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Abstract: Our joint environmental and energy commitments mean we must reduce the building’s
energy use. Improved central heating control can play a role in how this is accomplished. There are
three common control strategies: feedforward (traditional), feedback, and model predictive control
(MPC). The latter two often work in parallel, where feedback uses indoor temperature sensors to
adjust the supply water temperature. In contrast, the supply temperature setpoint is continuously
calculated in MPC, fed with weather forecasts. The weather forecasts are often highlighted as essential
ingredients in MPC, but at the same time, it is emphasized that temperature sensors are used to
ensure a pleasant indoor temperature. To an outside observer, it is difficult to determine what is what
in such combined control arrangements. Is energy saved because of the room sensors or because of
the model? And what role do the weather forecasts play? This study quantifies the impact of the
control strategy on energy use and indoor temperature. It concludes that PI-based feedback heating
control saves approximately as much energy as MPC, and weather forecasts do not save significantly
more energy than real-time weather data but are easier to obtain. The overall results for both control
strategies align with the lower end of the result ranges of previous studies. The novelty is that the
impact of weather forecasts has been studied separately and that different control strategies are
compared against each other based on a model of a typical Swedish multi-family building.

Keywords: energy; muli-family building; heating control; model predictive control; digital twin; MPC

1. Introduction

Buildings account for a large proportion of Europe’s total energy use. It is therefore
essential to make it more energy efficient. In multi-family buildings, heating often accounts
for most energy use, especially in cold countries like Sweden. However, many measures
are expensive and require extensive effort. In that context, improved heating control can be
a simple and attractive supplement to implement quickly.

According to several studies, the average indoor temperature in Swedish multi-family
buildings is about 22.0–22.5 ◦C [1–4] during the heating season. This can be compared
with the Swedish Public Health Agency’s (Folkhälsomyndigheten) guidelines of at least
20.0 ◦C [5]. The difference underlines a savings potential partly related to heat control.

But lowering indoor temperatures without it getting too cool is generally easier said
than done. Poor adjustment of the radiator systems means there are often temperature
differences between apartments (spatial variation), while poor heating control leads to
temperature variations over the day (temporal variation).

This article focuses on improved central heating control of waterborne radiator sys-
tems. In principle, there are three strategies:

(1) Feedforward. This traditional strategy only considers outdoor temperatures.
(2) Feedback. This strategy is based on feedforward but also considers measured in-

door temperatures.
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(3) Model-based. This strategy processes various measurement data, such as indoor
temperature (feedback) and weather, through algorithms in theoretical models of
buildings. The technology can be adaptive so that it gradually learns to predict the
required heating needs.

Feedback control considers internal heat gain and solar radiation indirectly through
temperature sensors in the apartments. This is a reactive control strategy that, on the one
hand, only reacts after the fact but, on the other hand, is completely adapted to the indoor
environment experienced by the occupants. Model-based control is a proactive control
strategy that considers various external inputs, either in the form of real-time measurement
data or weather forecasts. It can also handle forecasts of daily patterns, etc. As a rule,
however, the model-based control is supplemented with indoor temperature sensors.
Model-based control in these contexts is thus, in practice, a combination of feedback and
model-based control. One of the reasons for using weather forecasts instead of real-time
weather data are that the heating control can react proactively and on several parallel
weather components. Another reason is that weather forecasts are much more convenient
to access compared to real-time measurement data from official weather stations or their
own measurement arrangements for solar radiation, wind, temperature, etc.

In parallel with the central heating control providing the heating system with a supply
water temperature, the hot water flow is also controlled locally by thermostats on radiators
(see Figure 1).
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Figure 1. A radiator system and its connection with the local district heating system (DH) via a
heat exchanger.

A survey from 2010 [6] found that an overwhelming majority of Swedish multi-family
buildings have thermostatic radiator valves. Even though the survey did not investigate
their status and function in practice, it is generally known that their function could be better.
One reason is their large control range (often 2 ◦C), and they are relatively slow and easy
to manipulate. Another common reason is that they often get stuck in the closed position
after throttling the water flow during the summer. The need for advanced central heating
control would probably decrease with better-functioning thermostats.

This article reports on a study whose purpose was to evaluate the energy-saving
potential and impact on the indoor temperature of model-based control, with and without
weather forecasts, and to compare it with feedforward and feedback control. This study’s
novelty lies in the fact that the impact of weather forecasts has been studied separately and
that different control strategies are pitted against each other based on a typical Swedish
multi-family building model. By using simulation models, the impact of the weather
forecast could be studied separately. An alternative, based on actual measurements from
several multi-family buildings, would have been disturbed by other influencing factors
such as the residents’ activities and, not least, other heating control components.

There has been a rapid growth in research about model predictive control (MPC) in
buildings during the last decade. The reason for this is twofold. Firstly, the possibilities
have seen tremendous growth due to increased computational power, more advanced
simulation models, the availability of cheap, reliable, and easy-to-use sensors (temperature,
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carbon dioxide concentration, occupancy, light, etc.), and more controllable and connected
energy systems (remotely controlled heat pumps, thermostats, etc.). Secondly, the need has
also grown, primarily due to more use of both onsite and offsite renewable and intermittent
energy sources, making energy prices more volatile and incentivizing the utilization and
control of active energy storage systems such as hot water storage tanks and batteries.

Various review articles have summarized and analyzed different subsets of the vast
amount of MPC research. A review article on MPC with weather forecasts in commercial
buildings was presented by Lazos et al. [7]. The analysis also included energy pricing and
electricity generation by wind and solar. It was concluded that taking weather forecasts
into account could lead to energy savings of 15–30%. Serale et al. [8] reviewed and compiled
energy savings from previous MPC research. Reported average energy savings were 15–20%,
although substantially lower (<5%) and higher (>40%) were also reported. Pfeiffer et al. [9]
also presented a review article comparing MPC with other strategies. Notable advantages
were energy savings, cost efficiency, and robustness, while the disadvantages were the need
to identify a suitable model and the cost of the installation, which may be high.

