging strategy. As seen from Equation (5), one should aim to choose the battery capacity
and charging power so that they increase the utilisation factors, but simultaneously avoid
too much public fast-charging, which decreases rch and therefore increases the cost. If the
relationship between these parameters can be expressed, it may be possible to optimise
these parameters and determine the lowest total cost per propulsion kWh. This paper will
show that the relationship depends on the shape of the energy distribution diagram for the
truck. This will be introduced in the next section.

4. The Energy Distribution Diagram

A truck’s daily energy consumption will differ each day due to such things as varying
transport tasks and weather conditions. The daily energy consumption data for a truck
can be presented in an energy distribution diagram. Consider a truck’s daily energy
consumption over a week, as shown in the left-hand part of Figure 1. The length of each
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bar on the y-axis represents the energy consumed for that day. A truck’s service life consists
of many days and, if these are sorted according to energy consumption, starting with the
highest figure, a curve is derived. This is called an energy distribution diagram (note that
the curve should actually be a discrete number of points, but for convenience, it appears
as a continuous curve), see the right-hand part of Figure 1. The total number of days in
the vehicle’s service life is Ntot, and the number of days the vehicle is operational is Nop.
Rearranging the days according to energy consumption does not pose a problem, since the
truck is charged at night and thus the energy needs of the coming day are independent of
the previous day’s consumption. Sorting the days by energy consumption has advantages.
For example, it is easier to read the highest daily energy consumption, or estimate the
mean energy consumption. It is also possible to approximate the sorted EDD using a
monotonically decreasing mathematical function. Note that for vehicles that are charged
after each trip, it is possible to change the x-axis to show the number of trips rather than
the number of days.

By plotting the useful battery capacity in the EDD, the number of days can be deter-
mined for which the battery is too small to run an entire day on a single charge. On these
days, the vehicle will need to fast charge during the day. Assuming that fast charging only
adds the minimum energy needed to carry out the rest of the day’s driving, the energy
which needs to be fast charged can be determined as the red-striped area in the diagram.

Figure 1. The daily energy consumption for five working days appears on the left and the energy
distribution diagram for a truck’s full service life is on the right. In the right-hand part of the figure,
the number of days that needs fast charging and the amount of fast charging needed are marked in
red, while the energy from private chargers for a given useful battery capacity is marked with blue.

The EDD gives a lot of concentrated information on the full service life of a vehicle.
This information is listed below:

• The total energy consumption is the area under the curve.
• The total number of operational days is found from the curve’s intersection with

the x-axis.
• The mean consumed energy for the days when the truck is used equals the total energy

divided by the number of operational days.
• The highest consumed energy can be read off from the curve’s intersection with

the y-axis.
• The number of days that need fast charging and the amount of fast charging needed

for a particular useful battery capacity.
• The shape of the EDD gives a quick picture of the size of the variation in daily

energy consumption and the respective share of days with high, medium or low
energy consumption.

When considering the right-hand part of Figure 1, it may look as though the optimal
charging strategy is strongly influenced by the shape of the EDD. For example, can it be a
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good idea to select a battery capacity that can handle the majority of the trips, but not the
slender EDD peak? In that case the battery cost is greatly reduced compared to a battery
that can handle all the trips, while only requiring a small amount of public fast charging.
Subsequent sections will investigate the most cost-efficient charging strategy for different
shapes of EDD, with the aim of finding which EDD shapes give cost-efficient solutions
for battery electric trucks. All the analysis is made under the assumption that the battery
capacity and power of the charger are continuous variables (spanning from zero to arbitrary
high values) and that charging is possible exactly when needed.

5. A Rectangular Energy Distribution Diagram

This section investigates a rectangular EDD, which represents a truck using the same
amount of energy each day during its whole service life. Of course real trucks never
consume exactly the same energy each day, but it is rather common that trucks are used
in very similar ways most days. So, although an extreme case, the rectangular EDD is
interesting to study.

Let E(N) be the total amount of energy consumed by a truck during day N, i.e., E(N)
describes the EDD’s envelope and is, therefore, called the “energy function”. Let the highest
energy consumption for a day be Emax. Thus, the energy function for a rectangular EDD is
given by:

E(N) = Emax, N ∈ [0, Nop], (6)

where Nop is the number of operational days for the truck. This energy function gives a
rectangular EDD, see Figure 2.

Figure 2. A rectangular EDD. In the figure, the number of days that need fast charging and the
amount of fast charging needed is marked in red. The energy delivered by private chargers for a
given useful battery capacity is marked in blue.

The most cost-effective battery capacity, charger power and the share of public fast
charging will now be determined. Due to battery ageing and safety margins, it is assumed
that only a share of the battery capacity, rSoC, can be used. This paper assumes that up to
80% of the battery capacity may be used and therefore:

rSoC = 0.8. (7)

Thus, at the start of a day, the available energy charged during the night is rSoC · Bc.
The rest, up to Emax, must be charged at public fast chargers. By dividing the energy
charged using the home charger over the truck’s service life by the total energy it uses over
its service life, the result is:

rch =
rSoC · Bc

Emax
(8)

or equivalent:

Bc =
Emax · rch

rSoC
(9)
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for a rectangular EDD. From the definition of the battery utilisation factor, one obtain:

Γb =
Etot

Bc
=

rSoC · Etot

Emax · rch
. (10)

As one want the cheapest possible charger that can charge the maximum daily energy
consumption in one night, the charger power should be:

Pch =
rSoC · Bc

Tch
, (11)

where Tch is the time for which the charger can be used every night (the charger runs on
full power). The charger utilisation factor can now be expressed as:

Γch =
Ech

Pch · T
=

rch · Etot

Pch · T
=

rch · Etot
rSoC ·Bc

Tch
· T

=
Nop · Tch

T
, (12)

where the last equality is obtained by Equation (8) and the fact that Etot
Emax

= Nop for a rectan-
gular EDD. Using the above equations in Equation (5) produces the following expression
of cost function:

fBEV = rch · Ce + (1− rch) · Cepub +
Cb

rSoC ·Etot
Emax ·rch

+
rch · Cch

Nop ·Tch
T

= rch · Ce + (1− rch) · Cepub +
Cb · rch

rSoC · Nop
+

T · Cch · rch
Nop · Tch

.
(13)

The cost function is now expressed as a function solely of the variable rch. Thus,
the derivative of f = f (rch) is studied in order to find the lowest cost:

d fBEV
drch

= Ce − Cepub +
Cb

rSoC · Nop
+

T · Cch
Nop · Tch

. (14)

By assuming that Tch = 14 h, Nop = 1750 (corresponds to 5 days per week, 50 weeks
per year over 7 years) and inserting the parameter values from Table 1 one obtains:

d fBEV
drch

< 0, (15)

which implies that the lowest cost per kWh has been obtained for the highest possible value
of rch which is rch = 1. Inserting rch = 1 in Equation (13) with the same parameter values
as previously produces:

fBEV(1) = 0.26 e/kWh < Cd. (16)

In this case, the cost for the battery is the largest proportion; 0.14 e/kWh compared
to the other costs (cost of electricity from home charging, 0.08 e/kWh, cost of public fast
charging, 0 e/kWh and cost of the charger and grid, 0.03 e/kWh). (Due to rounding,
the individual costs do not seem to add up to the total cost). Since rch = 1 corresponds to
charging all the energy at home, it may be concluded that, with the EDD as a rectangle,
the most cost-efficient charging strategy is night charge only and that the battery should
be sized so that rSoC · Bc = Emax. In this case, an electric truck will be more cost-efficient
than today’s commercial diesel trucks. Note that the total cost is the same, irrespective
of the highest energy consumption for a day, but that it reduces if the total number of
operational days is increased. Additionally, note that with rch = 1, Equation (10) now gives
Γb = rSoC · Nop since Nop = Etot

Emax
for a rectangular EDD. This is intuitive, since all the useful

capacity is used exactly once every day.
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6. A Triangular Energy Distribution Diagram

The previous section showed that the charging strategy night charge only was cost-
efficient when the EDD was rectangular. A triangular EDD will now be similarly investi-
gated. A triangular EDD represents a truck, which uses different amount of energy each day,
between zero and a maximum value Emax and all the levels of daily energy consumption
are equally common. This is an unusual way of using a truck, but is interesting to study as
it results in a more difficult trade-off when selecting battery capacity. The triangular energy
function can be expressed as:

E(N) = −Emax

Nop
N + Emax, N ∈ [0, Nop]. (17)

The energy function is illustrated in Figure 3. In the figure, the available energy stored
in a full battery is marked in blue on the y-axis and the number of days charging with a
public fast charger is marked in a red Nch on the x-axis.

Figure 3. A triangular EDD. The available energy stored in a full battery is marked on the y-axis in
blue and the number of days charging with a public fast charger is marked as Nch in red on the x-axis.
The amount of fast charging needed is marked in red and the energy delivered by private chargers is
marked in blue for a given useful battery capacity.

The aim is to find the battery capacity that gives the lowest value on the cost function.
Therefore, the cost function will be expressed solely as a function of battery capacity and
the parameters. The mathematical steps follow below. Figure 3 makes it apparent that the
amount of energy to be charged by public chargers corresponds to the area of the small
upper triangle of height Emax − rSoC · Bc and base Nch, with the rest charged at night using
a private charger. Thus:

rch =

Emax ·Nop
2 − (Emax−rSoC ·Bc)·Nch

2
Emax ·Nop

2

= 1− (Emax − rSoC · Bc) · Nch
Emax · Nop

. (18)

To eliminate Nch, Equation (17) and Figure 3 can be used, thus:

−Emax

Nop
· Nch + Emax = rSoC · Bc ⇐⇒ Nch =

(Emax − rSoC · Bc) · Nop

Emax
(19)

This gives:

rch = 1−
(Emax − rSoC · Bc) ·

(Emax−rSoC ·Bc)·Nop
Emax

Emax · Nop
= 1−

(
1− rSoC · Bc

Emax

)2
. (20)

Again, the definition of the battery utilisation factor is:

Γb =
Etot

Bc
(21)
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and for the triangular EDD, the charger utilisation factor becomes:

Γch =
Ech

Pch · T
=

rch · Etot

Pch · T
=

rch ·
Emax ·Nop

2
rSoC ·Bc

Tch
· T

=
rch

rSoC ·Bc
Emax

· 2·T
Nop ·Tch

. (22)

By inserting Equations (20)–(22) in Equation (5), one obtains:

fBEV =

(
1−

(
1− rSoC · Bc

Emax

)2
)
· Ce +

(
1−

[
1−

(
1− rSoC · Bc

Emax

)2
])
· Cepub

+
Cb · Bc

Etot
+

rch
rch

rSoC ·Bc
Emax ·

2·T
Nop ·Tch

· Cch

=

(
1−

(
1− rSoC · Bc

Emax

)2
)
· Ce +

(
1− rSoC · Bc

Emax

)2
· Cepub

+
Cb

rSoC ·
Nop

2

· rSoC · Bc

Emax
+

rSoC · Bc

Emax
· 2 · T

Nop · Tch
· Cch.

(23)

For a clearer view, the substitution:

x =
rSoC · Bc

Emax
, x ∈ [0, 1] (24)

is made. This gives:

fBEV =
(

1− (1− x)2
)
· Ce + (1− x)2 · Cepub +

Cb

rSoC ·
Nop

2

· x +
2 · T

Nop · Tch
· Cch · x

= (Cepub − Ce) · x2 +

(
2 · Ce − 2 · Cepub +

Cb

rSoC ·
Nop

2

+
2 · T

Nop · Tch
· Cch

)
· x + Cepub.

(25)

Note that x = 0 corresponds to Bc = 0, which is not possible in reality. From the
known properties of quadratic functions, one knows that the cost function has a global
minimum for x, so that:

d fBEV
dx

= 0. (26)

One must therefore solve the equation:

2 · (Cepub − Ce) · x + 2 · Ce − 2 · Cepub +
Cb

rSoC ·
Nop

2

+
2 · T

Nop · Tch
· Cch = 0 (27)

which is equivalent to:

x = −
2 · Ce − 2 · Cepub +

Cb

rSoC ·
Nop

2

+ 2·T
Nop ·Tch

· Cch

2 · (Cepub − Ce)
. (28)

By inserting parameter values from Table 1, Nop = 1750 and Tch = 14 h one obtain:

x = 0.45 ∈ [0, 1] (29)

and the corresponding minimum cost:

min( fBEV) = 0.34 e/kWh > Cd. (30)
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By computing rch and the utilisation factors, the individual costs can be worked out
using Equation (5) (be careful with the units). It becomes apparent that the battery still
represents the largest cost, 0.13 e/kWh, closely followed by the cost of public fast charging,
0.12 e/kWh, and that the price for home charging is 0.06 e/kWh. The smallest cost is the
charger and grid, at 0.03 e/kWh.

So, if the EDD is triangular, an electric truck has a higher cost per propulsion kWh
compared with that of a diesel truck. The battery capacity should be selected so that the
useful battery capacity equals 45% of the maximum daily energy consumption. In that
case, the cost per propulsion kWh of the electric truck is a little higher than for the diesel
truck. Note that (as with the rectangular EDD) the number of operational days influence
the result, while the daily maximum consumed energy does not.

A battery sized so that the useful battery capacity equals 45% of the maximum daily
energy consumption implies that the truck must charge with public fast chargers on 55% of
the days and that it must fast charge twice during the same day on 10% of the days. This is
illustrated in Figure 4.

Figure 4. The charging strategy for a triangular EDD with Nop = 1750. The figure illustrates that fast
charging must take place on 55% of the days and that there must be fast charging twice on 10% of
the days.

Although this is the most cost-efficient charging strategy, it can lead to inconvenience
and operational reliability problems. Luckily, for real commercial trucks, a triangular EDD
is rare.

7. A Two-Step Rectangular Energy Distribution Diagram

Imagine an EDD with a thin peak, like the one in the right-hand part of Figure 1.
In this case, one might surmise that it will be cost-efficient to size the battery to handle
most trips, but not those with the highest energy consumption. Naturally, this strategy will
require public fast charging. However, it allows a smaller, cheaper battery. This section will
explore how thin the peak must be before it is cost-effective to use fast charging to handle
peak demand rather than sizing the battery to fit the peak. To investigate this, a two-step
rectangular EDD is analysed. Such an EDD would correspond to a truck being used for
two different tasks, different days. Each task consumes exactly the same energy all times it
is performed, but the two tasks consumes different energy than each other. Additionally,
the number of days which the two tasks are performed can vary. The two-step rectangular
EDD appears in Figure 5 and the corresponding energy function can be expressed as:

E(N) =

{
Emax, N ∈ [0, M]
Emin, N ∈ (M, Nop],

(31)
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where Emin is the lowest daily energy consumption for the truck and M is the number of
days the truck consumes the maximum daily energy Emax.

Figure 5. A two-step rectangular EDD. In the figure, the number of days requiring fast charging and
the amount of fast charging needed is marked in red, while the energy delivered by private chargers
is marked in blue for a given useful battery capacity.

Since the energy function is discontinuous at N = M, the calculations needed to
determine the most cost-efficient battery capacity are made in two steps. Firstly, it is
assumed that rSoC · Bc ≤ Emin, which leads to:

rch =
rSoC · Bc · Nop

Etot
(32)

and the battery utilisation factor becomes:

Γb =
Etot

Bc
=

rSoC · Nop

rch
(33)

with the charger utilisation factor:

Γch =
Ech

Pch · T
=

rch · Etot

Pch · T
=

rch · Etot
rSoC ·Bc

Tch
· T

=
Nop · Tch

T
. (34)

By inserting the expressions of the utilisation factors into Equation (5) one obtain:

fBEV = rch · Ce + (1− rch) · Cepub +
Cb

rSoC · Nop
· rch +

rch · T
Nop · Tch

· Cch, (35)

which is the same equation as Equation (13). One thus obtains the lowest value on fBEV

again by taking the highest possible value on rch which, in this case, is rch =
Emin ·Nop

Etot
. One

concludes that the battery should be sized to handle the low-energy-consumption trips
without day charging. The results may seem intuitive after studying the rectangular EDD.

Secondly, consider the case when rSoC · Bc > Emin. This means that:

rch =
Emin · Nop + (rSoC · Bc − Emin) ·M

Etot
. (36)

The charger utilisation factor becomes:

Γch =
Ech

Pch · T
=

rch · Etot

Pch · T
=

rch · Etot
rSoC ·Bc

Tch
· T

=
rch · Etot · Tch
rSoC · Bc · T

. (37)
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Inserting this charger utilization factor and the definition of the battery utilisation
factor into Equation (5), the cost function becomes:

fBEV = rch · Ce + (1− rch) · Cepub +
Cb · Bc

Etot
+

rSoC · Bc · T
Etot · Tch

· Cch. (38)

Equation (36) gives:
drch
dBc

=
rSoC ·M

Etot
(39)

and therefore:

d fBEV
dBc

=
rSoC ·M

Etot
· Ce −

rSoC ·M
Etot

· Cepub +
Cb
Etot

+
rSoC · T
Etot · Tch

· Cch

=
rSoC
Etot

(
Cb

rSoC
+

T
Tch
· Cch − (Cepub − Ce) ·M

)
.