Mariano-Hernández et al. [10] reviewed various building energy management system
strategies, one of which was MPC, and concluded that most of the available research on
MPC is focused on non-residential buildings. This was contradicted by Taheri et al. [11],
who also conducted a state-of-the-art review and found that 41% of the MPC research
governed residential buildings. Yao & Shekhar [12] conducted a state-of-the-art review
of MPC in the HVAC field. They concluded that MPC outperforms conventional control
regarding energy-saving, minimizing cost, and maximizing thermal comfort. Similarly,
Afram & Janabi-Sharifi [13] presented a review article, highlighted the advantages and
disadvantages of different control strategies, and concluded that even the simplest MPC
systems outperformed traditional non-predictive control. In contrast, Lomas et al. [14]
concluded that, despite the vast amount of research, there is no high-quality evidence
about the impact on energy demand. The authors called for well-founded, large-scale,
multi-disciplinary, multi-year field trials. Focusing more on control of an active energy
storage system in the building, Thieblemont [15] presented a state-of-the-art review and
pointed out the work required to set up a helpful model as a potential drawback when
implementing MPC in existing buildings.

Rocket et al. [16] presented a review article focusing on practical implementation rather
than control-theoretic aspects, and Hilliard et al. [17] presented a review article focusing on
commercial buildings. Afram et al. [18] conducted a comprehensive review article on an
artificial neural network based on MPC. They concluded that minimizing energy costs is
better than minimizing energy use and that an active thermal energy storage system can
be beneficial. Also, Mirakhorli et al. [19] presented a review article and concluded that it
is better to include the whole building in the model rather than only a heat pump or one
single zone. It was also concluded that a one-hour timestep is insufficient to capture the
dynamics of HVAC equipment; a 5- to 15 min timestep was recommended.

The most comprehensive and up-to-date MPC review article is by Drgoňa et al. [20].
The article, entitled All You Need to Know About Model Predictive Control for Buildings, gives
an exhaustive overview of modeling approaches, performance assessment methodologies,
methods for uncertainty mitigation, solution techniques, etc. It is also concluded that,
despite the large amount of research in this area, practical applications are still in the
early stages. Hence, the authors provided guidelines for practical implementation in
real-world applications.

Privara et al. [21] implemented MPC with weather forecasts in a university building
in Prague. Energy savings of 17–24% were achieved, and it was concluded that the mathe-
matical model of the building was a crucial part of the implementation. Miezis et al. [22]
proposed an algorithm for model predictive control of a heating system in a Latvian multi-
family building. The heating system consisted of heat pumps, electric heaters, and water
tanks. The algorithm, fed with weather forecasts and electricity tariffs, was tested by
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simulations for one month and reduced the electricity cost by 13% and carbon dioxide
emissions by 9%.

Oldewuertel et al. [23] did a simulation-based study and investigated MPC with
weather forecasts in different climates, HVAC systems, and types of buildings. The control
was not restricted to heating but included control of blinds, lighting, cooling, ventilation,
airflows, etc., and both perfect and inaccurate forecasts were analyzed. They concluded
that MPC can offer significant energy savings, but the performance will vary with the
quality of the model and the available input data.

While most, including the present, articles utilize conventional weather forecast ser-
vices, Willegas-Mier et al. [24] studied a more innovative approach where a fisheye camera
was used to track the movements of clouds to predict solar irradiance. In contrast to energy
savings and improved thermal comfort, Hedegaard et al. [25] studied another advantage of
MPC. Since MPC requires data from a weather forecast service, it were studied whether this
data could also eliminate the need for onsite measured weather data. It was a simulation-
based study on residential buildings in a Danish climate. It was concluded that onsite
measurements could be eliminated with only a minor influence on performance. Energy
savings decreased by 0.5%, and daily average comfort violations increased by less than
0.1-degree hours.

Cesari et al. [26] studied MPC while increasing the thermal storage capacity of a
lightweight building by introducing a phase-changing material. The simulation-based
study showed that, thanks to the weather forecast-based control, heating and cooling
demand were reduced by 4% and 8%, respectively. It was also concluded that a prediction
horizon of 12 h was preferred during heating, while a prediction horizon of 6 h was better
during cooling conditions.

Cholewa et al. [27] studied a simple and low-cost system to improve heating control
in one multi-family building and one office building in Poland. The system considered
weather forecasts (temperature, wind speed, and solar insolation) and made it possible to
set desirable night setback temperatures. Installation required less than 2 h and required
no model. The energy savings were 15.2% in the residential building and 24.1% in the
office building. A long-term field evaluation of the same system, this time in seven res-
idential and three office buildings in Poland, was presented by Cholewa et al. [28]. The
forecast control system decreased the heating demand by 10–19% (averaging 13.4%) in the
residential buildings and by 8–14% (averaging 10.7%) in the office buildings. The average
payback time for all buildings was 0.6 heating seasons. It was concluded that MPC was
especially favorable in climates with a high daily amplitude of outdoor temperature, many
hours of solar radiation, and long periods of transition between fall and winter as well as
between winter and spring. Also, Pietrowska-Woroniak et al. [29] reported energy savings
when installing weather forecast-based heating control in Polish buildings. Twenty-two
residential multi-family buildings built between 1983 and 1996 were included in this study.
Prior to the installation, the control system took only the current outdoor air temperature
into account. The new control system used not only forecasted weather but also current
wind speed, solar radiation, precipitation, indoor temperature, and humidity. The analysis
included investigating differences between non-renovated buildings and buildings that
had undergone major thermal modernization. It was shown that the heating demand
decreased by 4.5–25.2% (averaging 13.2%) in the non-renovated buildings and by 2.4–29.5%
(averaging 8.7%) in the modernized buildings. In addition, the heating demand increased
in two of the modernized buildings.

While a lot of previous research on MPC governs active thermal energy storage
systems and power generation [30], the present article is about a very typical Swedish
residential building from the 1970s, with neither active thermal energy storage nor onsite
power generation. Furthermore, while many previous articles focused on demand-side
flexibility, aiming at enhancing the penetration of renewables [31], the focus of the present
article is to minimize energy use.
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2. Materials and Methods

By analyzing a building model in the simulation tool IDA ICE, the energy-saving
potentials and impacts on indoor temperature of different control strategies were quantified.
The weather data (climate file) consisted of data from Stockholm, Sweden, in 1977, since
that year were considered metrologically representative for the area. Although climate
change has driven up outdoor temperatures since then, the principle of this study remains
the same. The building could be in a cooler location. Climate files in IDA ICE contain
information on the outdoor dry bulb temperature, solar intensity (diffuse and direct), wind
direction, and wind speed. In cases where the modeled building had weather forecast
control, identical climate data were used, i.e., perfect weather forecasts. The control strategy
cases are summarized in Table 1.

Table 1. Summary of the control strategies, Cases 1–4.

I II III IV V VI VII VIII IX

1A X

1B X X

1C X X

2A X X X

2B X X X

3Aa X X

3Ab X X

3B X X X

4 X

I 50% thermostats VI Model (non-manipulatade weather data)
II 100% thermostats VII Model (manipulated weather data)
III Outdoor temperarture (single weather parameter)
IV Indoor temperature (P) VIII Weather forecast
V Indoor temperature (PI) IX Ideal

To apply the theoretical study to a typical Swedish multi-family building, calculation
input corresponding to a classic multi-family building type from the 1970s was chosen. The
building was primarily made of concrete and had, in total, 18 equal-sized apartments on
three floors. The building had exhaust ventilation and district heating distributed with
hot water radiators in all apartments. As in actual buildings, the model’s radiators were
oversized to avoid too low indoor temperatures.

According to experts contacted, the heating systems of the time were over-sized by
approximately 30%, which was also assumed in this study’s building model. That figure
aligns well with a Swedish research report from 1978 [32], which concluded that older
buildings were generally over-sized by approximately 30% for five main reasons:

- There are a limited number of radiator sizes on the market. The closest bigger size
was chosen (this still applies).

- Key figures of that time for heat sizing were based on outside temperatures that were too
cold. More accurate meteorological measurements later indicated warmer temperatures.

- A large thermal weight was not considered at that time. Heat demand calculations
were only based on light construction (affected by short-term temperature drops).

- Old standard values regarding thermal insulation (U-value) were used even after
building codes began to require more insulation.

- Old standard values regarding air leakage were used even when the windows, etc.,
became tighter.

Calculation inputs regarding typical envelope performance, internal heat gain from
people, appliances, lighting, ventilation airflows, etc., were taken from various Swedish
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studies on the subject. The main input data for the building model, including user patterns,
are summarized in Appendix A.

In addition to the three heating control strategies listed in the previous section, an
ideal heating control was also analyzed to quantify the theoretical energy-saving potential
through heating control alone.

During the simulation study, applying the different control strategies to heating
systems with the representative/expected control performance of old radiator thermostats
was essential. However, experts contacted claimed there is no apparent relationship
between performance and age. Therefore, in this study, it was assumed that “normal
operation” is best reflected by leaving 50% of the thermostats in the model in mint condition
with a p-band (control range) of 2.0 ◦C, while the other 50% were out of order and fully
open. This approach to mimicking standard local heating control was applied to all the
models described in Sections 2.2 and 2.3.

To ensure relevant input and evaluation methods, a reference group was attached to
this study. This consisted of four people from two different suppliers of MPC, six people
with technical responsibility, etc., at different property companies, and one person from the
company that develops the simulation tool. IDA ICE

2.1. Feedforward, Traditional Control (Case 1)

Three feedforward types were modeled to quantify the importance of traditional local
heat control:

- Case 1A. Thermostats out of order, i.e., as in Figure 1, but without thermostats
- Case 1B. Thermostats in mint condition with a p-band of 2.0 ◦C, but every second

thermostat erased.
- Case 1C. All thermostats are in mint condition, as in Figure 1.

2.2. Feedback Control (Case 2)

Each apartment in the model was equipped with a temperature sensor. The average
temperature was supplied to the controller in Figure 1. The greater the difference between
the apartments’ average indoor temperature and a determined setpoint, the greater the
correction of the supply temperature. Adjustment of supply temperature can be based on
P-control or PI-control. Both were examined.

- Case 2A: P-controlled feedback.
- Case 2B: PI-controlled feedback.

This means that the supply temperature curve was adjusted with regard to the apart-
ments’ combined average temperature.

The building model had only one zone per apartment, meaning only one temperature
per apartment.

2.3. Model-Based Control (Case 3)

Here, the supply temperature setpoint was continuously adjusted based on a calcu-
lated heat demand. Two model-based control strategies were used in this study, both
controlling all the aspects that IDA ICE considers in its dynamic heat balance.

- Case 3A. Model-based control without a weather forecast.
- Case 3B. Model-based control with weather forecast.