(40)

It appears that the sign of the derivative depends on the parameter M. One can
see that:

M >

Cb
rSoC

+ T
Tch
· Cch

Cepub − Ce
⇐⇒ d fBEV

dBc
< 0 (41)

and by inserting the same values as before, one obtains:

M > 964 ⇐⇒ d fBEV
dBc

< 0. (42)

This means that it becomes cost-efficient to have a smaller battery, one that can handle
only the energy needs of low-consumption days, if there are fewer than or equal to 964
days of high energy consumption. The remaining days require fast charging. In other
words, it is cost-effective to have a battery that can handle all trips using night charge only
if the number of high-consumption days is greater than 964 (note that this is valid for the
parameter values selected in this paper). The results confirm the intuition that when an
EDD has a peak, it is cost-efficient to have a smaller battery and fast charge the remaining
days, but only if the peak is sufficiently thin.

It is now clear how the battery should be sized, but is this electric truck competitive
compared to a diesel truck? To investigate this, the cost function is expressed as a function
of two variables as follows. Firstly, consider the case when M ≤ 964, which implies that
the smaller battery should be chosen. Thus, rSoC · Bc = Emin, which gives:

rch =
Emin · Nop

Etot
=

Emin · Nop

Emin · Nop + M · (Emax − Emin)
=

r · Nop

r · Nop + M · (1− r)
(43)

where r = Emin
Emax
∈ [0, 1]. Inserting Equations (33) and (34) into Equation (5) gives:

fBEV(M, r) = rch · Ce + (1− rch) · Cepub + rch ·
Cb

rSoC · Nop
+ rch ·

T
Nop · Tch

· Cch. (44)

Note that fBEV = fBEV(M, r) since rch = rch(M, r).
Secondly, consider the case when M > 964 and thus rSoC · Bc = Emax, which gives

rch = 1, and by Equation (5) one obtains:

fBEV = Ce +
Cb
Γb

+
1

Γch
· Cch. (45)
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The battery utilisation factor then becomes:

Γb =
Etot

Bc
=

rSoC · Etot

Emax
=

rSoC · (Emin · Nop + M · (Emax − Emin))

Emax

= rSoC · (r · Nop + M · (1− r))
(46)

and the charger utilisation factor is obtained from Equation (37):

Γch =
rch · Etot · Tch
rSoC · Bc · T

=
(Emin · Nop + M · (Emax − Emin)) · Tch

Emax · T

=
(r · Nop + M · (1− r)) · Tch

T
.

(47)

The above expressions of the utilisation factors give:

fBEV(M, r) = Ce +
Cb

rSoC · (r · Nop + M · (1− r))
+

T
(r · Nop + M · (1− r)) · Tch

· Cch. (48)

Equations (44) and (48) allow the cost function to be visualised. This is shown in
the left-hand part of Figure 6, in which the electric truck is more costly than the diesel
truck between the red curve and the M-axis. So, for which type of two-step rectangle
EDD is the electric truck competitive with the diesel truck? According to the left-hand
part of Figure 6, it is often possible to compete with diesel, but this becomes hard when
the EDD is L-shaped. In this case, the spike must be really thin if the cost is not to be too
high according to the lower left-hand part of Figure 6. It is also problematic when none
of the sides of any rectangle are thin (see centre of left-hand part of Figure 6). Finally, it is
problematic when none of the sides of the left-hand rectangle are thin, but the height of the
right-hand rectangle is small (like a thin tail). See the lower centre of the left-hand part of
Figure 6. The right-hand part of Figure 6 shows how the shape of the two rectangle EDDs
depend on M and r. For the shapes of the EDD inside the area enclosed by the red curve
and the M-axis, it is hard to compete with the diesel trucks. Note that this area should
not be seen as absolutely fixed, especially not those parts close to the red curve, since the
area depends on the values of many estimated parameters. The vertical, dashed black line,
M = 964, in the right-hand part of Figure 6 shows how to select battery capacity. On or to
the left of the black dashed line, the smaller battery should be selected and, to the right of
it, the larger battery.

Figure 6. The cost function as a function of M and r in the left-hand part of the figure. The battery
electric trucks are more expensive than the commercial diesel ones in the area enclosed by the red
curve and the M-axis. The right-hand part of the figure shows how the shape of the EDD depends
on the parameters M and r. If there is an EDD on or to the left of the dashed vertical black line,
the smaller battery is the most cost-efficient and, to the right of it, the larger battery.
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As seen from Figure 6, the cases when EDDs tend to be a rectangle, or a rectangle
with a thin spike are best suited to battery electric trucks. Note that the same cost function
value (0.26 e/kWh) is obtained when the two rectangles tend towards forming a single
rectangle, as obtained for the rectangular EDD. The cases when the EDD is L-shaped with a
really thin spike or when none of the sides of any rectangle are thin show when the electric
trucks could compete with diesel trucks. As a rough guide, the closer one gets to the point
(M = 750, r = 0), the harder it is for electric trucks to be competitive, compared with the
left-hand part of Figure 6.

From the left-hand part of Figure 6 and the studies of the rectangular EDD, the ex-
pectation might be for the rectangular EDD to give the lowest cost per propulsion kWh
compared to any EDD for a fixed number of operational days. There now follows a series
of arguments showing that a rectangular EDD gives the lowest cost function value.

Take a non-rectangular EDD. The analysis starts by considering the unrealistic case
of the battery capacity being zero. The cost function then has the value of Cepub = 0.4 e/
kWh > f rec

BEV , where f rec
BEV = 0.26 e/kWh is the cost function value when the EDD is

rectangular. To try to find a lower cost function value, the battery capacity is increased and,
if an EDD is found that is better than the rectangular one, the cost function must begin to
drop at some point as battery capacity increases. That being the case, the cost drops because
the benefit of charging the majority of the total energy with a home charger rather than
a fast public one exceeds the increasing costs of battery, charger, and grid. The required
power for the charger is directly proportional to the battery capacity. This means that the
extra cost for the battery, charger and grid is the same for any EDD (even the rectangular
one) when increasing the battery capacity by a given step according to Equation (2), while
the increase in energy that can be moved from public fast charging to home charging is
greatest when the EDD is rectangular. Since this maximum decrease in the cost function
continues right up until the battery capacity reaches the highest possible value (assuming
the battery size is no larger than it needs to manage the trip at the highest daily level of
energy consumption), the rectangular EDD must be the most cost-efficient EDD provided
the number of operational days is fixed. Or, more simply and less stringently, when the
battery size increases, the extra cost of the battery, charger and grid increases equally,
independently of the shape of the EDD. However, the most energy will be moved from
public fast charging to home charging if the EDD is rectangular. Thus, a rectangular EDD
will result in the lowest cost function provided the number of operational days is fixed.

8. Importance of the Number of Operational Days

So far, the number of operational days has been fixed at 1750. However, from the
equations, it is apparent that the number of operational days often influences the result.
Naturally, if the number of operational days is too low, this makes it impossible for battery
electric trucks to compete with commercial diesel trucks because the utilisation factors will
be very low. Thus, it is interesting to investigate the lowest necessary number of operational
days for battery electric trucks to be competitive. Since the aim is to find a lower bound
for the number of operational days, the most preferable EDD is used—the rectangular one.
Firstly, from Equation (14), it is clear that:

d fBEV
drch

< 0 ⇐⇒ Nop >

Cb
rSoC

+ T·Cch
Tch

Cepub − Ce
(49)

for a rectangular EDD and by inserting the previous values, one obtains:

d fBEV
drch

< 0 ⇐⇒ Nop > 964. (50)

Note the similarity with Equations (41) and (42). This means that, if the number of
operational days is 964 or less, the lowest value of rch, i.e., rch = 0, should be chosen. This
gives the lowest cost function value, which would be Cepub = 0.4 e/kWh. So, in this
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case, the battery electric truck is not competitive. Furthermore, in this context, rch = 0
corresponds to having a battery capacity of zero kWh, something which is not possible in
reality. Thus, one now knows that the number of operational days must be greater than
964, which implies that rch = 1.

Secondly, the minimum number of operational days will be determined by solving
the inequality:

fBEV(Nop) ≤ Cd. (51)

Equation (13) with rch = 1 gives:

Nop ≥
Cb

rSoC
+ T·Cch

Tch

Cd − Ce
(52)

and by inserting the typical values, one obtains:

Nop ≥ 1402. (53)

This means that the number of operational days must be at least 1400 if a battery
electric truck is to compete with diesel trucks. This corresponds to approximately five-and-
a-half years if the truck is used every weekday. This is exceeded in most commercial trucks.

9. An Algorithm for Sizing the Battery of a General EDD

So far, the most cost-efficient battery size has been determined for a few specific EDD
shapes. These cases approximate most of the possible EDDs and give insights as to which
EDD shapes are best suited to electric trucks. However, for a specific EDD, it may be
necessary to determine the most cost-efficient battery size of that particular EDD rather than
just the best battery size for an approximation of it.

As mentioned earlier, three parameters can change when the charging strategy is
changed. These are: Bc, rch and Pch. This is apparent from Equation (2). However, based on
the analysis so far, it is apparent that the three parameters are strongly connected. Since
the aim is to use the home charger as much as possible for a given battery capacity and
to have a charger powerful enough to supply the full capacity in one night (but no more
than that), the choice of Bc directly determines rch and Pch. Thus, a battery capacity may be
chosen which determines rch and Pch and the corresponding cost function value. By sys-
tematically testing enough battery capacity values, the most cost-efficient battery capacity
can be selected. The most cost-efficient battery capacity will depend on the energy function.
This insight allows us to establish an algorithm to determine the most cost-efficient battery
capacity for an EDD of arbitrary energy function E(N). The algorithm follows below.

Algorithm Description

1. Choose a sufficiently small battery capacity value, such as Bc1.

2. Compute the total energy, Etot =
Nop∫
0

E(N)dN.

3. Find the smallest N1 so that rSoC · Bc1 = E(N1). The number of days needed to fast
charge is N1.

4. Compute

(a) rch =

rSoC ·Bc1·N1+
Nop∫
N1

E(N)dN

Etot
,

(b) Γb = Etot
Bc1

and
(c) Γch = rch ·Etot

rSoC ·Bc1
Tch

·T
.

5. Compute fBEV1 = f (Bc1) from Equation (5).
6. Set Bc2 = Bc1 + ∆Bc, ∆Bc should be sufficiently small.
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7. Repeat steps 3–6 but increase each index by one until rSoC · Bc(n+1) > Emax, then set
rSoC · Bc(n+1) = Emax, repeat steps 3–5 and then jump to step 8.

8. One now have the cost per kWh of useful energy expressed as a function of battery
capacity. Select the battery capacity that gives the lowest cost.

10. Conclusions

This paper demonstrates that an energy distribution diagram is an effective tool for de-
scribing the usage pattern of a vehicle and making it easy to analyse the cost-effectiveness of
battery electric vehicles. An algorithm has been presented for determining a cost-effective
battery size, charger power and amount of public charging using just the EDD and some
cost parameters. This paper focuses on battery electric trucks, but the method could also
be used for other battery electric vehicles by making appropriate changes to the parame-
ter values.

How Usage Pattern Influences the Cost-Effectiveness of Battery Electric Vehicles

A rectangular EDD (with no variation in daily energy consumption) gives the lowest
cost per kWh propulsion energy compared to all other possible EDDs, for a fixed number
of operational days. This is due to making the greatest use of private chargers and no need
for fast charging without having an unnecessarily large battery. In this case, night charging
only will be the most cost-effective charging strategy. When an EDD is rectangular and
has 1750 operating days, an electric truck clearly competes with a diesel truck. However,
given the assumed cost parameters, if the number of operational days is fewer than 1400,
the diesel truck will cost less.

A triangular EDD leads to a higher total cost than a rectangular one. This is because
there is no battery size which can lead to a high level of battery utilisation without also
requiring a lot of public fast charging—and vice versa.

In the case of a two-step rectangular EDD, in many of the cases electric trucks can
compete with diesel ones. With this EDD, the lowest cost is obtained either by having a
battery so large that it can handle all trips without fast charging, or one that can handle
solely the low-consumption trips without fast charging. If there are sufficiently many
high-consumption days, the large battery should be chosen; otherwise, the choice should
be the small one. In this context, “sufficient” means just under 1000 days. The EDDs best
suited to electric trucks are those close to a single rectangle, or a rectangle with a thin peak
on top. The worst EDDs are L-shaped ones (if their peak is not really thin) and EDDs with
a long, thin tail.

For any EDD, provided the shape is fixed, the total cost is reduced by increasing
the number of operational days while the maximum daily energy consumption is not
influencing the cost.

These conclusions are drawn under the following assumptions:

1. Battery capacity and charger power are continuously variable, from zero to arbitrary
high values.

2. Charging is always possible, precisely when needed.
3. Charging is done on planned breaks and requires no extra time.
4. A battery electric truck has the same payload capacity as a diesel truck.
5. Parameter values are selected according to Table 1, the vehicle is operated for 1750 days,

the home charger can be used for up to 14 hours per night and there is 80% of the
battery capacity available.

Some of these assumptions are not always true for real trucks. However, the results
still allow an increased understanding of how cost-efficiency and charging strategy depend
on how a vehicle is used. Typically, the assumptions are reasonable for local trucks and
most regional trucks, if they are not carrying very heavy goods or driving very long daily
distances. These assumptions favour the battery electric trucks over diesel trucks. However,
it should be borne in mind that the price picture will likely change to favour electric trucks
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as the production volume increases. Additionally, the assumed fuel cost for diesel trucks
is intentionally low. Even without these assumptions, the EDD is still a useful tool for
determining the cost-effectiveness of battery electric trucks.
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Abbreviations

The following abbreviations are used in this manuscript:

EDD Energy distribution diagram

Nomenclature

Bc Battery capacity [kWh]
Cb Battery cost [e/kWh]
Cch Combined price for charger and grid [e/kW/year]
Ccharger Price of charger [e/kW]

Cd Diesel cost [e/kWh]
Ce Electricity cost, private charging [e/kWh]
Cepub Electricity cost, public fast charging [e/kWh]
Cg Grid fee [e/kW/year]
E Energy function [kWh]
Emax Highest daily energy consumption in the truck’s service life [kWh]
Emin Lowest daily energy consumption in the truck’s service life [kWh]
Etot Total propulsion energy consumed over the truck’s Service life [kWh]
fBEV Cost function [e/kWh]
f rec
BEV Lowest value of the cost functions when the EDD is rectangular [e/kWh]

Γb Battery utilisation factor [equivalent full cycles]
Γch Charger utilisation factor [−]
M No. of high energy consumption days for a two-step rectangular EDD [−]
Nch Number of fast charging days [−]
Nop Number of operational days [−]
Ntot Number of days in the truck’s service life [−]
Pch Charger power [kW]

rch Ratio of private charging to total amount of energy [−]
rSoC Share of battery capacity that could be used [−]
T Service life of truck, charger and battery [year]
Tch Available time for charging during night [hours]
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Abstract: This paper investigates the economic consequences of a haulage company replacing its
line-haul diesel trucks with battery-electric ones. It also examines how large truck batteries should
be, whether the haulage companies should use public fast chargers to complement their own, and
whether public fast chargers have the potential to be profitable. The potential extra cost of losing
payload capacity is estimated and there is an investigation of whether a charge-point operator should
meet the peak demand for charging. The case under analysis is designed to represent a typical
line-haul service between terminals in a major logistics system, with the finding that, in this case, a
transition to battery-electric trucks seems cost effective for the company. Moreover, it is advisable
for the company to use public fast chargers and these will likely become profitable given that the
utilisation factor of the investigated public fast chargers may realistically exceed 20%.

Keywords: battery electric truck; battery electric vehicle; cost effective; battery sizing; charging
strategy; payload capacity; charge-point operator; long-haul truck

1. Introduction

The use of fossil fuels has severe drawbacks: the oil depletion time is less than
30 years [1], the Earth’s climate system is likely affected [2], and negative health impacts are
discussed in the literature [3]. Part of the solution is to avoid running trucks on fossil fuels.
Possible alternatives are hydrogen or battery-electric trucks but recently published studies
favour the battery-electric option [4,5]. Although the feasibility of battery-electric trucks
seems promising, fuel cells might be better for heavy-duty trucks on extra-long journeys [6].
Still, there is no unambiguous answer to the question of which powertrain would result in
the lowest overall cost of ownership, as this will depend on how the vehicle is used [7].

A previous study indicated that battery-electric trucks have the potential to be compet-
itive with diesel trucks under the right circumstances [8]. The present study concretises the
work conducted in [8] by applying the theory to a specific line-haul case involving a com-
mon type of transport. This paper’s study case investigates the economic consequences of a
haulage company replacing its diesel trucks with battery-electric ones. The aforementioned
study focused solely on the vehicle owner’s perspective but this study also focuses on
the charge-point operator. The present study also further expands on the previous one by
estimating the potential cost of losing payload capacity due to having a large battery, which
was not discussed in [8]. Furthermore, the present study does not assume that 80% of the
battery capacity can be used. Rather, it varies the useful state-of-charge range to include
battery ageing and safety margins in the battery sizing. Other studies have also shown
the competitiveness of battery-electric trucks compared to diesel trucks under the right
conditions [9–11]. When reading the present paper, it is important to remember that the cost
effectiveness of battery electric vehicles is sensitive to driving patterns [8,12]. In addition,
relatively uniform driving patterns show good potential for electrification [8,13]. Thus, the
results of the present study might have been different had a different case been chosen.

The literature indicates that over-sizing the battery could lower the total cost of
ownership, as it can reduce battery ageing [14]. A larger battery prevents deep battery
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cycles, which reduces battery ageing. This is also stated in another study [15]. Due to
the battery ageing and safety margins, this paper assumes that only a share of the battery
capacity could be used. This share would depend on the number of cycles that the battery
is required to perform. A previous study concerning battery-electric truck deliveries
concluded that battery sizing is essential for maximising profit [16]. The present paper also
discusses battery sizing, which can reduce the total cost of ownership. Vehicle batteries
could be used for grid-energy storage, which can also reduce the total cost of battery-electric
trucks. However, this topic has not been included in this paper for two reasons. Firstly, the
electric trucks in the studied case are used extensively, with very little inactive time to act
as grid storage. Secondly, a previous study showed that grid storage only has limited value
for plug-in hybrids [17].

In a previous study, the battery price was highlighted as a crucial parameter for cost-
competitive battery-electric vehicles [18]. Supported by an earlier study [19], the authors
of [18] claimed that the price of batteries must fall below 150 USD/kWh (140 EUR/kWh)
if battery-electric vehicles, in general, are to compete with internal combustion vehicles.
The same authors also showed that this price is realistic for the near future. For the case
studied in this paper, battery-electric trucks are competitive with a battery price set at
200 EUR/kWh (this price is reasonable according to Appendix D). This is because trucks
have a higher utilisation rate compared to private passenger cars.

So far, the electrification of heavy trucks has occurred in sectors that are the easiest
to electrify, such as local and regional distribution. However, due to the limited driving
range of battery-electric trucks, the long-distance truck sector is more difficult to electrify.
This paper studies one type of long-distance transport: line haul between terminals in
a major logistics system. To further investigate the competitiveness aspect, this paper
examines the economic consequences of a haulage company replacing its diesel trucks
with battery-electric ones, along with the profitability of the public fast chargers used
by the company. The studied line-haul case is strongly inspired by a Swedish haulage
company, Tommy Nordbergh Åkeri AB. The results and calculations in this paper are not
entirely general, as they are based on a specific case. However, with proper changes to the
conditions and values of the parameters, the same method can be used to evaluate cost
efficiency for other companies. Furthermore, this type of example gives an idea of when
battery-electric trucks are cost effective. The first part of this paper focuses on the haulage
company’s perspective. Later, the focus shifts to the owner of the public fast chargers. This
is followed by a discussion from a system perspective. This paper finds that the transition
to battery-electric trucks appears to be cost efficient for the haulage company studied in the
use case.

2. The Haulage Company’s Transport Task

Suppose that a haulage company has a fleet of diesel trucks and wants to change them
all to battery-electric trucks. This paper investigates the economic consequences of full
electrification, with no changes to how the trucks operate.

The company has two terminals, A and B, which are connected by a highway. Terminal
A is located in Helsingborg on Sweden’s west coast and Terminal B is located in Stockholm,
Sweden’s capital located on the east coast (see Figure 1). From the map, it is clear that
this type of transport distance is sufficient to reach many cities in Europe from the closest
harbour. Five times a week, the following procedure is repeated. Half of the trucks arrive at
Terminal A and half arrive at Terminal B in the afternoon, following some local distribution
tasks during the day. The trucks are then idle for a certain time, T1. At 6 PM, the first truck
leaves the terminal and drives towards the other terminal. Thereafter, the other trucks
leave the terminal one by one at a given interval, Tgap. Midway between the terminals,
the drivers take a break, Tbreak, at a rest area. This break is compulsory under the Driving
and Resting time Rules and must be at least 45 min. After the break, the driver from
Terminal A swaps trucks with the driver from Terminal B and the drivers then return
to their original terminals. After arriving at their destination terminals, the trucks stand



Energies 2023, 16, 2793 3 of 22

idle for a certain period of time, T2. Let the following values also apply: the distance
between Terminals A and B—S; the mean speed of the trucks—v; the trucks’ mean energy
consumption per unit of distance travelled— ∆E

∆x ; and the number of trucks leaving from
each terminal—Ntrucks. For clarity, the charge losses are not explicitly modelled in this
paper but their cost can be included in the price of electricity. The battery discharge losses
and efficiency of the powertrain are also not explicitly modelled but are included in the
trucks’ energy consumption. During the local distribution tasks that take place during the
daytime, each truck has driven a distance, S/2. This paper’s notation for the parameters
and their values is listed in Table 1. In addition to driving each weekday during the year,
each truck performs, on average, 50 extra night trips per year on the weekends. At the rest
area, a charge-point operator has a public fast-charging station for trucks. So, in addition to
the company’s private chargers at each terminal, the trucks can also be charged at the rest
area using public fast chargers.

Figure 1. The assumed 550 km transport route is plotted on a map of Europe as a reference.

Table 1. Notations for the different parameters and their values used in this paper.

Parameters Notation Value

Departure time of the first truck − 6 PM

Time gap between trucks Tgap 7 min

Inactive time for the trucks in the afternoon T1 2 h

Time for the break Tbreak 45 min

Inactive time for the trucks in the morning T2 4 h

Distance between the terminals S 550 km

Mean speed of the trucks v 75 km/h

Energy consumption ∆E
∆x 1.5 kWh/km

Numbers of trucks leaving from each terminal Ntrucks 30

This paper investigates whether it is economical to use battery-electric trucks for the
studied type of line haul and, if so, how the system should be designed. More specifically,
this paper attempts to answer the following questions:

1. What are the economic consequences for the company to change from diesel trucks to
battery-electric ones?
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2. What power should the company’s private chargers have?
3. What is the maximum extra cost of the reduced payload capacity due to heavy batteries?
4. How many public fast chargers must be installed at the rest area by the charge-point

operator and what should their power capacity be to meet the demand from the
haulage company?

5. Can the charge-point operator at the rest area expect a profit from the chargers if the
stated company is their only user?

6. Should a charge-point operator always meet the demands of its users? If not, how
should the total power be selected?

3. Economic Consequences of Electrification for the Haulage Company

Many of the trucks’ main costs would remain approximately the same if the company
replaced its diesel trucks with battery-electric ones. This includes the cost of maintenance
and insurance, as well as the cost of the vehicle (excluding the battery in the case of electric
trucks). Drivers’ salaries would also remain the same if charging took place during planned
breaks. In addition, it is assumed that the second-hand value of the trucks would be
comparable. The main differences would be the cost of diesel compared to the cost of
electricity, as well as the cost of the battery, the grid connection, and the charger. In this
paper, the costs are normalised and expressed in EUR per propulsion kilowatt-hour. The
costs that would remain the same after the transition to battery-electric trucks are ignored
since the company is interested in how the expenditure changes. In a recently published
study [8], a cost function, fBEV , for the battery-electric truck is presented as follows:

fBEV = rch · Ce + (1− rch) · Cepub +
Cb
Γb

+
rch · Cch

Γch
, (1)

where Γb is the battery utilisation factor and Γch is the charger utilisation factor. The cost
parameters in the above equation are defined in Table 2. The parameter rch is the ratio of
the energy from private charging to the total amount of energy that is consumed by the
truck over its service life. The table shows the parameter values used in this paper. These
values are the same as those used in a previous study [8]. The first term describes the
cost of electricity when charging with a private charger; the second term gives the cost of
public fast charging; the third term expresses the battery cost; and the last term gives the
combined cost of the charger and grid connection. The battery utilisation factor is defined
as the total energy consumed by the battery over its service life divided by the battery
capacity. The battery utilisation factor uses the dimensionless unit, the equivalent full cycle
(EFC). The charger utilisation factor is defined as the total energy delivered by the charger
over its service life divided by the maximum energy that it can deliver over its service life.
Thus, the charger utilisation factor is a dimensionless scalar from 0% to 100%.

Table 2. Cost parameters and their values used in this study.

Parameters Notation Typical Value

Electricity Cost, Private Charging Ce 0.08 EUR/kWh

Total Cost, Public Fast Charging Cepub 0.4 EUR/kWh

Battery Cost Cb 200 EUR/kWh

Service Life of Truck, Charger, and Battery T 7 years

Combined Price for Charger and Grid Cch 117 EUR/kW/year

The cost function expresses the cost of one truck with one private charger. However,
even if the company has many trucks, the above expression can still be used, as it is assumed
that there are as many private chargers as trucks. The battery-electric propulsion cost ( fBEV)
should be compared to the diesel propulsion cost, Cd, which is taken as 0.30 EUR/kWh,
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as in the above-mentioned study [8]. This corresponds to a diesel price of only 1.2 EUR/litre
(excluding VAT) and a high power-train efficiency of 40%. The value of the diesel price is
uncertain and most likely a bit too low, especially with the recent surge in diesel prices.
However, it is possible that the current diesel price is only temporary. Furthermore, it is
necessary to ensure that the reference value for diesel is not too high. If electric trucks can
be shown to be competitive at the stated diesel price, then there is more certainty about
this paper’s conclusions. To calculate the cost function value, it is necessary to find the
values of rch and the utilisation factors. These parameters depend on the charging strategy,
as shown below.

This case study assumes that the vehicle will have the same energy consumption
throughout its service life. This allows the battery to be sized solely for this specific type
of use. Due to battery ageing and safety margins, it is assumed that only a share of the
battery capacity will be used. Let this share be rSoC and the useful capacity Bcu. This can be
expressed as:

Bcu = rSoC · Bc, (2)

where Bc is the battery capacity. The number of possible charging cycles for a modern
lithium battery is assumed to depend on rSoC according to the table in Figure 2a. The exact
number of lifetime cycles varies for different types of Li-ion cells but the general trends
are the same, that is, the number of cycles increases faster than the decrease in cycle depth,
resulting in a total life–energy throughput. This can be seen in studies such as [20]. The
numbers used here are selected based on the tests and data sheets for several different Li-ion
cells. The cycle life of the battery depends on many factors, for example, the temperature.
It is assumed that the battery management system will keep the temperature in the allowed
temperature range.

(a) (b)
Figure 2. (a) The number of possible charging cycles for a modern lithium battery depending on
the parameter rSoC. (b) A power function g(rSoC) is fitted to the table values and is indicated with
blue dots.

So, how many cycles are needed during the battery’s service life? The battery must be
able to cover the distance S/2 without being charged. However, if the battery is too heavy,
there is a risk of losing payload capacity. Therefore, a company’s primary aim is to size
the battery so that it just can handle the distance S/2 without charging. This means that
the entire useful capacity must be charged at a rest area each day the truck is operating.
Thus, each truck performs three charging cycles each weekday for seven years (the lifetime
value of the battery according to Table 2), plus two extra charging cycles on the weekends
50 times per year. Thus, the number of charging cycles in the battery’s service life, Ncc, can
be determined as follows:

Ncc = 3 cycles/day · 5 days/week · 52 weeks/year · 7 years

+ 2 cycles/day · 50 days/year · 7 year = 6160 cycles.
(3)
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Since the value did not match the table values in Figure 2a, a power function
g(rSoC) = a · rSoC

b is fitted to the table values with the result a = 1957.4 and b = −1.85127
(see the red curve in Figure 2b). By solving the equation g(rSoc) = 6160, we obtain the root:

rSoC = 0.5383. (4)

The required useful battery capacity is given by:

Bcu =
∆E
∆S
· S

2
= 412.5 kWh. (5)

This results in a battery capacity of:

Bc =
Bcu

rSoC
= 766.3 kWh. (6)

The battery utilisation factor can now be calculated:

Γb =
Ncc · Bcu

Bc
= 3316 EFC, (7)

which is a high value and results in a low battery cost. The reason for this high value is
that the truck is driven in two shifts and often performs three charge and discharge cycles
per day.

Since the price of the chargers and grid increases with the charger power, Pch, private
chargers should be as low-powered as possible. However, the charger must still be able to
charge the useful capacity in the time T1 and T2 and, therefore:

Pch =
Bcu

min(T1, T2)
= 206.3 kW. (8)

In real life, there may be reasons to oversize the chargers slightly but this is not
discussed here. From the definition of the charger utilisation factor, one obtains

Γch =
Ech

Pch · T
, (9)

where Ech is the total amount of energy delivered by the private charger over its service
life. For the weekdays, the private charger must deliver enough energy for two cycles each
day. For each of the weekend trips, the private charger must deliver enough energy for one
cycle. This is because the battery’s entire useful capacity will be charged at the rest area
each day the truck is operating. Each cycle demands energy of Bcu = 412.5 kWh. Thus, the
energy delivered by the private charger is given by:

Ech = 2 cycles/day · 5 days/week · 52 weeks/year · 7 years · 412.5 kWh/cycle

+ 50 cycles/year · 7 years · 412.5 kWh/cycle = 1.646 · 106 kWh.
(10)

which gives:
Γch = 13.01%. (11)

So far, the utilisation factors for the private chargers and batteries have been deter-
mined. It is now necessary to determine the value of rch to find the cost of battery-electric
propulsion using Equation (1). Over its service life, a truck performs one day trip and one
night trip every weekday for seven years. So, each weekday involves charging the entire
useful capacity three times. The truck also performs 50 extra night trips per year, with each
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night trip resulting in the entire useful battery capacity being charged twice. Thus, the total
energy consumed over a truck’s service life is given as:

Etot = 3 cycles/day · 5 days/week · 52 weeks/year · 7 years · 412.5 kWh/cycle

+ 2 cycles/day · 50 days/year · 7 years · 412.5 kWh/cycle = 2.541 · 106 kWh.
(12)

Since rch is the energy charged using a private charger divided by the total energy
consumed over the truck’s service life, the result is:

rch =
Ech
Etot

= 0.6478. (13)

Using this value, the values for the utilisation factors, and the values from Table 2 in
Equation (1), the following cost-function value is obtained:

fBEV = 0.32 EUR/kWh. (14)

By evaluating each term in Equation (1), the price of energy from private charging is
0.05 EUR/kWh, the price for public fast charging is 0.14 EUR/kWh, the battery price is
0.06 EUR/kWh, and the price of the private charger and grid is 0.07 EUR/kWh. Notice
that these individual costs are now normalised per the total energy consumption and not the
amount of energy from the respective chargers themselves. This means that fast charging
that costs 0.4 EUR/kWh will cost 0.14 EUR/total kWh since only 35% of the total energy
comes from fast charging.

Thus, these particular electric trucks have proven to be slightly more expensive than
diesel trucks. The savings will be negative and the annual value is:

BEV savings =
(Cd − fBEV) · Ncc · Bcu · 2Ntrucks

T
= −440,000 EUR/year. (15)

Since the above calculations indicate extra costs for the company, a more cost-efficient
charging strategy should be used. In considering the above individual costs, it becomes
apparent that the cost of public fast charging is by far the greatest. Is it possible to reduce
this cost? Yes, if the trucks have batteries large enough to handle long night trips with
less reliance on public fast charging. Even so, this will increase other costs such as the
cost of a large battery. If all the day trips are viewed as one type of trip consuming energy
Bcu and all the night trips as another type of trip consuming energy 2 · Bcu, the energy
consumption for the trips can be presented in an energy distribution diagram, similar to that
introduced in [8]. There are five daytime trips each week for seven years, resulting in
1820 day trips in a truck’s service life and equally as many night trips during the week.
However, an additional 50 night trips per year equates to 2170 night trips in a truck’s
service life. The energy distribution diagram for each truck is shown in Figure 3 and it is a
“two-step rectangular” type [8].

It was shown in [8] that for a two-step rectangular energy distribution diagram, the
lowest cost-function value is obtained either when the battery can handle the energy needs
for the low-energy-consumption trips or when the battery is sufficiently large to handle the
complete energy needs of all trips without being charged. A certain level of care must be
exercised since the prerequisites of that analysis are not in complete agreement with those
of this study. Nevertheless, the special case of a battery that can handle high-consumption
trips still warrants investigation.
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Figure 3. The energy distribution diagram for each truck.

For a large battery, the useful capacity must be able to handle an entire night trip
without charging. Thus,

Bcu =
∆E
∆S
· S = 825.0 kWh. (16)

The power of the charger must be considered, as it needs to meet the charging demand
for a battery’s entire useful capacity in time T2 and half that capacity in time T1. Again, this
yields a charger power of:

Pch = 206.3 kW. (17)

So, what value is reasonable for rSoC? As seen in the energy distribution diagram in
Figure 3, the battery must now perform 3990 cycles during its service life. Furthermore,
1820 of these will be half cycles. Thus, rSoC may be set so that the battery can survive
3990 major cycles. This also gives an even better safety margin compared to the small
battery. By solving the equation g(rSoc) = 3990, the following root is obtained:

rSoC = 0.6807. (18)

This results in a battery capacity of:

Bc =
Bcu

rSoC
= 1212 kWh. (19)

The battery utilisation factor is given by the total energy consumed by a truck over its
service life divided by the battery capacity. The total energy consumed is obtained from
the area under the curve in the energy distribution diagram in Figure 3. Thus,

Γb =
(825.0 kWh · 2170 + 412.5 kWh · (3990− 2170))

1212 kWh
= 2097 EFC. (20)

As expected, a lower value for the battery utilisation factor is obtained compared to a
small battery. The result is a rising battery cost. The charger utilisation factor is defined
as follows:

Γch =
Ech

Pch · T
= 20.09 %, (21)

In this case, Ech is all the energy consumed by the truck in its service life, as all the
energy comes from a private charger. This also implies that rch = 1. The charger utilisation
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factor increases compared to a small battery. This is reasonable since the chargers (which
have the same power) deliver more energy over their service life. By inserting the values of
the utilisation factors rch and the values from Table 2 into Equation (1), we obtain:

fBEV = 0.24 EUR/kWh. (22)

The largest cost is that of the battery, 0.10 EUR/kWh, followed by the cost of the
energy from the private charger, 0.08 EUR/kWh; the cost of the private charger and grid,
0.07 EUR/kWh; and the cost of public fast charging 0 EUR/kWh. Due to rounding, the
individual cost appears to total more than the overall cost. This charging strategy appears
promising and the company’s savings can now be calculated:

BEV savings =
(Cd − fBEV) · Etot · 2Ntrucks

T
= 1,300,000 EUR/year, (23)

where Etot is the total energy consumed by one truck over its service life. This is obtained
from the area under the curve in the energy distribution diagram.