The supply temperature was determined by Equations (1) and (2), initially presented
by Kärkkäinen [33].

tsupply = troom,set +
e

f (1−
1
n )
·

∆tw,r
∆tln,r · f ·∆tw,r

e
f (1−

1
n )
·

∆tw,r
∆tln,r − 1

(1)

f =
qdemand

qdemand,r
(2)
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troom,set indoor temperature setpoint [◦C]

f relative heat demand [−]

n radiator exponent [−]

∆tw,r water temperature drop at reference case [◦C]

∆tln,r logarithmic mean temperature difference, radiator—room [◦C]

qdemand current heat demand [W]

qdemand,r heat demand at reference case [W]

To simulate a central heat control system with a model-based feed-forward strategy
based on weather forecasts, a setup with a digital twin was chosen where two building
models were simulated simultaneously. See Figure 2.
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Figure 2. Principle sketch of “model-based control with a digital twin”.

Building A: A model of a typical Swedish multi-family building from the 1970s, including
typical internal heat loads and normally functioning local heat control (as in Case 1B).
Building A delivered all the results.
Building B: A twin to Building A in all respects, including the use of it. The heat control
was the only difference. Building B only provided input to Equation (2).

Building B had no central heating control in the true sense of the word. The boiler in
that building constantly delivered a supply temperature of 70 ◦C to the heating system.
Instead, all heat control took place locally in rooms with ideal thermostats that always
maintained a constant indoor temperature as long as heat was needed. This was carried out
by giving the radiators in Building B a p-band of 0.01 ◦C, which is a very small control range.

The heat demand at apartment level in Building B was continuously put in relation to
its designed heat demand. A factor for the relative heat demand at apartment level was
calculated in Equation (2) and constantly passed on to Equation (1) to calculate a suitable
supply temperature for Building A. The supply temperature was thus calculated with
respect to the apartment that currently had the highest relative heat demand. Hence, the
control strategy could be called “model-based control with a digital twin”.

In model predictive control systems, it is common for individual weather parameters
to be amplified or reduced to better adapt to the character of the building. For example,
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solar radiation could be amplified and thus have a more significant impact than it would
otherwise. In Case 3A, it was studied how that type of distortion affects indoor temperature
and energy use by monthly testing the optimum amplification factors for a combination of
weather data. Case 3A can thus be divided into two parts:

- Case 3Aa (without amplification/reduction)
- Case 3Ab (with amplification/reduction)

This was handled with a gain controller in the building model, where a gain factor (K)
was multiplied by the difference between current weather data and a daily moving average
of the same, which are exemplified by outdoor temperature in Equation (3).

tout,modi f ied = tout + (tout − tout,mean)× K (3)

tout,modified modified outdoor temperature [◦C]

tout outdoor temperature [◦C]

tout,mean outdoor temperature, daily moving average [◦C]

K amplification factor [−]

For simulations with weather forecasts, i.e., Case 3B, the same principle was used as
for Case 3Ab (see Figure 2), with the only difference that Building B received a time-shifted
climate file. The result difference between Case 3Ab and Case 3B is thus the impact of
the weather forecast. Here it can be noted that time-shifted weather information, without
amplification, equals a perfect weather forecast. Since perfect weather forecasting does not
exist, the approach yields results in favor of the weather forecast-driven control strategy.
However, as will be shown shortly, this advantage for weather forecasting is not critical for
energy performance but can affect the indoor temperature.

According to the project’s reference group, the time steps forward should be adjusted
individually depending on the weather parameter. In general, the optimization process
for Case 3B involved trying to find the best monthly combination of time shifts and
amplification for weather parameters. See Figure 3.

Figure 3. Model-based predictive control with a digital twin, where Building A (the original model)
lives in the present while Building B (the copy) is exposed to time-shifted weather that has not yet
occurred. The example is from March 1 in Stockholm. The time in Building A is 08:00, but the air
temperature surrounding Building B is 17:00, wind speed is 19:00, and solar radiation is 13:00.
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Finding a truly optimal combination of parameter settings can hardly be carried out
manually. Yet, the optimization process was carried out without automatic optimization
tools since the manual process was considered sufficiently optimized. One of the reasons
was that wind speed was early on found to have no significant impact regardless of gain
or time shift, allowing it to be kept unaffected during the optimization process. In fact,
approximately 500 separate optimization simulations showed that small changes (time shift
and gain) in outdoor temperature and solar radiation only had a small impact on energy
use. It should also be mentioned here that all optimization alternatives leading to indoor
temperatures below 20 ◦C were removed.

2.4. Theoretical Perfect Local Control (Case 4)

Finally, the reference building model was also simulated with perfect heating control
at apartment level. This theoretical control strategy was better than anything that could
ever be reproduced in reality. Still, the results are of interest as limits to be compared with
simulation results from others and more realistic control strategies.

With this control, each room was always supplied (no delay) with the precise heating
power required to maintain the desired indoor temperature (20 ◦C). This was achieved by
using Case 1C, traditional control, but with thermostats in mint condition. The difference
is that the p-bands were set to 0.01, which resulted in the indoor temperature constantly
maintaining an even indoor temperature at the set point level when there was a need
for heat.

2.5. Separate Sensitivity Analyses

This study also included some sensitivity analyses with the aim of quantifying how
some different single parameters affect model-based control. One of the analyses concerned
the influence of thermal mass; the other analyzed the impact on Case 3 when given a
greater control range. In these two analyses, the same type of optimization procedure as
previously described was required. For resource reasons, it was only possible to carry out
the optimization process for three representative months during the heating season. January,
April, and October were chosen. The results for those months were compared to previous
simulations, whereupon an approximate result for the whole year could be calculated.