Firstly, the calculations show that under these circumstances, battery-electric trucks
are competitive compared to diesel trucks. Secondly, it shows that the choice of battery
capacity could have a major impact on the cost effectiveness of battery-electric trucks.
Although the cost of the battery is large, the overall cost of ownership may be lowered by
selecting a large battery, as the price of public fast charging may also be high. The trade-off
between battery size and the share of public fast charging may be fairly simple to handle if
the price picture and charging opportunities are known. However, there are more trade-offs
to consider such as the trade-off between reduced costs and any losses in payload capacity.
The potential cost of losing payload capacity is estimated in the next section.

4. Cost of Losing Payload Capacity

Since the calculations indicate that a large battery is cost effective, this section aims to
estimate the cost of losing payload capacity. Note that the maximum extra cost calculated
below is only valid if the trucks always carry the maximum weight. However, for most
trucks, this is not the case. Even with large batteries, there are seldom any extra costs. It is
often the volume of the truck that limits the payload and the truck may not even be full.

For batteries weighing up to 1.5 tonnes, it is assumed that there is no loss in payload
capacity, whereas for heavier batteries, the loss of payload capacity equals the weight
of the battery minus 1.5 tonnes (see Appendix A for more details). For increased read-
ability and generality, let m0 = 1.5 tonnes. The total cost of operation, Cdrive, for a truck
weighing 40 tonnes is about 0.9 EUR/kWh (see Appendix B for more details) and it has a
payload capacity, mpl , of 27 tonnes (see Appendix A). The battery capacity per ton, Bc/m, is
170 kWh/tonne (see Appendix C), which leads to a reduced payload capacity, mrpl , of

mrpl =
Bc

Bc/m
−m0. (24)

The reduction in the maximum payload is 3.0 tonnes for a small battery and 5.6 tonnes
for a big battery. The new payload capacity, mnpl , is given by

mnpl = mpl −mrpl . (25)

The ratio of the new required number of trucks to the number of trucks when there
was no loss of payload capacity, rt, can now be expressed as

rt =
mpl

mnpl
. (26)
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Finally, the maximum extra cost of losing payload capacity, Cmax
pl , becomes

Cmax
pl = Cdrive · rt − Cdrive, (27)

and with the values for the small and large batteries, one obtains

Small Battery: Cmax
pl = 0.11 EUR/kWh. (28)

and
Large Battery: Cmax

pl = 0.24 EUR/kWh. (29)

Due to this potentially high indirect cost of large batteries, the company would likely
prefer the small battery solution, provided that the price of public fast charging is low
enough. Thus, the cost of a reduced payload will be high if the goods being transported are
high-density items such as stone slabs. Equally, it might as well be zero if the goods being
transported are low-density items such as bundles of tulips. Therefore, it can be concluded
that due solely to the payload density, battery sizing may sometimes vary among trucks
being driven on identical routes.

5. Number of Chargers and Price of Charging at the Fast Charging Station

The above calculations suggest that the haulage company would want its batteries to
be sized to eliminate the need for public fast charging if the price of public fast charging
is 0.4 EUR/kWh. Thus, it would be interesting to investigate whether the charge-point
operator planning to install chargers in the rest area could lower their prices. The charger
owner’s costs comprise the costs of the electricity, chargers, and grid connection. As
mentioned earlier, the costs of the charger and the grid are assumed to be proportional to
the charge power and cost per kWh, fch, and can be expressed as

fch = Ce +
Cch · Pch · T

Ech
= Ce +

Cch
Γch

. (30)

Firstly, one may assume that the haulage company would fully charge its trucks at the
rest area. The drivers have a 45-min break and this is the time each truck has for charging.
So, how many chargers would be needed? Thirty trucks depart from each terminal at
intervals of Tgap = 7 min, as the terminal and gate personnel do not have the capacity
to send them off simultaneously. If the first two trucks leave Terminals A and B at 6 PM
and then drive the S/2 = 275 km to the rest area at a mean speed of 75 km/h and charge
for 45 min upon arrival, the number of charging trucks (as a function of time) can be
determined through simulations. The results are presented in Figure 4.

When considering Figure 4, it may appear that 14 chargers would be sufficient. How-
ever, the results demand perfect timing with no delays. Therefore, it would be interesting
to see what would happen if the trucks were delayed. The company claims that delays
over 15 min are very rare. Thus, a new simulation was run in which it was possible to
delay the trucks. For each truck, the delay was set as the magnitude of a random number
drawn from a normal distribution with the expected value of zero minutes and a standard
deviation of five minutes. Figure 5a shows the number of trucks charging for one night at
the rest area as a function of time when the trucks are delayed. As seen in Figure 5a, the
maximum number of chargers needed on this day was 15. It appears that the delay can
increase the number of chargers needed to avoid queuing and further delays. Figure 5b
shows a histogram in which the x-axis value represents the maximum number of chargers
needed on one day and the height of the bar represents the number of such days that
occur in a 10-year period (the trucks operate almost six nights per week). As seen in the
histogram, for the selected model and parameter settings, 16 chargers are needed at the
rest area. The fact that there is sometimes a demand for 17 chargers is not considered a
problem, as this only happens twice a year. The results do not change significantly when
the standard deviation is changed by ±2 min.
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Figure 4. Number of charging trucks at the rest area at different times.

(a) (b)
Figure 5. (a) The number of charging trucks at the rest area at different times for a day when the
trucks are delayed. (b) Number of days over a 10-year period when a specific number of chargers
is needed.

The conclusion is that the number of chargers, Nch, that should be installed at the rest
area is

Nch = 16. (31)

Each charger must be able to charge a truck’s entire useful capacity in time Tbreak. Thus,

Pch =
Bcu

Tbreak
=

412.5 kWh
0.75 h

= 550 kW. (32)

Since the trucks charge their entire useful capacity five times per week for seven years,
with 50 extra charges per year on the weekends, the chargers will deliver the following
energy over their service life:

Ech = 2Ntrucks · Bcu · 7 years · (5 weeks−1 · 52 weeks/years + 50 year−1)

= 5.371 · 107 kWh.
(33)

and the charger utilisation factor becomes

Γch =
Ech

Nch · Pch · T
= 9.953 %. (34)
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So, if the charge-point operator has no customers other than the haulage company
being studied, the cost of the chargers, according to Equation (30), will be

fch = 0.21 EUR/ kWh. (35)

It seems possible to lower the price from the originally intended 0.4 EUR/kWh. So,
how low must the price be for the haulage company to consider using small batteries
and fast charging for their entire useful capacity at a rest area? The company would
probably select the smaller battery if it can achieve an equally low cost as large batteries, as
increasing the payload capacity also offers gains. Thus, the required fast-charging price
may be determined by solving the equation:

fBEV = 0.24 EUR/kWh, (36)

using the values for the small batteries, as follows:

Cepub =
0.24 EUR/kWh− rch · Ce − Cb

Γb
− rch ·Cch

Γch

1− rch
= 0.17 EUR/kWh. (37)

Initially, this seems hard to achieve, as this value is below cost when the studied
haulage company is the only user, as determined by Equation (35). However, as seen from
Equation (30), the normalised cost to the charge-point operator strongly depends on the
charger utilisation factor. Figure 6 shows fch as a function of Γch.

Figure 6. The normalised cost fch as a function of Γch.

In Figure 6, it can be seen that the value of fch drops quickly for low and increasing
values of the charger utilisation factor. Thus, it might be possible to have both profitable
charging stations and cheap fast charging if the utilisation factor is sufficiently large. Based
on the figure, it seems that roughly 20% or more should be considered “large”. The figure
shows that fch is a little below 0.17 EUR/kWh for higher charger utilisation factors. The
treated haulage company occupies the chargers for less than four hours, which corresponds
to 17% of the day. Since brief investigations from the available data [21] of the road midway
between Helsingborg and Stockholm indicates that the traffic flow of heavy vehicles with
trailers is quite even over the day, it should be possible to find other haulage companies
with complementary driving patterns to the studied one. Consequently, it seems very likely
that at least the same level of use of the chargers is possible by other companies during the
remaining 83% of the day. Thus, we claim that the charger utilisation could be at least 20%,
and Equation (30) then yields a cost of fch = 0.15 EUR/kWh. This could be low enough
to be profitable. If, for example, a charger utilisation of 25% is reached, it would lead to
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fch = 0.13 EUR/kWh, at which point the chargers appear profitable. However, even if we
think it is realistic to reach a charger utilisation of at least 20%, it is important to clarify that
the following paragraph relies on the assumption that the public chargers could reach a
utilisation rate of at least 20%.

So, if the public fast chargers are utilised sufficiently, the haulage company will have
a normalised cost for battery electric propulsion of 0.24 EUR/kWh, of which the cost for
private charging is 0.05 EUR/kWh, the cost of the public fast charging is 0.06 EUR/kWh,
the cost of the battery is 0.06 EUR/kWh, and the cost of the charger and grid is 0.07 EUR/kWh.
The indirect cost of any loss of payload capacity would likely be low. The calculations
presented in this paper strongly indicate that electric trucks would be more cost efficient
than diesel trucks for haulage companies that have similar driving patterns to the company
studied here and do not regularly carry heavy goods. Note that this might not be the case
for haulage companies with driving patterns that deviate significantly from those in this
paper, as the cost effectiveness of battery-electric trucks is heavily dependent on driving
patterns [8]. However, the method presented in this paper can be used to evaluate the
economic consequences for haulage companies that use other driving patterns. A more
detailed description of the selection of a cost-effective battery size for different energy
distribution diagrams was presented in [8].

If, however, the charge-point operator cannot offer public fast charging at a sufficiently
low price due to problems related to reaching a high charger utilisation, the haulage
company should go with the large battery, even if this scenario seems unlikely to the
authors. In the worst-case scenario, when fast charging is expensive and the company
regularly carries heavy goods, diesel trucks might be the most cost effective out of the
analysed solutions.

It is also worth mentioning that since the studied haulage company uses almost 10%
of the chargers’ capacity, it may want to consider buying its own fast chargers and then
selling charging services to others when the chargers are idle.

6. Selecting Total Power for a Fast-Charging Station

The previous section showed that to meet the demands of the haulage company,
16 chargers should be installed in the rest area. Fully meeting this demand is probably
a given. The haulage company would be a key customer and charge a large amount of
energy six days a week. However, the demand, for example, at lunchtime would likely be
quite high, as many drivers probably have a scheduled break at that time. It then becomes
a matter of whether it is cost effective to meet the peak demand for charging. If not, how
much of the peak demand should be met? To investigate this, it was assumed that the
time-variable demand for public fast charging could be estimated for a given fixed price
level. In other words, the selected price does not vary over time. Since there is a discrete
number of trucks needing to charge, it is natural to assume that the power demand for
charging will be a step function of time, as in Figure 7a. If the power demand is arranged
by magnitude over the service life of the chargers, the result is a diagram that we call the
power demand distribution (see Figure 7b), where P1 > P2 > ... > PN represents the power
demands of different durations according to the figure and T1 < T2 < ... < TN . On the
right-hand side of the figure, the red, striped area represents the energy that would be
delivered by the chargers over their service lives for the selection Pch = PN−1.
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(a) (b)

Figure 7. (a) The power demand from the chargers as a function of time. (b) The power demand
distribution. Notice that the right-hand side shows the schematically sorted power demand over
the entire service life of the chargers, whereas the left-hand side shows the unsorted demand over a
shorter period.

The power demand , P = P(t), can be expressed as

P =



P1, t ∈ [0, T1]

P2, t ∈ (T1, T2]
...

...
Pi−1, t ∈ (Ti−2, Ti−1]

Pi, t ∈ (Ti−1, Ti]
...

...
PN , t ∈ (TN−1, TN ]

0, t ∈ (TN , T],

(38)

where TN is the total duration in which there is a demand to use at least one charger. Thus,
the notation TN = Tuse is introduced.

To choose the total power of the charging station wisely, the profit, I, for the charge-
point operator is now expressed as follows:

I = Cepub · Ech − Ce · Ech − Cch · T · Pch. (39)

Note, that in this context, Ech is the total energy delivered by the charging station over
the service life of the chargers, Pch is the total power of the charging station, and T is the
service life of the chargers. In the above equation, the first term on the right-hand side is
the total income of users over time T, the second term is the total cost of the electricity over
time T, and the last term is the total cost of the chargers and the grid connection over time
T. Let

Cdi f f = Cepub − Ce (40)

and Equation (39) becomes

I = Cdi f f · Ech − Cch · T · Pch. (41)

The charge-point operator can directly affect two of the parameters in Equation (41),
namely Cdi f f by setting the price for public fast charging and Pch by determining the total
power of the chargers when investing in them. These choices will indirectly affect the total
energy delivered by the chargers, Ech. This is because the price for public fast charging
will affect demand and the total power of the chargers will limit their capacity to deliver
energy. Now, we investigate when the chargers are profitable and how to select their total
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power (number of chargers) and thus maximise the profits for the charge-point operator.
Assume that a given fixed price level has resulted in a power demand distribution. From
this distribution, the aim is to find the total power of the charging station, Pch, to maximise
the profits for the charge-point operator. Since the charge-point operator selects the number
of chargers, it may be assumed that Pch = Pi, where i ∈ {N + 1, N, N − 1, ..., 2, 1}. The case
when PN+1 = 0 corresponds to there being no chargers at all, whereas Pch = P1 corresponds
to the peak charging demand being met.

The energy delivered by the chargers over their service life is now limited by the
values of P(t) and Pch = Pn. Thus, it is now clear that Ech depends on n according to

Ech(n) =
T∫

0

min(Pn, P(t))dt =
N

∑
j=n

Tj(Pj − Pj+1), (42)

which can be compared to the right-hand side of Figure 7b, with n = N − 1. Now, Ech(n)
can be inserted into Equation (41) to determine the profits, giving

I(n) = Cdi f f ·
(

N

∑
j=n

Tj(Pj − Pj+1)

)
− Cch · T · Pn. (43)

An adequate criterion for a profitable charger station is

I(N) > 0, (44)

which means that
Cdi f f · TN · (PN − PN+1)− Cch · T · PN > 0. (45)

Since PN+1 = 0, TN = Tuse and PN > 0, we can write

Tuse

T
>

Cch
Cdi f f

. (46)

If the above inequality is satisfied, the chargers will be profitable when Pch = PN . If the
inequality is satisfied, how can the chargers be even more profitable when Pch = PN−1? To
investigate this, let us assume that the chargers are profitable for Pch = Pn. Will the profits
I then be larger if Pch = Pn−1 is used? The answer is yes, if, and only if, the increase in the
first term is larger than the increase in the second term in Equation (41). Thus, the profits
when Pch = Pn−1 increase compared to the profits when Pch = Pn if, and only if,

Cdi f f · Tn−1 · (Pn−1 − Pn) > Cch · T · (Pn−1 − Pn). (47)

Since Pn−1 − Pn > 0, this is equivalent to

Tn−1

T
>

Cch
Cdi f f

. (48)

However, if the inequality is not satisfied, the income will decrease if Pch is allowed
to assume even higher values than Pn−1, for example, Pq, where q < n− 1, since the same
procedure would lead to increased profits when Pch = Pq compared to the profits when
Pch = Pn if, and only if,

Cdi f f · Tq · (Pq − Pn) > Cch · T · (Pq − Pn). (49)

As before, since Pq − Pn > 0, this is equivalent to

Tq

T
>

Cch
Cdi f f

. (50)
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However, since the inequality Equation (48) was not satisfied, will this one will also
not be satisfied, as Tq < Tn−1. Thus, the above calculations and mathematical induction
allow us to conclude that

the chargers are profitable ⇐⇒ Tuse

T
>

Cch
Cdi f f

, (51)

and to maximise the profits for the charge-point operator (and assuming the chargers are
profitable), the charger power Pch = Pk should be chosen such that

Tk
T

>
Cch

Cdi f f
, (52)

where k is the smallest integer in the set [1, N] that fulfils the inequality. It appears that
the power of the chargers would only meet the full demand if the highest power is used
for a sufficiently long time. With the different values used in this paper, the peak demand
must last for 4% of the service life of the chargers if the price of public fast charging is
0.4 EUR/kWh or 15% if the price is 0.17 EUR/kWh. It is worth mentioning that the sole
aim of this calculation is to maximise the profits for a given power demand distribution
when public fast-charging prices are fixed. However, it does not consider effects such as
losing a customer to a competitor with more chargers available or the loss of all charging
undertaken by that customer, not just the peak-time charging.