2.5.1. Impact of Thermal Mass

Providers of forecast-based control often highlight thermal mass as an essential aspect.
In short, it is believed that forecast-based control is better suited to heavy buildings than
light ones. To investigate this aspect, the models (both the reference building and its
digital twin) were made very light and heavy, respectively. This was handled by changing
the heat storage capacity of some of the building materials while keeping their thermal
conduction abilities unchanged. In other words, the buildings were made heavier and
lighter, respectively, but their thermal insulation capacity always remained the same. In
the lightweight option, all load-bearing structural parts were adjusted to correspond to
the thermal mass of wood and mineral wool. In the heavy option, they were given the
same density as concrete. Please note that the original building already contained a lot of
concrete and could thus be considered heavy.

2.5.2. Impact of Extended Margins for Forecasts and Modification of Weather Data

In its basic version, the heating control with a digital twin (Case 3Aa) resulted in
indoor temperatures close to the lowest permitted level (tmin = 20 ◦C), leaving little space
in Case 3Ab and Case 3B for further lowered indoor temperatures. To isolate the potential
for modified and time-shifted weather parameters, the mean temperature in the reference
building was increased. However, not by raising the building’s set value (which would
not have increased the control space), but by lowering the digital twin building’s reference
heating power demand (see Equation (2)), which was set for the coldest day. By doing
so, heating power demands for all other occasions came closer to the maximum demand,
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resulting in higher supply temperatures and higher indoor temperatures. The reference
power demand was adjusted until the indoor temperature was 22.3 ◦C on average during
the heating season, i.e., the same as for Case 1B.

3. Results

A summary of the simulation results of the described control strategies is presented in
Section 3.1, followed by further brief descriptions and results in Section 3.2, for some minor
additional sensitivity analyses carried out during this work.

3.1. Main Results

Figure 4 shows the energy performance for Cases 1–4, where the results for the different
control strategies are compared with Case 1B since that case can be considered the most
representative for Swedish multi-family buildings from the 1970s.

Figure 4. Energy performance and average indoor temperatures of the reference building for different
control strategies. N.B. The vertical axis representing heating energy starts at 120 kWh/m2 to clarify
the differences.

By shifting the heat control in the building model, the impact of different control
strategies could be determined. A pattern emerged showing a clear relationship between
control strategy, average indoor temperature level, and energy performance. The better the
control strategy manages to achieve indoor temperature levels close to the set point, the
lower the energy use.

As shown in Figure 4, Case 1A results in the highest average indoor temperature,
24.2 ◦C, during the heating season. It is 4.2 ◦C higher than the theoretical optimum
(20 ◦C) obtained in case 4. The high internal temperature was caused by the radiators’
lack of thermostats, so there was no local heat regulation, and the heating system was
oversized. When the traditional feed-forward control was instead equipped with new
and well-functioning thermostats in Case 1C, the average indoor temperature dropped
to 21.2 ◦C, which reduced the energy use. That level can be compared to Case 1B with
normally functioning thermostats, resulting in a mean indoor temperature of 22.3 ◦C, which
is in line with the Swedish studies mentioned [1–4].

In addition, the ideal heating control in Case 4, with thermostats that enabled an
almost constant temperature level very close to the set point, the PI-based feedback control
(Case 2B) resulted in the lowest mean temperature. That control strategy also resulted in
stable indoor temperatures, i.e., small diurnal fluctuations. Not surprisingly, it was stated
that Case 1A resulted in high diurnal variations. This, however, also appeared in Case
3Ab and Case 3B, which may seem strange since those strategies simultaneously resulted
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in relatively low average temperatures. Their instability was found to be mainly due to
the amplification of weather parameters. The weather forecasts did not harm the daily
fluctuations, but it should be noted that the weather forecasts were perfect all along. If
Case 3B had instead been assigned weather forecasts with realistic accuracy, it would likely
result in even more significant diurnal fluctuations.

3.2. Results from Sensitivity Analyses

The thermal mass analyses, described in Section 2.5.1, underlined that the building
model in its basic version is thermally heavy. The energy performance of the heavy version
was therefore similar to the original version, but the lightweight resulted in increased
energy use, as shown in Table 2. In the light version, it was possible to quickly reduce
the indoor temperature to lower levels by modifying and time-shifting the weather data.
However, this control strategy was sensitive, often resulting in strong fluctuations. The
lightweight alternative had poorer energy performance because it was less good at using
stored free thermal heat from situations when the building had been overheated by solar
radiation, etc.

Table 2. Energy performance for the reference building in three versions: “light”, “heavy”, and
“original”. The results for the latter are the same as previously reported.

Version
Case 3Aa
[kWh/m2]

Case 3Ab
[kWh/m2]

Case 3B
[kWh/m2]

Light 146 146 146

Heavy 140 137 137

Original 140 139 138

In Section 2.5.2, a sensitivity analysis was also described for evaluating the impact
of extended control ranges for forecasting and other modifications to weather data. The
analysis showed that increased control range resulted in a more significant effect (see
Table 3), but still higher energy use than the original design. Therefore, it is better to let the
primary control (Case 3Aa) lower the indoor temperature first and then allow Case 3Ab
and Case 3B to adjust on the margin.

Table 3. Energy performance of the reference building in two designs: “extended control range”
(average temperature: 22.3 ◦C for Case 3Aa) and “original” (average temperature: 21.6 ◦C for Case 3a).
The results for the latter are the same as previously reported.

Version
Case 3Aa
[kWh/m2]

Case 3Ab
[kWh/m2]

Case 3B
[kWh/m2]

Extended margin 146 142 141

Original 140 139 138

4. Discussion

In this study, the outcome of different control strategies has been studied through
simulations of a building model. When analyzing model-based control (Case 3), an exact
copy of the original building model was used. Experience with that strategy shows that
even relatively small changes in the digital twin could significantly affect control. In
conclusion, digital twins should be accurate and calibrated to achieve the best results.
However, creating an exact digital twin is very time-consuming and, in practice, cannot
be justified for commercial use. Instead, today’s model-based control strategies rest on
simplified digital twins needing large safety margins. To partially compensate for this
and to ensure that the heating control does not result in unwanted indoor temperatures,
they are supplemented with temperature sensors in the apartments. Commercial model-
based control is, in practice, therefore, a combination of model-based and feedback-heating
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control. Since this study shows that both control strategies can influence energy use to
approximately the same extent (compare Case 2B with Case 3B), one can ask if model-based
control is worth the investment or if feedback control is enough. The latter generally
results in lower costs as it does not require software or weather forecasts from the supplier.
In addition, temperature sensors can also be used for several other purposes, such as in
dialogue with residents in the event of complaints or to determine whether there is a need
for adjustment of the heating system and follow-up of a completed adjustment.

In measurement-based studies on several actual buildings, it would not be easy to
distinguish between the impact of feedback control and model-based control since they are
run in parallel. The different strategies would have to be alternately switched off for a long
period of time.

Regarding the impact of weather forecasts as a separate aspect, this study showed that
the additional benefit is very limited compared to if the model-based control are based on
real-time weather data. The benefit of using weather data are, however, often highlighted
when marketing such heating control services, but this should probably be seen as a way to
make a virtue out of a necessity. Specifically, it is much easier to obtain detailed forecasts
than real-time weather data, especially solar radiation. At the same time, it can be assumed
that MPC, together with AI, might prove to be valuable in cases with very variable energy
prices, intermittent energy sources, or active energy storage systems. In recent years, AI,
with self-learning control technology, has started to be used in buildings. We are probably
facing continued significant development; in fact, there are already AI techniques that can
optimize heat control with regard to costs, power demand, etc., rather than energy and
indoor temperature. In a study from 2023 [34], a model-based control with AI is described,
where analysis of indoor temperature and the supply temperature led to an optimized
supply temperature in a self-learning process. In parallel, however, their heat control still
has feedback control to ensure that the inside temperature is acceptable. With this as a
background, various types of advanced temperature control, including AI, will need to be
studied further in the future.

In Sweden, heating is generally included in the rent, which reduces the personal
incentive to save energy. Feedback heating control and other control strategies using indoor
temperature could hence lead to increased heating demand caused by window airing.
Such systems, therefore, usually have a function that sorts out the currently coldest and
warmest apartments, respectively. However, if many apartments have open windows
simultaneously, feedback control strategies would increase the supply temperature. One
way to deal with this could be to install electronic thermostats on each radiator, which
reduce the heat supply in the event of a rapid temperature drop (window airing, etc.). Many
private houses have electronic thermostats, but only a few Swedish multi-family buildings
do, even though they are more common in other countries. One reason is believed to be
the Swedish form of housing, where the property owner (not the residents) is responsible
for the installations. Another explanation is that the arrangement with heating included
in the rent would lead to manipulation of the thermostats. However, the Swedish Energy
Agency has recently initiated a mission where property owners and manufacturers of
electronic thermostats jointly investigate the possibility of developing products adapted to
the Swedish market. In the long term, this may mean that multi-family buildings in the
future can have better heat control at room level than today. Whether such a development
would affect the need for feedback or model-based heat control remains to be seen.

5. Conclusions

It hardly comes as a surprise that both central and local heat control turned out to
be essential for energy performance and indoor temperature. Instead, this study’s merit
lies in the quantification of the savings potential for different aspects, which has been
separately studied. However, one should be careful about making blanket statements about
general energy-saving potentials in buildings, as all buildings are individual, with different
numbers of residents, constructions, installations, indoor temperatures, etc. Similarly,
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one should be careful about relying too much on modeled results. Calculated values for
both the indoor environment and energy use generally differ precariously from measured
values [35], even if efforts are made to create a realistic building model. It could, however,
be stated here that the calculated indoor temperature and energy use with traditional heat
control (Case 1B) were utterly consistent with Swedish national statistics. Moreover, the
calculated energy savings for feedback control (Case 2B) agreed fairly well with what was
reported in study from 2023 [34], where energy savings for PI-based feedback control were
summarized based on 107 Swedish multi-family buildings older than 25 years. Taken
together, these findings indicate that this study’s calculation model was credible and
representative of that type of building. Having said that, since this study is about a
comparison with the same building, the comparison itself is more interesting than the
results matching reality in absolute terms (although that is also desirable).

As stated, this study showed that weather forecasts as a separate ingredient in model-
based control did not lead to significant additional savings, not even if they were left with a
large control range to work with. At the same time, weather forecasts significantly increased
the risk of frequently ending up with too low indoor temperatures. The conclusion is that
it is more important to adapt central control to the actual heating demand by considering
some relevant parameters in real-time than to control it with weather forecasts. The better
the central heat control, the smaller the margin for additional savings through forecasts.
On the other hand, weather forecasts are a convenient way to obtain weather data. It is
significantly easier than acquiring equipment for weather observations and continuously
retrieving data from them.