7. Discussion

This paper shows that long-haul battery-electric trucks can compete with diesel trucks,
even if the price of diesel fuel is only 1.2 EUR/litre (excluding VAT), and even more so if the
price of diesel fuel stays at the current high level of 1.8 EUR/litre. However, what makes the
problem complex is the difficulty of determining the battery capacity and charging strategy
if there is significant price uncertainty in public fast charging. At the same time, it is hard
to set public fast-charging prices without knowing how much the chargers will be used.
Additionally, the investment made by one party can be risky if the other party changes its
strategy. For example, if a haulier starts buying larger batteries, the need for public fast
charging may greatly diminish, which is bad for the charge-point operator. Similarly, if the
haulier has chosen small batteries, a price rise in public fast charging will be problematic.
However, what benefits the transition from diesel trucks to battery-electric trucks is that
these problems will likely decrease over time. This is because charging in the long run will
be a very competitive business with few entry barriers. However, during a rapid transition,
the competition may be weaker since there are some additional entry barriers such as
high investment risks during a turbulent industry transition, a temporary lack of available
grid capacity, and long installation waiting times. However, the more common battery
electric trucks and vehicles become, the easier it will be to achieve high charger utilisation
factors and thus lower public fast-charging prices. Furthermore, the price picture will
probably change in favour of battery-electric trucks due to increased production volumes
and technological advancements. Figure 8 compares the costs of the main alternatives for
the studied haulage company. In the figure, all the values are in EUR/kWh and the bar
height represents the total cost of a given strategy. The indirect cost of a reduced payload is
not included, as this depends on the type of goods being transported. This can vary from
zero to the values estimated in this paper. (The individual costs of the battery-electric truck
with a large battery seem to add up to more than the total cost, but this is due to rounding.)
As stated earlier, the haulier is likely to select the strategy represented by the fourth bar.
Provided a low price for fast charging can be secured, this will make the cost of propulsion
energy lower than the cost of current diesel trucks. Additionally, there will be less of a
reduction in the payload capacity compared to the large battery strategy.
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Figure 8. Cost of alternative strategies for the studied haulage company, in EUR/kWh. (The
individual costs of the battery electric truck with a large battery seem to add up to more than the
total cost, but this is due to rounding).

In the previous section, the price of electricity and public fast charging was assumed
to be fixed. However, is it likely that a charge-point operator will have a fixed price for their
users? Maybe not. In reality, the demand for charging power will vary over time, which
can be demonstrated using a demand power distribution such as the one in Figure 9a. This
illustrates that for t ∈ [0, T1), there is a much greater demand than the charging station can
supply. This means that the charge-point operator has an opportunity to increase the price
of public fast charging and still sells the same amount of energy but increases the profits. It
may also be possible to move users from rush hour to other times by setting a higher price
during rush hour and a lower price at other times (see Figure 9a,b). The mean value of the
difference in price for public fast charging and electricity may even be the same but, due to
the increase in Ech, the profits will still increase. Again, consider Figure 9 as an example. It
may be argued that time-variable pricing will also benefit users, as it allows fast charging
to be offered exactly when it is needed by those who really need it and can pay for it. It also
means that users who move to other charging times will be rewarded with lower prices.
How to select a price for public fast charging is a very complex question and requires a
thorough investigation of its own. It is not possible to predict charging prices based on this
brief analysis. Still, this analysis shows that a low price seems achievable. It also highlights
the many ways in which pricing and the haulier’s charging strategy can be changed to
increase charger utilisation and facilitate even lower prices.



Energies 2023, 16, 2793 18 of 22

(a) (b)
Figure 9. Example of charging power demand distribution. (a) The original demand. (b) A more
even demand, with the price adjusted to reflect the demand. Thus, time-variable pricing may lead to
greater charger utilisation.

8. Conclusions

Based on the above analysis, the following conclusions can be drawn for the type of
long-haul trucks studied in this paper.

• Battery-electric trucks with driving patterns similar to those of the haulage company
studied in this paper appear to be more cost effective than today’s diesel trucks, at
least if they do not regularly carry heavy goods. One reason for the competitiveness of
electric line-haul trucks is that they have a high level of battery utilisation and can be
charged during mandatory breaks.

• The study indicates that the main uncertainty factors (in terms of knowing what
charging strategy to use) are the price of public charging and the density of the goods.

• The choice of battery capacity is strongly influenced by the price of public fast charging.
For the case studied in this paper, the price of fast charging has to be 0.17 EUR/kWh if
the haulier chooses the small battery rather than the large one. The size of the battery
could have a significant impact on the total cost of ownership.

• The cost per kWh for public fast charging drops significantly as charger utilisation
increases. A charger utilisation factor of approximately 20–25% should be sufficient to
offer fast charging at a low price such as 0.17 EUR/kWh.

• The ratio Cch
Cdi f f

is an important parameter when analysing the profits of a charge-point
operator, where Cch is the combined cost parameter of the charger and grid and Cdi f f
is the difference between the price of public fast charging and the price of electricity.
This is intuitive since the profits increase with Cdi f f but decrease with Cch. With the
values used in this paper, the ratio ranges from 4 to 15%. This range is caused by the
price uncertainty of public fast charging.

• For public fast charging at fixed prices, a charge-point operator can only be profitable
if, and only if, the demand for charging (expressed as a share of the service life of the
chargers) exceeds Cch

Cdi f f
.

• For public fast charging at fixed prices, the charge-point operator cannot meet the
peak demand for charging in order to maximise profits. The only exception to this
is when the share of the peak-time demand equals at least Cch

Cdi f f
of the service life of

the chargers.
• If the chargers can be profitable for a given demand power distribution, the profits

of the charge-point operator (at a fixed price) can be maximised according to the
procedure described in Section 6.
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9. Future Work

This paper shows that cheap public fast charging is possible if the charger utilisation
is high. Naturally, a high level of charger utilisation can lead to extensive problems with
queuing at charger stations. Thus, an important question for future research is whether
high levels of charger utilisation can be achieved while also having high levels of charger
availability at fast-charging stations.

This paper also shows that the indirect cost of a reduced payload can vary from zero to
very high values. This indicates that different types of transport on the same route can select
different charging strategies or favour, for example, hydrogen fuel-cell powertrains. It will
be crucial to investigate which types of transport are likely to use the different solutions.
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Abbreviations
The following abbreviations were used in this manuscript:

BEV Battery-electric vehicle
EFC Equivalent full cycle

Nomenclature
Bc Battery capacity (kWh)
Bc/m Battery capacity per tonne (kWh/ton)
Bcu Useful battery capacity (kWh)
Cb Battery cost (EUR/kWh)
Cch Combined price for charger and grid (EUR/kW/year)
Cd Diesel cost (EUR/kWh)
Cdi f f Difference in price between public fast charging and electricity (EUR/kWh)
Cdrive Cost of driving a 40-tonne truck (EUR/kWh)
Ce Electricity cost, private charging (EUR/kWh)
Cepub Electricity cost, public fast charging (EUR/kWh)
Cmax

pl The maximum extra cost of losing payload capacity (EUR/kWh)
∆E
∆x The trucks’ energy consumption (kWh/km)
Ech The total energy delivered over the service life of the chargers (kWh)
Etot Total propulsion energy consumed over a truck’s service life (kWh)
fBEV Cost function for the trucks (EUR/kWh)
fch Cost function for the fast chargers (EUR/kWh)
g(rSoC) Number of possible charging cycles for the battery (—)
Γb Battery utilisation factor (equivalent full cycles)
Γch Charger utilisation factor (—)
I The profit for the charge-point operator over time T (EUR)
m0 Battery weight limit for loss of payload (tonne)
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mnpl New payload capacity (tonne)
mpl Payload capacity for a 40-tonne truck (tonne)
mrpl Reduced payload capacity (tonne)
Ncc Number of charging cycles in the battery’s service life (—)
Nch Number of chargers in the rest area (—)
Ntrucks Number of trucks leaving from each terminal (—)
Pch Charger power (kW)
P(t) Demand power (kW)
rch Ratio of private charging to the total amount of energy (—)
rSoC Share of battery capacity that could be used (—)

rt
Ratio of the number of new trucks to the number when there was
no loss of payload capacity (—)

S Distance between terminals (km)
T Service life of truck, charger, and battery (year)
T1 Idle time for the trucks in the afternoon (hours)
T2 Idle time for the trucks in the morning (hours)
Tbreak Duration of the drivers’ breaks (minutes)
Tdrive Annual driving time for the trucks (hours)
Tgap Time interval between trucks (minutes)
Tuse Time when there is demand for at least one charge (years)
v Mean speed of the trucks (km/h)

Appendix A

This appendix estimates the payload of a diesel semi-truck and then estimates the
weight difference between an electric and a diesel truck to find out how much the maximum
payload is reduced by the battery weight.

A conventional diesel 4 × 2 tractor weighs about 6.5 tonnes [22] and an empty semi-
trailer also weighs 6.5 tonnes [23]. Since the maximum gross weight is 40 tonnes, the diesel
semi-truck can have a maximum payload of 27 tonnes.

The weight difference between a diesel powertrain and an electric powertrain can be
estimated based on the weight of the main powertrain components.

Diesel powertrain components:
Engine with fluids (Volvo D13) [24] 1182 kg
Gearbox with oil (Volvo I-shift AT2812 with crawler gears) [25] 339 kg
Diesel tank (600 l diesel + 40 kg tank) 550 kg
Ad-blue tank (50 l @ 1.09 kg/L ) 55 kg
Exhaust after-treatment system (not included) -
Total Weight 2.1 tonnes

Electric powertrain components (excl. battery):
Electric motor—325 kW continuous power (436 hp) 425 kg

(based on DANA HD HV3500-9p [26], but 125% bigger)
2-speed Gearbox for electric motor 150 kg

(estimated from picture of gearbox for Volvo VNR electric)
Power electronic inverter

(based on DANA TM4 CO300 [26], but 140% bigger 50 kg
Total Weight 0.6 tonnes

The diesel powertrain weighs 1.5 tonnes more than the electric powertrain, excluding
the battery. Therefore, the payload is reduced if the battery weight exceeds 1.5 tonnes.

Appendix B

The cost of reducing the payload capacity can be estimated if one assumes that the
reduced payload results in needing more trucks to transport goods. For example, if the
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truck can only carry 90% of the load, there will be a need for 1/90% = 111% of the original
number of trucks to transport the same amount of goods.

The total cost to operate a truck is estimated to be 90 EUR/h, including the salary,
vehicle depreciation, maintenance, insurance, and fuel cost. Since the truck consumes about
100 kW, on average, while driving, the specific total cost translates into 0.9 EUR/kWh. If 11%
more trucks are needed, it would correspond to an indirect cost of 11% · 0.9 EUR/kWh =
0.1 EUR/kWh.

Appendix C

A complete battery pack, including, for example, the housing, battery management
system, cooling, and heating, is assumed to have an energy density of 170 Wh per kg of
total pack weight.

This is very similar to a new electric car such as a VW ID.4, which has a nominal
capacity of 82 kWh and a battery pack weight of 489 kg [27], resulting in 168 Wh/kg.

Volvo trucks do not provide exact specifications for their battery modules but their
90 kWh module is said to weigh about 500 kg [28], which would correspond to 180 Wh/kg.

Appendix D

A working paper by the International Council on Clean Transportation [29] predicts a
battery pack cost of 120 USD/kWh in 2030 and an indirect cost multiplier of 36.8% to cover
the warranty- and battery-related costs of the vehicle manufacturer. This results in a cost of
164 USD/kWh, or 155 EUR/kWh, to the vehicle customer. The estimate used in this paper,
that is, 200 EUR/kWh, is thus a conservative estimate for 2030 and may be reached earlier
than this.
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Abstract: This paper investigates the charging needs and charger utilisation of a system of battery 1

electric trucks and their public fast chargers, along the highway between the Swedish cities of 2

Helsingborg and Stockholm, in a possible future scenario in which all trucks are battery electric. The 3

system is investigated via an agent-based model which simulates a typical day with current levels of 4

truck traffic on the road. The traffic flow is based on hourly truck flow data during a day and the 5

annual flow of trucks. The findings indicate major potential for a well-functioning system of public 6

chargers for trucks, with high utilisation, few queuing problems at charging stations, cheap public 7

fast charging and a robust response to queues caused by peaks or increases in the traffic flow. The 8

number of 900 kW chargers along the road needed to achieve this has been estimated at 140 and the 9

utilisation factor for the chargers is predicted to be 30%. 10

Keywords: battery electric truck; battery electric vehicle; charger utilisation; charging station; charge 11

point operator; long-haul truck; agent-based model 12

1. Introduction 13

The combustion of fossil fuels has severe disadvantages. The oil depletion time is less 14

than 30 years [1], the earth’s climate system has likely been affected [2] and negative health 15

impacts are expressed in the literature [3]. Part of the solution is to stop running trucks 16

on fossil fuels. Several studies have concluded that battery electric trucks could become 17

a cost-efficient, fossil-free alternative to today’s commercial diesel trucks [4][5][6][7][8]. 18

However, it is important to bear in mind that the cost-effectiveness of battery electric trucks 19

is sensitive to driving patterns [4][9] and that relatively uniform driving patterns are best 20

suited to electrification [4][10]. Another possible solution is hydrogen trucks but recently 21

published studies favour battery electric ones [11][12]. The feasibility of battery electric 22

trucks seems promising but fuel cells might be better for heavy-duty trucks on extra long 23

journeys [13]. Thus, there is no unambiguous answer to the question of which power train 24

results in the lowest total cost of ownership; this will depend on how the vehicle is used 25

[14]. The literature also highlights other important factors for cost-effective battery electric 26

vehicles, such as the battery price [15][16] and size [4][17]. Moreover, the price of public fast 27

charging could strongly impact the cost-effectiveness, battery sizing and charging strategy 28

[5]. The charger utilisation must be high enough for the installation to be worthwhile [18] 29

and is a prerequisite for cheap public fast charging [5]. Some advantages of increased fees 30

during rush hours were presented in a previous study [19], including a better meeting of 31

demand, avoiding queues and increased profit. But is it possible to achieve high charger 32

utilisation and simultaneously high charger availability? This question was highlighted as 33

important to future research in a recently published study [5] and will be investigated in 34

the present one. 35

This paper aims to investigate the charging need, the utilisation of public fast chargers 36

and the potential queuing problems at charging stations along the highway between the 37

Swedish cities of Helsingborg and Stockholm, if all trucks currently driving on that road 38

were battery electric. Helsingborg is located on Sweden’s west coast, while Stockholm (the 39
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capital) is located on the east coast. The two cities are connected by the E4 highway and 40

the distance between them is given as 553 km by Google Maps, with the E4 shown as a 41

wavy blue line on the map in Figure 1. The investigations were made using an agent-based 42

model in which each truck counts as one agent. Each truck will have a starting location 43

with a set departure time and state of charge (SoC), plus a set destination with a required 44

SoC upon reaching it. However, the agents will choose where to charge according to a 45

set of rules. This paper focuses on analysing long-haul trucks and is only them we mean 46

when referring to "traffic flow". Where the trucks start and stop, when they start and how 47

many there are has been derived from data from the Swedish Transport Administration 48

[20]. The aim is for this traffic flow to approximate the traffic flow for a typical weekday. 49

The data, the traffic flow produced and the agent-based model will be presented in detail 50

in subsequent sections. An agent-based model was used because it is hard to determine the 51

outcome on a system level from a macroscopic model but much easier to set up reasonable 52

rules for each truck. The agent-based model provides an opportunity to obtain macroscopic 53

results and draw system conclusions just by designing rules on the microscopic level. 54

The main results of this paper are that the future system of electric trucks and charging 55

stations along the studied road apparently has the potential to charge all the trucks with 56

a high charger utilisation rate, few problems with queuing and robustness concerning 57

increased traffic flow or unexpected peaks. 58
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Figure 1. The highway between Helsingborg and Stockholm marked with blue, the map is from
openstreetmaps.org.

2. Traffic Flow Used for the Simulations 59

2.1. Traffic Flow for a Typical Day 60

To investigate the charging trucks, a traffic flow was created between Helsingborg and 61

Stockholm. The aim was to represent the flow of long-haul trucks on a typical weekday. It 62

was assumed that trucks can only enter or leave the road at points where the larger roads in- 63

tersect with the road being investigated, i.e. at Helsingborg, Jönköping, Mjölby, Linköping, 64

Norrköping, Södertälje and Stockholm. Since some of these cities are geographically close 65

to each other, Mjölby, Linköping and Norrköping were regarded as one city located at 66

Linköping, while Södertälje and Stockholm are seen as one city located at Stockholm, see 67

the black dots in Figure 2. Thus, one may regard the road as being divided into three 68

sections: Section 1 between Helsingborg and Jönköping, Section 2 between Jönköping 69

and Linköping and Section 3 between Linköping and Stockholm, again see Figure 2. The 70

traffic flow was created with respect to data from Trafikverket (the Swedish Transport 71

Administration) [20] and the method is presented in Appendix A. The measurement points 72
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for the data were at the minor municipalities of Ljungby (Section 1), Gränna (Section 2) 73

and Tystberga (Section 3). If the origin of the one-dimensional highway described above is 74

placed at Helsingborg, the locations of the important cities and measurement stations can 75

be found using Google Maps, see Table 1. 76

Table 1. Location of the cities and measurement stations.