Finally, although the purpose of this study was primarily to quantify the potential
and impact of weather forecasting, it was also a step in developing a strategy for heating
control in actual buildings through digital twins. In an ongoing research project, a pilot of
such a technology solution is evaluated, which will be presented in the spring of 2024 in an
article titled “Evaluation of the savings potential for model-based heating control with a
digital twin—A measurement-based study in Swedish apartment buildings”.
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Appendix A. Summary of the Building Model

This appendix provides brief information about the reference building. Sources are
indicated in connection with each task. In several cases, however, the sources had to be
adapted. Size, geometry, and design were based on drawings from a typical building from
the 1970s in a suburb outside Gothenburg. The drawings are referred to as [Gothenburg
City 1968] in the description below.
General

3 floors, 45 m × 12 m, 540 m2

18 apartments, 6 app./floor, 83.5 m2/app. (90 m2/app. incl. stairs)
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Internal ceiling height: 2.5 m
[36]
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Outer wall—long side
(U = 0.41 W/m2K)

- Brick 120 mm
- Air gap 30 mm
- Gypsum 3.5 mm
- Wood 95/45 mm
- Mineral wool 95 mm
- Gypsum 13 mm

[36]

Outer wall—short side
(U = 0.41 W/m2K)

- Brick 120 mm
- Air gap 30 mm
- Concrete 120 mm

[36] and
[Gothenburg City, 1968]

Partition wall
(Heat transmission ignored)

- Concrete 160 mm

[36]
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Base plate
(U = 0.7 W/m2K)

- LW concrete 120 mm
- Concrete 150 mm
- Wooden board 20 mm
- Linoleum 5 mm

[36]

Intermediate floor
(Heat transmission ignored)

- Concrete 160 mm
- Wooden board 20 mm
- Linoleum 5 mm

[36]

Attic joist
(U = 0.22 W/m2K)

- Concrete 120 mm
- Mineral wool 150 mm
- Air 350 mm
- Wood 23 mm
- Roofing felt 4 mm

[36]
Thermal Bridges

Factors for cold bridges made of various structural parts are specified below. Data were taken
from course literature at Chalmers University of Technology [37], based on a Swedish
standard [38], where suggested values for different aspects are given in ranges. The upper
(inferior) part of the spans was chosen.
- Outer wall meets inner wall: 0.04 W/(m K)
- Outer wall meets outer wall: 0.06 W/(m K)
- Connections at windows: 0.05 W/(m K)
- Roof meets exterior wall 0.06 W/(m K)
- Basic construction meets outer wall: 0.87 W/(m K)
- External walls, general surcharge: 0.04 W/(m2 K)
- Outer wall meets inner joists: 0.17 W/(m K) A

A The value should be 0.05 W/(m K), but the stated value was increased to compensate for
missing balconies.
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Infiltration (air leakage)

The model was given a wind pressure-based infiltration corresponding to 0.8 l/(s·m2) at a
pressure difference of 50 Pa. A predefined “semi-exposed” wind pressure profile was chosen.
Windows

Coupled, 2-glass [36]
No external solar shading [City of Gothenburg 1968]
A number of living room windows were aired according to
Table A1

[39]

A number of blinds in living rooms were used according to
Table A2

[39]

• U = 2.2 W/m2K (same for glass and frame) [1]
• SHGC (solar factor) = 0.76 (absolute value) [IDA ICE, default value]
• T (directly transmitted proportion) = 0.6764 (abs. value) [IDA ICE, default value]
• Blinds between glass [communication with retailer]
• Solar radiation factor with blinds closed = 0.24 (80◦) [40]
• Sun shading factor with half-open blind = 0.38 (45◦) [40]
The window area corresponded to 25% of the wall area, distributed as follows:
• Bedroom window 1.3 × 1.4 m × 2 pcs
• Kitchen window 1.8 × 1.4 m
• Living room window 1.4 × 1.4 m × 2 pcs.
• Balcony door 0.9 × 2.2 m (40% window, the rest frame)
• Toilet window (gable) 0.7 × 0.6 m
Heating system

- District heating [1]
- Radiators with waterborne heating [1]
Ventilation

- Constant airflow [1]
- Exhaust airflow [1]
- 0.39 l/sm2 [41]
- Exhuast air from kitchen and bathroom [Gothenburg city, 1968]
Lighting

Design power: 151 W/apartment (see below) [42]
26% of max output daily at 23–07, 54% at 07–15, 100% at 15–23 [42]
By comparing a study on household electricity in Swedish multi-family buildings [42] with a
study on the typical number of people (see under the section People), 790 kWh/household was
obtained. This was then distributed as a loading curve in accordance with statistics from an
end-use metering campaign based on 400 Swedish households [42].
Appliances

Maximum power excluding lighting and washing: 434 W/apartment [42]
Maximum power at 15–23. 65% of maximum at 07–15. 47% of maximum at 23–07.
People

A total of 2.2. persons/apartment [personal communication with SCB, responsible for official
statistics and for other government statistics]
Attendance weekdays 15 h/day, weekends 18 h/day [43]
In this study, attendance was equated with:
During weekdays, 33% are gone at 07–19 and 50% are gone at 19–21 [assumption]
On weekends, 50% is gone at 09–21. [assumption]
Metabolism: 1.2 ± (sensible: 70 W/m2 body) [44]
Clothing (CLO) during winter: 1.2, during summer: 0.5 [INNOVA, 1996]
Radiators

Under each window is a radiator with the same width as the window. [practice]
Each radiator has a height of 0.6 m [common]
Supply temp/return temp: 60/40 [own assumption] [common]
n (power curve exponent) = 1.28 [IDA ICE, default value]
P-band = 2 [practice]
Hot water circulation

Heating energy for domestic hot water: 30 kWh/m2 [45]
Heating energy for hot water circulation: 350 kWh/apartment [45]
Heat losses (converted to internal heat): 25 W/apartment

[communication with RISE, Swedish Research Institute]
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Indoor temperature

Minimum allowed indoor temperature in any apartment: 20.0 ◦C. [5]
Average indoor temperature during heating season (Case 1B): 22.3 ◦C. [1–4]

Table A1. Solar screening.

Number of Living Room Windows Where
Living Room Windows in Different Directions

North East South West

blinds are missing or completely drawn 18 7 9 8

blinds are fully drawn but angled up 0 10 7 9

blinds are fully drawn and closed 0 1 2 1

Table A2. Airing categories.