City/measurement station Location [km]

Helsingborg 0

Ljungby 134

Jönköping 228

Gränna 265

Linköping 355

Tystberga 470

Södertälje/Stockholm 553

The number of trucks starting at each city and their destination used for the simulations 77

are shown in Table 2. Note that all 4,355 trucks (the sum of the left-hand column in the 78

table) depart on a typical day. The rationale for this set-up is explained in Appendix A. 79

Table 2. Setup for the traffic flow.

Start city,
no. Trucks

Destination
Helsingborg,
no. trucks

Destination
Jönköping, no.
trucks

Destination
Linköping, no.
trucks

Destination
Stockholm, no.
trucks

Helsingborg,
1464 - 381 520 563

Jönköping,
909 463 - 221 225

Linköping,
1063 621 199 - 243

Stockholm,
919 388 150 381 -

This will result in a traffic flow according to Figure 2, which is consistent with the data 80

used. 81
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Figure 2. Traffic flow along the studied road for a typical day.

2.2. Time Variations of the Traffic Flow during a Typical Day 82

To create reasonable departure times for the trucks, available data [20] has been used 83

for six days of traffic flow at the three sections. For these days, the hourly traffic flow is 84

available during the course of a day. Unfortunately, data for the same day was not available 85

for all the locations. However, for the analysis in this paper, it is assumed that this may be 86

taken as reflecting just one day. The red curves in Figure 3 show the data that was used. 87

This data is normalised to show the share of daily traffic flow as a function of time. Figure 88

3a shows the data for Section 1, Figure 3b shows the data for Section 2 and Figure 3c shows 89

the data for Section 3. 90

Based on this data, minute-precise departure times were created for the trucks. The 91

blue curves in Figure 3 correspond to the flow that would arise in the model if the departure 92

time was rounded to hours and the trucks travelled at a constant speed v = 75 km/h. Note 93

that the actual flows in the simulations will deviate from the blue curves due to breaks for 94

charging and possible queuing at charging stations. A more detailed description of the 95

method is given in Appendix A. 96
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(a) (b)

(c)

Figure 3. The share of daily traffic flow for each section in the outward and return directions. The
blue curves correspond to the flow that would arise in the model if the trucks only drove at a constant
speed v = 75 km/h without charging. (a) The flow in Section 1. (b) The flow in Section 2. (c) The
flow in Section 3.

The number of trucks starting at each city, plus their destination and departure times 97

are now set. The only remaining data for the simulation is the state of charge (SoC) when 98

the trucks set out and the SoC they should have at their destinations. In this paper, all 99

state-of-charge values in per cent refer to the usable state-of-charge window, and not the 100

actual percentage of the batteries’ total capacity. The starting SoC is drawn from a uniform 101

random distribution in the interval [50%, 100%] and the required SoC at the destination 102

is drawn from a uniform random distribution in the interval [0%, 40%]. This set-up is 103

hopefully representative of a typical weekday on the road. However, it is important to bear 104

in mind that it is only an estimate and that, good or bad, real traffic will differ from this 105

set-up. There will probably be some days with more traffic and some with less. The traffic 106

flow will likely vary more at some times and less at others. This will influence the results 107

of the simulations and is also investigated and discussed in this paper. 108

109

3. Description of the agent-based model 110

3.1. Assumptions 111

The model tries to predict how battery electric trucks will charge on the highway 112

between Helsingborg on Sweden’s west coast and Stockholm on its east cost. However, 113

the problem only considers one road and does not consider the full road network. This 114

is necessary and reasonable in order to keep the scope of the problem reasonable and to 115

expend a sensible amount of work investigating it. Limiting the problem also makes it 116

easier to explore basic behaviour. The road has a length of S = 553 km. All the trucks in 117
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the simulation have a useful battery capacity of Bcu = 500 kWh, a speed of v = 75 km/h 118

and an energy consumption of ∆E
∆x = 1.5 kWh/km. To ensure good initial conditions, the 119

model is run through a typical day twice, starting with empty charging stations. The results 120

presented are from the second of the two days. The prices for charging are the same for the 121

two days and for the day after the second day (some of the trucks will decide whether to 122

charge at the end of the typical day or at the beginning of the next day). Each truck in the 123

simulation has a starting location and a destination in Helsingborg, Jönköping, Linköping 124

or Stockholm. Each truck enters the highway at a certain time with a certain SoC and has 125

an individual SoC requirement at its destination. However, none of the trucks enter the 126

highway with less than 50% SoC and no truck has to have more than 40% remaining SoC 127

when it exits the highway. The aim is to represent a typical weekday; the traffic flow used 128

in the simulation was presented in the previous section. 129

In reality, there are laws controlling how long drivers can drive. For example, drivers 130

must take a break after no more than 4.5 hours of driving. This constraint is not imple- 131

mented in the model but, with the selected battery size, the truck cannot run for more than 132

4.5 hours without charging. 133

There are charging stations along the road and the number of charging stations, their 134

location and the individual number of chargers at each station varies from simulation to 135

simulation. The price for charging depends on the station and the time but has been set 136

at the same value in almost all simulations. However, in all simulations will have at least 137

three charging stations along the way and these will be uniformly distributed along the 138

highway. In this paper, all the chargers have a power P = 700 kW. It is assumed that this 139

power can be used for all trucks regardless of SoC. This implies that a truck will charge its 140

whole useful capacity in 43 minutes. 141

3.2. The Charging behaviour of the Trucks 142

In the simulation, each truck (i.e. each agent) will act according to the following rules: 143

1. The trucks will only charge when they need to complete their mission and only what 144

is necessary to have the required SoC at their destination. 145

2. The trucks will not charge more times than necessary. Taken with the assumptions 146

presented earlier, this implies that none of the trucks will charge more than twice. The 147

assumptions also prevent a truck from reaching zero SoC before it reaches a charging 148

station. 149

3. If a truck needs to charge twice, it will take a full charge the first time. 150

4. A truck arriving to charge at a charging station, will continue to the next charging 151

station if there are too many queuing trucks and if it is able. A queue is deemed too 152

long if the ratio of queuing trucks divided by the total number of chargers at the 153

station is greater than the parameter rqueuing. 154

5. Trucks that can choose between stations while following the above rules will choose 155

to charge at the lowest cost. Trucks that charge twice minimise the cost of the first 156

charge. If the price at the two stations is the same the truck selects the nearest one. 157

3.3. Algorithm Description 158

Firstly, by studying the most extreme trip possible under the assumptions, it is es- 159

tablished that no truck has to charge more than twice. The truck starts in Helsingborg 160

with 50% SoC and should reach Stockholm with 40% SoC. According to the assumptions 161

there must be at least stations at the 138 km, 276 km and 414 km locations. The truck 162

starts at location 0 km and can drive the distance 50% · Bcu/ dE
dx = 167 km. This means it 163

reaches the first station, where it charges to 100% SoC. The truck can now drive the distance 164

Bcu/ dE
dx = 333 km without charging, which means that it will reach the station at the 414 km 165

location. At this station it can, if necessary, charge to 100% SoC again. So the truck needs 166

(S − 414 km) · dE
dx = 209 kWh of energy to drive to Stockholm from the station. Arriving in 167

Stockholm it should then have 40% · Bcu = 200 kWh of energy stored in the battery, thus it 168
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must leave the station with energy of 209 + 200 = 409 kWh stored in its battery. Hence, no 169

truck has to charge more the twice. 170

Before the simulations, it is determined whether each truck can avoid charging or 171

whether it will have to charge once or twice. This is determined as follows. Firstly, the 172

energy the truck is allowed to use without charging is determined as the difference between 173

the starting SoC and the required destination SoC, multiplied by the useful battery capacity. 174

If this energy is greater than needed for the truck to move from its starting location to its 175

destination, then the truck will not need to charge and is removed from the simulation. If 176

the stored energy is not enough, then the truck must charge at least once. A calculation 177

then determines how long the truck could drive with the available energy in the battery. 178

This is compared with the distance to the stations along the road but before the destination. 179

The station nearest the destination that can be reached without charging is then determined. 180

It is then calculated whether the destination can be reached with the prescribed arrival SoC, 181

if the truck leaves the station with 100% SoC. If so, then the truck must charge once; if not it 182

must charge twice. 183

The simulations are run using a time-iterating, agent-based model. At the start of the 184

simulation, the time equals −24 hours, with a typical day simulated twice to get proper 185

initial conditions for the second day. The time then increases in increments of ∆t until it 186

reaches 24 hours. In the simulations conducted in this paper, the time step is set at one 187

minute. The fact that the time step is not extremely small can result in some small errors, 188

meaning that, in some cases, the battery might be overcharged by up to 2 %. However, this 189

does not significantly affect the results and thus the time step is considered sufficiently 190

small. 191

At the time −24 hours the roads and charging stations are empty. Before each time 192

iteration, new trucks enter the highway according to the traffic flow described in the 193

previous section. Each truck that has the maximum distance v · ∆t to a charging station 194

decides whether it should charge by following the charging rules for trucks presented 195

earlier. The decision algorithm proceeds in the following way. 196

If the truck has one charging session left to do, an initial check is made to see that it 197

can drive (starting with a full charge) from the current station to its destination and arrive 198

with the prescribed SoC. If not, then no charging takes place at this station. If it is possible, 199

then a check is made to see whether other stations can be reached before charging. If not, 200

the truck must charge at the current station. If there are alternatives, then it becomes a 201

matter of considering the queue. If there are more queuing trucks per charger than the 202

parameter rqueuing, then the truck does not charge at this station. If the queue is shorter, 203

the truck calculates its destination time at the other stations and compares the prices. If 204

none of the other possible stations has a lower price, it charges at the current station. If 205

any of the other possible stations has a lower price, then the truck does not charge at the 206

current station. If a truck decides to not charge, it simply continues driving and must go 207

through the same decision algorithm again when passing the next station. If the truck 208

decides to charge, it takes only the necessary charge in order to reach its destination with 209

the prescribed destination SoC. 210

If the truck has two charging sessions left to do, the closest station is determined which 211

must be reached for the second charge so that the truck can reach its destination with the 212

required SoC. If this station cannot be reached by fully charging at the current station, then 213

no charge is taken at the current station. If this station can be reached, it is then determined 214

whether other stations can be reached before a charge is needed. If not, then charging must 215

happen at the current station. If there are possibilities to charge at several stations, one 216

consider the queue. If there are more queuing trucks per charger than rqueuing then the truck 217

is not charged at the current station. If the queue is not too long, then prices are compared, 218

as described earlier. Charging takes place at the current station if there are no other stations 219

with cheaper fast charging. If there should be other stations, however, then charging does 220

not take place at the current one. If the truck decides to charge, it charges fully. 221

The trucks that do not charge update their location and SoC according to: 222
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Xi(t + ∆t) = Xi(t) + v · ∆t (1)

where Xi is the location of truck i and 223

SoCi(t + ∆t) = SoCi(t)− v · ∆t · dE
dx

(2)

where SoCi is the SoC of truck i. Then there are queued trucks waiting for charging. These 224

are neither moving nor charging but the trucks’ total queuing time is updated by adding 225

the queuing time ∆t. Finally, there are trucks that are charging. These update their SoC 226

according to: 227

SoCi(t + ∆t) = SoCi(t) + P · ∆t. (3)

For each charging station j, the total energy delivered from the charging station, Ej
charger, is 228

updated according to: 229

Ej
charger(t + ∆t) = Ej

charger(t) + Nj(t) · P · ∆t (4)

where Nj(t) is the number of charging trucks at station j at the time t. Before commencing 230

a new time step, the trucks that have reached their target SoC leave the charging station. 231

If a truck that has finished charging only needs to charge once, it is now removed from 232

the simulation. If it must charge twice, it will continue on the highway until it stops for its 233

second charge and then be removed after the second charge. At the end of each time step, 234

the number of queuing trucks is registered at each station. 235

4. Simulated cases and results 236

The model is executed for different cases which are presented below in the results. In 237

all the simulated cases, except Case 9, the total number of chargers for the system is 105. 238

In this section, the maximum queuing time, the average queuing time, the charger utilisation 239

factor for an individual charging station and the system charger utilisation factor are presented 240

as results from the simulations alongside the number of queuing trucks per charger, as a 241

function of time for the different stations. The maximum queuing time and average queuing 242

time refer to the queuing time per truck during a typical day and not per charge (some 243

of the trucks charge twice). The maximum queuing time is the longest total time a truck 244

had to wait for charging on a typical day. The average queuing time is the mean queuing 245

time for the trucks that actually charge. The charger utilisation factor for an individual 246

charging station is defined as the energy delivered by all the chargers at the station during 247

the typical day, divided by the highest possible energy that can be delivered by the station 248

during that day. The system charger utilisation factor is the total energy delivered by all 249

the chargers in the system during a typical day divided by the maximum amount of energy 250

that can be delivered by all the chargers in the system over one day. 251

Case 1 is a reference case which was defined by manually testing combinations of 252

various different charging stations, their location and the number of chargers until it 253

resulted in a high charger utilisation rate and lingering minor queuing problems. All nine 254

presented cases are described below but first, an overall description of how the different 255

cases differ from Case 1 is presented in Table 3. 256



Version May 15, 2023 submitted to Journal Not Specified 10 of 27

Table 3. Differences between the cases and the reference case (Case 1).

Case Difference from Case 1

Case 1 Reference case

Case 2 Higher price for charging at Station 3 at rush hour

Case 3 The trucks unconcerned with queues at charging stations

Case 4 Same total number of chargers as Case 1, but spread across 6 stations instead of 3

Case 5 Increase in traffic flow of 11%

Case 6 Increase in traffic flow of 32%

Case 7 Increase in one peak of the traffic flow

Case 8 Like Case 7 but trucks unconcerned with queues

Case 9 Like Case 7 but total number of chargers is increased

Case 1 is designed to represent a good system solution. Case two shows an attempt to 257

improve the system solution by pricing. Cases 3 and 8 investigate whether the unwilling- 258

ness to queue is an important system-level attribute. Case 4 examines whether it is more 259

beneficial to have a few stations with many chargers or many stations with few chargers. 260

Cases 5 and 6 evaluate the system’s resistance to an overall increase in traffic flow. Case 7 261

explores whether an unexpected peak in the traffic flow can cause severe queues. Case 9 is 262

designed to show a reasonable safety margin in selecting the number of chargers for the 263

system. 264

265

Case 1: 266

In this case, rqueuing = 0.15 queuing trucks per charger meaning that the trucks avoid large 267

queues if possible. The price for charging is the same for all stations, regardless of time. 268

Table 4 shows how the chargers are distributed in this case. 269

Table 4. Location of the chargers for Case 1.

Section Location [km] No. Chargers

Station 1 1 138 50

Station 2 2 276 25

Station 3 3 414 30

Results for Case 1: 270

The maximum queuing time was nine minutes and average queuing time 0.22 minutes. 271

The system charger utilisation factor was 59% and the individual charger utilisation factor 272

for the stations was 60%, 59% and 58% for Stations 1, 2 and 3 respectively. Figure 4a shows 273

the number of queuing trucks per charger at the different stations as a function of time for 274

Case 1. The results indicate that a high charger utilisation will be possible without having 275

major problems with queuing at the charging stations. 276

277

Case 2: 278

This case is identical to Case 1, with the exception that the price for charging is higher at 279

Station 3 between 12:00 and 14:00, which is when there are a lot of trucks queuing at Station 280

3 in Case 1, see the yellow spike in Figure 4a. 281

282

Results for Case 2: 283

The maximum queuing time was 12 minutes and average queuing time 0.22 minutes. The 284

system charger utilisation factor was 59% and the individual charger utilisation factor for 285
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the stations was 60%, 60% and 58% for Stations 1, 2 and 3 respectively. Figure 4b shows 286

the number of queering trucks per charger at the different stations as a function of time 287

for Case 2. The results seem to show that the queue moved from Station 3 to Station 2 but 288

that the overall level of queuing did not improve. The maximum queuing time actually 289

increased! 290

(a) (b)
Figure 4. Number of queuing trucks per charger at the different stations as a function of time. (a)
Results from Case 1. (b) Results from Case 2.

Case 3: 291

This case is identical to Case 1, except that rqueuing = 100 queuing trucks per charger. In this 292

context, the implication is that the charging trucks do not take queuing time into account 293

when selecting their charging stations. 294

295

Results for Case 3: 296

The maximum queuing time was 15 minutes and average queuing time 0.36 minutes. The 297

system charger utilisation factor was 59% and the individual charger utilisation factors 298

for the stations were 60% for Station 1, 59% for Station 2 and 58% for Station 3. Figure 5 299

shows the number of queuing trucks per charger at the different stations as a function of 300

time, Figure 5a shows the results from Case 1 and Figure 5b the results from Case 3. These 301

results show that the station queuing conditions clearly worsened when the agents did not 302

avoid queues. 303

(a) (b)
Figure 5. Number of queuing trucks per charger at the different stations as a function of time. (a)
Results from Case 1. (b) Results from Case 3.

Case 4: 304

This case is designed to test whether it is better to distribute the same number of chargers 305

across more stations or fewer. The system now has six stations distributed according to 306



Version May 15, 2023 submitted to Journal Not Specified 12 of 27

Table 5 and the number of chargers at each station was manually selected to minimise 307

queuing problems. For this case rqueuing = 0.15 queuing trucks per charger and the price of 308

charging is the same for all stations, regardless of time. 309

Table 5. Location of the chargers for Case 4.

Section Location [km] No. chargers

Station 1 1 138 33

Station 2 1 200 23

Station 3 2 276 18

Station 4 2 320 8

Station 5 3 414 12

Station 6 3 470 11

Results for Case 4: 310

The maximum queuing time was 17 minutes and average queuing time 0.55 minutes. The 311

system charger utilisation factor was 59% and the individual charger utilisation factor was 312

57% for Station 1, 62% for Station 2, 61% for Station 3, 64% for Station 4, 54% for Station 313

5 and 60% for Station 6. Figure 6 shows the number of queuing trucks per charger at the 314

different stations as a function of time for Case 4. The results indicate that it is beneficial to 315

have fewer stations with many chargers rather than many stations with few chargers. 316

317

Figure 6. Number of queuing trucks per charger at the different stations as a function of time for Case
4. The blue, red, yellow, purple, green and light blue curves represent Stations 1 to 6 respectively.

Case 5: 318

This case is the same as Case 1 but 480 departing trucks have been added compared to 319

the typical day. These extra trucks have been distributed so that 120 of them start from 320

each city. The extra trucks in each city have three possible destinations, with 40 of them 321

going to each alternative destination. The departure times for the extra trucks have been 322

drawn from a uniform random distribution with minute precision. The extra 480 trucks 323

correspond to an 11% increase in the number of daily trucks. 324

325

Results for Case 5: 326

The maximum queuing time was 16 minutes and average queuing time 0.62 minutes. The 327

system charger utilisation factor was 65% and the individual charger utilisation factor was 328

65% for Station 1, 65% for Station 2 and 66% for Station 3. Figure 7a shows the number of 329

queuing trucks per charger at the different stations as a function of time for Case 5. The re- 330

sults show that this increase in the traffic flow is handled quite well by the charging stations. 331

332
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Case 6: 333

This scenario is the same as in Case 1 but 1440 departing trucks have been added to the 334

typical day. These extra trucks have been distributed so that 360 of them start from each city. 335

The extra trucks in each city have three possible destinations, with 120 of them going to 336

each alternative destination. The departure times for the extra trucks have been drawn from 337

a uniform random distribution with minute precision. The extra 1440 trucks correspond to 338

a 32% increase in the number of daily trucks. 339

340

Results for Case 6: 341

The maximum queuing time was 21 minutes and average queuing time 1.56 minutes. The 342

system charger utilisation factor was 77% and the individual charger utilisation factor was 343

74% for Station 1, 77% for Station 2 and 81% for Station 3. Figure 7b shows the number of 344

queuing trucks per charger at the different stations as a function of time for Case 6. The 345

results show that this increase in the traffic flow causes some queuing problems at the 346

charging stations. 347

(a) (b)
Figure 7. Number of queuing trucks per charger at the different stations as a function of time. (a)
Results from Case 5. (b) Results from Case 6.

Case 7: 348

This case is the same as in Case 1 but there are 90 extra departing trucks compared to the 349

typical day. All the extra trucks start from Stockholm, with 30 of them driving to Linköping, 350

30 to Jönköping and 30 all the way to Helsingborg. The departure times for the extra trucks 351

have been drawn from a uniform random distribution in the interval [9.4, 10.4] hours, with 352

minute precision where zero corresponding to midnight. This added truck flow is designed 353

to roughly double the peak of Section 3’s return flow, see the blue dashed line in the lower 354

part of Figure 3. 355

356

Results for Case 7: 357

The maximum queuing time was 39 minutes and average queuing time 1.21 minutes. The 358

system charger utilisation factor was 61% and the individual charger utilisation factor was 359

60% for Station 1, 61% for Station 2 and 62% for Station 3. Figure 8a shows the number of 360

queuing trucks per charger at the different stations as a function of time for Case 7. The 361

results show that this system is not resistant to strong, unexpected peaks in the traffic flow. 362

This will be further discussed in the next section. 363

364

Case 8: 365

This case is the same as in Case 7 with the exception that rqueuing = 100 queuing trucks per 366

charger. In this context, that implies that the charging trucks are not taking the queuing 367

time into account when selecting charging stations. 368

369
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Results for Case 8: 370

The maximum queuing time was 68 minutes and average queuing time 2.26 minutes. The 371

system charger utilisation factor was 61% and the individual charger utilisation factor for 372

the stations was 60% for Station 1, 60% for Station 2 and 62% for Station 3. Figure 7b shows 373

the number of queuing trucks per charger at different stations as a function of time for Case 374

8. Again, the results show that the trucks’ unwillingness to queue is an important attribute 375

of the overall system. 376

377

(a) (b)
Figure 8. Number of queuing trucks per charger at the different stations as a function of time. (a)
Results from Case 7. (b) Results from Case 8.

Case 9: 378

This scenario is the same as in Case 7 with the exception that 10 extra chargers have been 379

added to Station 3, bringing the total number of chargers for the system to 115. This is the 380

only case in which the total number of chargers is not 105. 381

382

Results for Case 9: 383

The maximum queuing time was 10 minutes and average queuing time 0.40 minutes. The 384

system charger utilisation factor was 55 % and the individual charger utilisation factor for 385

the stations was 60 % for Station 1, 60 % for Station 2 and 46 % for Station 3. Figure 9b 386

shows the number of queuing trucks per charger at the different stations as a function of 387

time for Case 9, while Figure 9a shows the results from Case 7. These results show that it 388

is possible to achieve a system strongly resistant towards unexpected peaks in the traffic 389

flow by increasing the number of chargers. This is trivial but the results will support the 390

discussion of a realistic system of charger utilisation in the next section. 391

392
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(a) (b)
Figure 9. Number of queuing trucks per charger at the different stations as a function of time. (a)
Results from Case 7. (b) Results of Case 9. Note that the total number of chargers for the system is
115 for Case 9 and not 105, as in all other cases.

5. Discussion and conclusions 393

5.1. Promising results 394

The results from Case 1 indicate a promising future for the system of chargers and 395

battery electric trucks along the highway between Helsingborg and Stockholm. Having a 396

well-functioning system with low queuing times and system charger utilisation as high 397

as 59% gives great opportunities for cheap public fast charging and profitable charging 398

stations [5]. The reason for this high system charger utilisation factor is that the variation 399

in traffic flow over the day is not that great. The trucks operate throughout the day and 400

there is even a significant flow of trucks through the night. This makes it possible to select 401

the number of chargers to almost meet the rush hour demand without having too much 402

overcapacity in the calmer hours. 403

Moreover, according to the results of Cases 5 and 6, the system seems fairly robust in 404

coping with increased traffic if it is uniformly distributed across the day. The simulation 405

in Case 6 resulted in a maximum queuing time of 21 minutes. This is not so much given 406

that the simulation involved almost 5,800 trucks and especially not if this extra-high level 407

of traffic is rare. Still, this case did have some problems with queues at the stations. The 408

system charger utilisation for the case was 77%, which constitutes a very high value. 409

However, although this does seem promising, believing in a well-functioning system with 410

low queuing times and a system charger utilisation factor as high as 59% is perhaps overly 411

optimistic. This is discussed in the next subsection, which presents a more realistic system 412

utilisation factor. 413

5.2. A more realistic system charger utilisation factor 414

The results of Case 1 indicate that the system charger utilisation factor could be as 415

high as 59%. However, when considering the results of Case 7, with its strong increase in 416

one of the traffic flow peaks, it becomes apparent that Station 3 does not have the capacity 417

to provide charging for trucks during rush hour, see Figure 9a. For Case 7, the maximum 418

queuing time was 39 minutes, which is too long. There were also queues of several hours 419

at Station 3. By adding 10 more chargers at Station 3 (as in Case 9), the system works well 420

again, see Figure 9b. For Case 9, the maximum queuing time is down to 10 minutes which 421

should be acceptable. However, this comes at the cost of a reduction in charger utilisation. 422

One might wonder whether it is necessary to scale the number of chargers for such extreme 423

events as a doubling in traffic peak. However, this only represents a 2% increase in the 424

total daily traffic flow. The system may not be deemed sufficiently robust if such long lines 425

can be created at a single charging station even if the extra trucks start during rush hour. 426

Thus there is a need for 10 extra chargers at Station 3, corresponding to an increase of 33%. 427

Since it is not just Station 3 that can be affected by extra peak demand for charging, the 33% 428

increase should be made for all charging stations, resulting in 140 chargers overall (1.33 x 429
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105 chargers). By assuming that the average demand is represented by the demand for a 430

typical day used in the simulations, we obtain a new system charger utilisation factor of 431

105·0.59
140 = 44%, where 105 is the old number of chargers, 140 is the new number of chargers 432

and 0.59 is the old system charger utilisation factor. Taking a restrictive point of view, one 433

might ask whether the same number of trucks is on the roads at weekends as on weekdays. 434

The answer is probably not. If we assume that each truck is on the road only once per 435

weekend, then the new system charger utilisation factor is 44% · 6
7 = 38%. Another factor 436

which will lower the utilisation is if the charging power varies during a charging session. 437

Typically, batteries accept high power during the initial charging phase and then less and 438

less power as the battery’s state of charge is increased. In other words, having an average 439

power of 700 kW will typically require a 900 kW charger. That lowers the charger utilisation 440

by a factor of 700/900. This effect need not be reflected by an equally low grid utilisation. 441

Ultimately, it results in a new, more realistic utilisation factor of 38% · 700 kW
900 kW = 30%; not as 442

high as 59% but clearly still high and promising. 443

So what does a system charger utilisation factor of 30% mean for the price of public 444

fast charging? Previous studies [5] presented a difference per kWh between the price of 445

public fast charging and the price of electricity paid by the charge point operator. Cdi f f has 446

to follow the following inequality in order to to achieve profitable charging stations: 447

448

Cdi f f >
Cch
Γch

. (5)

where Cch is a combined price for the cost of the chargers and grid connection per unit 449

of time with a typical value of 117 e/kW/year = 0.0134 e/kWh and Γch is the charger 450

utilisation factor. Given a charger utilisation factor of 30%, we obtain: 451

Cdi f f >
0.134
0.30

= 0.05 e/kWh. (6)

This allows for both cheap public fast charging and profitable charging stations. Also, 452

the system should have few problems with queuing and be robust in that it can handle 453

increased traffic flow or an unusually high peak in it. 454

This paper has assumed that there is one charger per charging truck. Furthermore, 455

it has been assumed that this charger has access to its own grid capacity corresponding 456

to its maximum power and that this power is constant during the charging session. This 457

made it easy to define a charger utilisation factor and is a reasonable simplification which 458

still allows analysis of one of the main system trade-offs. However, it also hides some 459

interesting ways to allow high availability of chargers while still making effective use 460

of the charger power electronics and grid capacity. Future studies should therefore also 461

consider the possibility of offering charger power that can be distributed to different trucks 462

depending on which truck needs the power, as well as perhaps offering more charging 463

outlets for trucks than the total available charger power and grid capacity. This will avoid 464

drivers having to queue for a charger before they can park their trucks and take their 465

mandatory breaks. 466

5.3. Reducing queues with pricing 467

This study has attempted to reduce the amount of queuing at the stations through 468

pricing. For example, consider the results of Case 1, in the left-hand part of Figure 4. 469

There is a clear spike at noon for Station 3. Although this spike is slender, it does raise the 470

question of whether better results might be obtained by temporarily increasing the price 471

of charging during it. This would make some trucks select another station, even if some 472

chargers were vacant when they arrived. The right-hand part of the figure illustrates this. 473

Indeed, the queuing peak is a little lower for Case 2 but a couple of hours later the peak 474

at Station 2 has increased. The maximum queuing time for the system is now 12 minutes 475

instead of nine and the average queuing time has not improved. Thus, pricing has slightly 476
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improved the local queuing conditions but worsened them a little at system level. There 477

will likely be a situation in which pricing can improve the overall solution but this example 478

illustrates there is no guarantee that it can be improved by pricing, even if there is local 479

improvement. In the simulations, the trucks that did not charge at one station had to go 480

and charge elsewhere. Thus, if a lot of trucks reject a station during rush hour, they must 481

charge at a subsequent station and will once again arrive simultaneously. It might seem 482

that expensive charging during rush hour and lower pricing when demand falls would 483

cause some haulage companies to reschedule their departure times, thus improving the 484

queuing conditions on a system level. However, this has not been investigated. 485

5.4. Queuing reluctance improves the system solution 486

Case 3 is identical to Case 1 with the only exception that in Case 3, the trucks do not 487

take the queuing conditions into account when selecting a charging station. The same goes 488

for Case 8 which is identical to Case 7 but without queuing resistance. When comparing the 489

results from the system in which trucks avoid charging at stations with long queues, with 490

the results from the system in which long queues are not a concern, it is clear that the better 491

solution is for the trucks to take some steps to avoid long queues. This is consistent with 492

what was anticipated. In the simulated cases, both the maximum and average queuing 493

times are increased by roughly 70% when the trucks’ queuing avoidance is removed. A 494

clear queuing difference is shown in Figures 5 and 8. The behaviour of avoiding long 495

queues is undoubtedly realistic and the simulations show that this property is important in 496

achieving good system solutions more easily. The system has some ability to regulate itself; 497

this may make charger booking systems less important or even redundant. 498

5.5. Benefits of gathering chargers at fewer stations 499

To gain more choice as to where to charge along the road, simulations with more than 500

three charging stations were run. Since the results were to be compared with Case 1 the 501

number of chargers was kept the same. However, it was not possible to improve upon or 502

even equal the results of Case 1 by using more charging stations. The simulation in Case 4 503

used six charging stations and resulted in the maximum queuing time and average queuing 504

time being approximately doubled. To some extent, this might be explained by the fact 505

that it is harder to find well-distributed chargers across six stations than across three, as 506

there has been no "proper" optimisation. However, this cannot explain everything, as many 507

different combinations of charger distributions were tested. Even the location and number 508

of new stations was changed. 509

Thus, the simulations indicate that it is better to have fewer stations with many 510

chargers than many stations with fewer chargers. This can be explained by the following 511

two arguments. Firstly, consider a station with fewer chargers and another one with many. 512

Both stations have the same number of queuing trucks per charger. If the trucks at the 513

smaller station are unlucky, all of the (fewer) trucks charging at this station will have just 514

started charging, leading to long queuing times. The probability of this scenario should 515

be significantly less for the larger station with many chargers. This explains the longer 516

maximum queuing time for the case with many stations and fewer chargers. Secondly, if 517

we compare a situation in which all the chargers at one station are occupied, there will be 518

no queue. Now imagine another case in which these chargers are distributed across several 519

stations. Since the trucks are unlikely to always distribute in the exact same way, there 520

will often be unused chargers at some stations and queues at others, despite the number 521

of charging trucks being the same as the number of chargers. This is one reason why the 522

average queuing time increases when there are many stations with few chargers. 523

5.6. Limitations of the Study 524

This paper has studied a complex system using a fairly simple model. As with any 525

model, this one has weaknesses and the results and conclusions should be regarded as 526

estimates and not absolute truth. For example, the method for finding the origins and 527
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destinations involves some assumptions which are not based on data. The data is a few 528

years old and may not be representative of the traffic flow in the future. The data for the 529

time variations of the flow is especially important to the results. The time variations are 530

taken from a just few days and no long-term data was available at the measurement sites to 531

allow a study of how representative these days were. 532

Although the rules for the agents sound reasonable, real drivers might not behave 533

in this way. The simulations assumed that a truck moves on immediately when it has 534

completed its charging, making the charger available again. But is it probable that a driver 535

taking a break might move their truck just because the truck has finished charging? This 536

behaviour influences the result. One way to address this problem is to have the drivers 537

pay for the time spent at the charger and not just the energy. Then staying longer than 538

necessary might not be so attractive (and if the truck lingers, the charge point operator will 539

be paid for the extra time). However, this behaviour still leads to a blocked charger that 540

might have been used by another truck. Another way to reduce this problem is to have 541

more charger outlets than chargers at the station and design things so that the available 542

chargers can be directed to the charger outlets which need them at that moment. In other 543

words, a truck that lingers at a charger will not prevent that charger from being used as it 544

occupies just one outlet. 545

The results of this system seem very promising, with the number of chargers selected 546

to meet demand by a necessary margin. The goal was to satisfy users but having fewer 547

chargers results in high utilisation and necessitates accepting some minor queues. But is 548

this the case in the free market? If the system has all the chargers it needs, works well and 549

is profitable, what is there to stop a new charge point operator from entering the market if 550

there is money to be made? All the charge point operators might still profit but the system 551

has too many chargers. So if utilisation becomes high enough, a free, competitive market 552

may result in no queues, even during rush hour. 553

This subsection began with the fact that a complex system has been simulated by a 554

fairly simple model. Naturally, it is possible to make the model more complicated but 555

there is absolutely no guarantee that a more complicated model would yield more accurate 556

results or a better understanding of the simulated system. 557

5.7. Conclusions 558

Despite having to rely on some assumptions (including ones about charging behaviour) 559

to model how long-haul trucks drive, this investigation has produced some interesting 560

conclusions on how well a system of public chargers for long-haul trucks might perform 561

and on some factors influencing its effectiveness. 562

1. This type of agent-based model seems a good way of investigating a suitable design for 563

a charging system and how to make it cost-effective while providing high availability 564

of chargers with a low risk of queuing. The study also shows that many more things 565

need to be included in the model and that better data is needed before the results can 566

be used in a real system design. 567

2. Hourly data on the flow of heavy trucks with trailers on the E4 between Helsingborg 568

and Stockholm suggests that long-haul trucks flow quite evenly throughout the 569

day and with significant numbers at night. Combining the truck flow data with 570

some assumptions about battery sizes and charging behaviour suggests that charging 571

demand may also be quite even. 572

3. A future system of battery electric trucks and public fast chargers along the highway 573

between Helsingborg and Stockholm seems likely to work well. The relatively uniform 574

traffic flow of trucks results in high charger utilisation, which may lead to a system 575

with low prices for public fast charging and profitable charging stations. Moreover, 576

there seemed to be few queuing problems at the charging stations. The system will 577

also be robust in the face of increased traffic flow or unusual peaks in traffic flow, as 578

queuing times are not especially high even when the number of trucks increases. 579
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4. It has been estimated that full electrification of the long-haul truck fleet would require 580

140 chargers along the highway between Helsingborg and Stockholm, each with the 581

power of 900 kW. 582

5. The system charger utilisation factor has been estimated at 30 % which is very high, 583

especially considering that it is achievable with such minor queuing problems. 584

6. The study indicates that a system with a constant number of chargers will better 585

resist queues if there are few charging stations with many chargers rather than many 586

charging stations with few chargers. 587

7. One simulation shows that varying the charging price may lead to more queuing 588

across the whole system, even if it improves the local queuing at one particular station. 589

8. The truck drivers’ unwillingness to queue is important and leads to less queuing on 590

the system level. 591
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Bcu Useful battery capacity of the trucks [kWh]
Cch Combined price for the cost of the chargers and grid connection [e/kW/hour]
Cdi f f Difference in price of electricity and public fast charging [e/kWh]
∆E
∆x Energy consumption of the trucks [kWh/km]

∆t Time step [min]
Ej

charger(t) Total energy delivered by station j at time t [kWh]
F1 f Outward flow in Section 1 [trucks/day]
F2 f Outward flow in Section 2 [trucks/day]
F3 f Outward flow in Section 3 [trucks/day]
F1b Return flow in Section 1 [trucks/day]
F2b Return flow in Section 2 [trucks/day]
F3b Return flow in Section 3 [trucks/day]
F1in Incoming flow to Jönköping [trucks/day]
F2in Incoming flow to Mjölby/Linköping/Norrköping [trucks/day]
F1out Outgoing flow from Jönköping [trucks/day]
F2out Outgoing flow from Mjölby/Linköping/Norrköping [trucks/day]
Γch Charger utilisation factor [-]
Nj(t) Number of charging trucks at station j at time t [-]
P Power of the chargers [kW]

rququing Queuing parameter [trucks/charger]
S Distance between Helsingborg and Stockholm [km]

SoCi(t) State of charge for truck i at time t [-]
v Mean speed of the trucks [km/h]
xi Approximate number of trucks starting in city i [-]
Xi(t) Location of each truck i at the time t [km]

yij Approximate number of trucks traveling from city i to city j [−]

613

Appendix A Creating the traffic flow for the simulations 614

Appendix A.1 Traffic flow for a typical day 615

In order to be able to investigate the charging trucks, a traffic flow between Helsingborg 616

and Stockholm was created. The aim was to create a traffic flow for long-haul trucks on 617

a typical weekday. It was assumed that trucks only can join the road at points where 618

the larger roads connect to the road being investigated, i.e. at Helsingborg, Jönköping, 619

Mjölby, Linköping, Norrköping, Södertälje and Stockholm. Since some of these cities are 620

geographically close to each other Mjölby, Linköping and Norrköping were regarded as one 621

city located at Linköping, while Södertälje and Stockholm were seen as one city located at 622

Stockholm (see the black dots in Figure A1). To create a plausible traffic flow, data from the 623

Swedish Transport Administration [20] was used. The data used was the annual average 624

daily traffic flow of trucks with trailers at three different intersections of the road; the small 625

municipalities of Ljungby, Gränna and Tystberga. Trucks without trailers were excluded 626

because it was assumed that this type of truck does not drive long distances and would 627

therefore not need to charge along the E4. The three locations were selected because they 628

are some distance from major cities, meaning that there would probably be only a few 629

trucks that drive short distances. The available data does not cover every year, so 2018 630

and 2019 were selected. According to another Swedish government authority, Trafikanalys 631

(Traffic Analysis) [21], the total number of truck transports was 45 million in 2018 and 43 632

million in 2019. Therefore when traffic flows from year 2018 have been used it is scaled 633

by a factor 43/45. Figure A1 shows the data for the traffic flow along the studied road, 634

plus the traffic flow of trucks with trailers from the larger roads connecting to the studied 635

road. This data also came from the Swedish Transport Administration [20]. The variable 636

name for the different flows are defined by the figure. The traffic flow along the studied 637

road is marked with black arrows and the traffic flow connecting or leaving the road is 638

marked with red ones. The studied highway was divided into three sections: Section 1 639

between Helsingborg and Jönköping, Section 2 between Jönköping and Linköping and 640

Section 3 between Linköping and Stockholm (as illustrated in the figure). The location for 641
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the measurement points can also be seen in the figure; these points are marked with blue 642

lines and correspond to the measurement stations at Ljungby, Gränna and Tystberga, with 643

the flow shown as trucks per day. The outward direction from Helsingborg to Stockholm 644

can now be marked with a black arrow in Figure A1, and the opposite way for the return. 645

Figure A1. The traffic flow along the studied road is marked with black arrows and the traffic flow
that connects or leaves the road is marked with red arrows. The flow is shown in trucks per day.

If we now place the origin of the one-dimensional highway described above at Hels- 646

ingborg, the locations for the important cities and measurement stations can be found using 647

Google Maps, see Table A1. 648

Table A1. Location of the cities and measurement stations.

City/Measurement Station Location [km]

Helsingborg 0

Ljungby 134

Jönköping 228

Gränna 265

Linköping 355

Tystberga 470

Södertälje/Stockholm 553

The aim was to find reasonable values for how many trucks starts in each city (marked 649

with black dots in Figure A1) and their destinations on a typical day so that the flows in 650

Figure A1 (marked with black arrows) were properly fulfilled. Note that there are many 651

different ways to do this, but to conduct the simulation it was sufficient to find just one 652

realistic solution. Table A2 defines the number of trucks starting in each city as xi where 653

i ∈ {1, 2, 3, 4} and their corresponding destinations yij where i ̸= j and i, j ∈ {1, 2, 3, 4}. 654

Thus, xi is the number of trucks starting in city i and yij is the number of trucks travelling 655

from city i to city j with Helsingborg, Jönköping, Linköping and Stockholm corresponding 656

to cities 1, 2, 3 and 4 respectively. 657
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Table A2. Variables for the number of trucks starting in different cities and their destinations.

Start city,
no. trucks

Destination
Helsingborg,
no. trucks

Destination
Jönköping, no.
trucks

Destination
Linköping, no.
trucks

Destination
Stockholm, no.
trucks

Helsingborg,
x1 - y12 y13 y14

Jönköping,
x2 y21 - y23 y24

Linköping,
x3 y31 y32 - y34

Stockholm,
x4 y41 y42 y43 -

By starting at Helsingborg and moving in the outward, direction it is apparent that we 658

must start with 1464 trucks at Helsingborg to fulfil the outward flow in Section 1. Thus, 659

x1 = 1464. The 600 trucks entering Jönköping come from the road from Gothenburg. Since 660

this is a detour, it might seem unlikely that trucks will dive from Gothenburg to Helsingborg 661

via Jönköping, or vice versa. Therefore, it might seem that the trucks from Gothenburg 662

would either drive through Jönköping or stop and turn back. The same may be assumed 663

for trucks from Helsingborg. By assuming that equal shares, t, of trucks from Gothenburg 664

and Helsingborg drive through Jönköping and that this total equals the outward flow in 665

Section 2, we may formulate the equation: 666

F1in · t + F1 f · t = F2 f . (A1)

By solving the above equation, we find that t ≈ 0.74 and may then conclude that the 667

number of trucks starting in Helsingborg and stopping at Jönköping is: 668

y12 = (1 − t) · F1 f = 379. (A2)

Further on, assuming that the trucks moving in the outward direction in Section 2 either 669

drive towards Stockholm or turn off the road at the end of Section 2, it is natural to believe 670

that: 671

y13 = (x1 − y12) ·
F2out

F2out + F3 f
= 523. (A3)

where x1 − y12 is the number of trucks from Helsingborg that do not stop in Jönköping and 672

F2out
F2out+F3 f

is the share of trucks from the outward flow in Section 2 that turn off the road in 673

Linköping. Thus, we know the number of trucks going from Helsingborg to Linköping. 674

The rest of the trucks from Helsingborg go all the way to Stockholm and number: 675

y14 = x1 − y12 − y13 = 562. (A4)

We now start at Stockholm and move in the return direction. The number of trucks 676

starting at Stockholm has to be 919 in order to fulfil the return flow in Section 3. Thus 677

x4 = 919. Using the same argument as earlier, the number of trucks going from Stockholm 678

to Linköping is: 679

y43 = F3b ·
F2out

F2out + F2b
= 381. (A5)



Version May 15, 2023 submitted to Journal Not Specified 23 of 27

So the number of trucks going from Stockholm to Jönköping is: 680

y42 = (x4 − y43) ·
F1out

F1out + F1b
= 150. (A6)

Thus the number of trucks going from Stockholm to Helsingborg is: 681

y41 = x4 − y43 − y42 = 388. (A7)

Making the same assumption as earlier, the number of trucks starting at Jönköping and 682

driving to Helsingborg may be written as: 683

y21 = x2 ·
F1b

F1b + F2 f
= 0.49x2. (A8)

The number of trucks starting at Jönköping and driving to Linköping will then be: 684

y23 = x2(1 −
F1b

F1b + F2 f
) · F2out

F2out + F3 f
= 0.25x2 (A9)

and the remaining trucks starting at Jönköping and driving to Stockholm becomes: 685

y24 = x2 − 0.49x2 − 0.25x2 = 0.26x2. (A10)

For the trucks starting at Linköping, the number of trucks going towards Stockholm may 686

be determined by: 687

y34 = x3
F3 f

F3 f + F2b
= 0.43x3. (A11)

The number of trucks going to Jönköping can be determined by: 688

y32 = x3 · (1 −
F3 f

F3 f + F2b
) · F1out

F1out + F1b
= 0.16x3 (A12)

and the number of trucks to Helsingborg becomes: 689

y31 = x3 − 0.43x3 − 0.16x3 = 0.41x3. (A13)

To fulfil the traffic flow according to Figure A1, the following equations may be formulated: 690
y23 + y24 + y13 + y14 = F2 f

y24 + y34 + y14 = F3 f

y31 + y32 + y42 + y41 = F2b

y21 + y31 + y41 = F1b

(A14)

or equivalent: 691
0.25x2 + 0.26x2 + y13 + y14 = F2 f

0.26x2 + 0.43x3 + y14 = F3 f

0.41x3 + 0.16x3 + y42 + y41 = F2b

0.49x2 + 0.41x3 + y41 = F1b

(A15)

which simplifies to: 692
0.51x2 = 444
0.26x2 + 0.43x3 = 469
0.57x3 = 820
0.49x2 + 0.41x3 = 1084.

(A16)

By using the least square method we find that: 693
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x2 = 864 (A17)

and: 694

x3 = 1244. (A18)

Now, Table A2 becomes: 695

Table A3. Summary of traffic flow so far.

Start city,
no. trucks

Destination
Helsingborg,
no. trucks

Destination
Jönköping, no.
trucks

Destination
Linköping, no.
trucks

Destination
Stockholm, no.
trucks

Helsingborg,
1464 - 379 523 562

Jönköping,
864 423 - 216 225

Linköping,
1244 510 199 - 535

Stockholm,
919 388 150 381 -

This set-up will result in a traffic flow as per Figure A2. 696

Figure A2. Traffic flow along the studied road with the set-up according to Table A3.

Using the set-up according to Table A3 we come quite close to the actual flow from 697

the data presented in Figure 1. However, if the set-up in Table A3 is changed slightly (as 698

per Table A4) the exact same flow is obtained as in the data presented in Figure 1. This is 699

the final set-up of the traffic flow used in this paper to simulate a typical day. 700
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Table A4. Final set-up of the traffic flow.

Start city,
no. trucks

Destination
Helsingborg,
no. trucks

Destination
Jönköping, no.
trucks

Destination
Linköping, no.
trucks

Destination
Stockholm, no.
trucks

Helsingborg,
1464 - 381 520 563

Jönköping,
909 463 - 221 225

Linköping,
1063 621 199 - 243

Stockholm,
919 388 150 381 -

The method for determining the traffic flow may rightly be questioned. However, 701

due to data privacy concerns, detailed data on individual truck movements has not been 702

available to us. However, the results still serve their purpose, which is to roughly represent 703

the flow of trucks on a typical day. 704

Appendix A.2 Time variations in traffic flow during a typical day 705

To create reasonable departure times for the trucks, data has been used [20] which 706

covers the hourly traffic flow of trucks with trailers, over a 24-hour period at the three road 707

sections. The times for starting to take measurements at the different sites are presented in 708

Table A5. Unfortunately, the same day for the data was not available for all the measurement 709

sites. However, this paper has assumed that this may still be deemed to reflect the same day. 710

The red curves in Figure A3 show the data that was used, with solid curves representing 711

the outward direction and dashed curves representing the return direction. The data is 712

normalised to show the share of daily traffic flow as a function of time. Figure A3a shows 713

the data for Section 1, Figure A3b shows the data for Section 2 and Figure A3c shows the 714

data for Section 3. 715

Based on this data, the time variation is created by starting with the outward direction 716

in Section 1, at Ljungby. Each truck’s starting hour (0 to 23) from Helsingborg is randomly 717

selected from a distribution so that, provided the trucks have a mean speed of v = 75 km/h 718

from Helsingborg to Ljungby, the traffic flow will reflect the data. Where time equals zero 719

corresponds to midnight. Once the Starting hour has been selected, an integer between 720

−30 and 30 is selected at random and with equal probability. A corresponding number 721

of minutes is then added to the starting time. The data flow in Section 1, at Ljungby, is 722

then assumed to have been fulfilled. The trucks driving from Helsingborg and passing 723

Jönköping are removed from the data in Section 2, at Gränna under the assumption that 724

they travel from Ljungby to Gränna at the same mean speed v. Once the trucks have been 725

removed from the distribution, a new distribution is obtained for the outward flow in 726

Section 2, at Gränna. If the distribution is below zero for a given hour, it is set to zero 727

for that hour. New departure times are now created for the truck from Jönköping in the 728

outward direction, using the same method as for Section 1 but with the new distribution 729

for Section 2. By setting the distribution in Section 3 as earlier (but with the trucks from 730

both Helsingborg and Jönköping that reach Section 3 removed), the outward flow from 731

Linköping is created. The same procedure was repeated for the return flow but with a 732

starting point in Section 3. If the selected starting time for any truck happens to lie outside 733
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the interval of [0, 24) hours (representing a typical day), the time is corrected by periodicity. 734

Thus, say, −22 minutes is replaced by −22 minutes +24 hours = 23 and 38 minutes. 735

The start time for each truck is now selected with minute precision and can be used as 736

input for the simulations. By rounding the starting time to hours and assuming that each 737

truck will maintain a mean speed v, the traffic flow used in the model can be compared to 738

the data. See the blue curves in Figure A3, in which the solid curves represent the outward 739

direction and the dashed curves represent the return direction. Note that the actual flows 740

in the simulations will deviate from the blue curves due to breaks for charging and any 741

queuing at charging stations. 742

Table A5. Date for time variation of the data. The flow is given for each hour and is measured over
one day.

Measurement site and direction Start

Ljungby, Outward Thursday, 14th March 2019, 11.00

Ljungby, Return Thursday, 14th March 2019, 12.00

Gränna, Outward Wednesday, 20th March 2019, 13.00

Gränna, Return Wednesday, 20th March 2019, 13.00

Tystberga, Outward Wednesday, 11th July 2018, 23.00 p.m

Tystberga, Return Thursday, 9th August 2018, 07.00

(a) (b)

(c)

Figure A3. Share of daily traffic flow for each section in the outward and return directions. The blue
curves correspond to the flow that would arise if the trucks were only driven at a constant speed
v = 75 km/h without charging. (a) Flow in Section 1. (b) Flow in Section 2. (c) Flow in Section 3.
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The number of trucks starting at each city and their destinations and departure times 743

are now set. 744
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