Never/
Very Rarely

Rarely Medium Often Very Often

Number of ventilated
apartments 4 3 2 6 3

Clock - - 07.30–08.30
17.30–18.00

06.30–07.30
17.30–18.30 07.00–19.00

Area proportion of
the opening - - 5.6% 4.6% 3.2%
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29. Piotrowska-Woroniak, J.; Szul, T.; Cieśliński, K.; Krilek, J. The Impact of Weather-Forecast-Based Regulation on Energy Savings
for Heating in Multi-Family Buildings. Energies 2022, 15, 7279. [CrossRef]

30. Tarragona, J.; Pisello, A.L.; Fernández, C.; de Gracia, A.; Cabeza, L.F. Systematic review on model predictive control strategies
applied to active thermal energy storage systems. Renew. Sustain. Energy Rev. 2021, 149, 111385. [CrossRef]

31. Zong, Y.; Su, W.; Wang, J.; Rodek, J.K.; Jiang, C.; Christensen, M.H.; You, S.; Zhou, Y.; Mu, S. Model predictive control for smart
buildings to provide the demand side flexibility in the multi-carrier energy context: Current status, pros and cons, feasibility and
barriers. Energy Procedia 2019, 158, 3026–3031. [CrossRef]

32. Gustavsson, A.; Olsson, O.; Wahlman, E. Lågtemperatursystem i Existerande Byggnader; Rapport R29:1978; Byggforskningsrådet:
Stockholm, Sweden, 1978.

33. Kärkkäinen, A. Gasfri Påfyllning av Värme- och Kylsystem Samt Injustering av Radiatorsystem. Aaltouniversitetet, Tekniska Högskolan,

Fakulteten för Ingenjörsvetenskaper och Arkitektur; Institutionen för Energiteknik: Espoo, Finland, 2010.
34. Olsson, D.; Filipsson, P.; Trüschel, A. Feedback Control in Swedish Multi-Family Buildings for Lower Energy Demand and

Assured Indoor Temperature—Measurements and Interviews. Energies 2023, 16, 6747. [CrossRef]
35. Kragh, J.; Rose, J.; Knudsen Henrik, N.; Jensen, O.M. Possible explanations for the gap between calculated and measured energy

consumption of new houses. Energy Procedia 2017, 132, 69–74. [CrossRef]
36. Björk, C.; Kallstenius, P.; Reppen, L. Så Byggdes Husen 1880–2000; Fomas: Stockholm, Sweden, 2003; ISBN 9789173336185.
37. Petersson B, Å. Tillämpad Byggnadsfysik; Studentlitteratur: Lund, Sweden, 2018; ISBN 9789144123936.
38. SS-EN ISO 6946:2017; Byggkomponenter och Byggnadsdelar—Värmemotstånd och Värmegenomgångskoefficient—Beräkningsmetod.

Svenk Standard: Stockholm, Sweden, 2017.
39. Engvall, K.; Corner, R.; Emenius, G.; Hult, M. Upplevd Inomhusmiljö och Hälsa i Stockholms Flerbostadshus 2005; Rapport 1:

Hälsomässigt Hållbara Hus 3H projektet. Reviderad september 2009; Stockholms Stad: Stockholm, Sweden, 2009.
40. Wall, M.; Bülow-Hübe, H. Solar Protection in Buildings—Part 2: 2000–2002; Rapport EBD-R—03/1; Lunds Universitet, Avdelningen

för Konstruktion och Arkitektur: Lund, Sweden, 2003.
41. Tolstoy, N.; Borgström, M.; Högberg, H.; Nilsson, J. Bostadsbeståndets Tekniska Egenskaper; ELIB-Rapport Nr 6, TN:29; Statens

Institut för Byggforsknin: Gävle, Sweden, 1993.
42. Zimmerman, J.P. End-Use Metering Campaign in 400 House[holds in Sweden—Assessment of the Potential Electricity Savings; Enertech:

Pont de Barret, France, 2009.
43. Levin, P.; Brukarindata för Energiberäkningar i Bostäder. Brukarindata för Energiberäkningar i Bostäder. Svebyprogrammet. Re-

port. Projektrapport 2009-04-14. 2009. Available online: https://www.sveby.org/wp-content/uploads/2011/06/brukarindata_
bostader.pdf (accessed on 1 January 2024).

https://doi.org/10.1080/17512549.2015.1079240
https://doi.org/10.1016/j.enbuild.2017.02.012
https://doi.org/10.1016/j.enbuild.2016.07.036
https://doi.org/10.1016/j.arcontrol.2020.09.001
https://doi.org/10.1016/j.enbuild.2010.10.022
https://doi.org/10.1016/j.egypro.2017.04.051
https://doi.org/10.1016/j.enbuild.2011.09.022
https://doi.org/10.3390/en16196980
https://doi.org/10.1016/j.enbuild.2018.04.014
https://doi.org/10.1016/j.applthermaleng.2022.118119
https://doi.org/10.1016/j.jclepro.2022.131605
https://doi.org/10.1016/j.enbuild.2023.113174
https://doi.org/10.3390/en15197279
https://doi.org/10.1016/j.rser.2021.111385
https://doi.org/10.1016/j.egypro.2019.01.981
https://doi.org/10.3390/en16186747
https://doi.org/10.1016/j.egypro.2017.09.638
https://www.sveby.org/wp-content/uploads/2011/06/brukarindata_bostader.pdf
https://www.sveby.org/wp-content/uploads/2011/06/brukarindata_bostader.pdf


Energies 2024, 17, 261 18 of 18

44. SS-EN 16798-1:2019; Byggnaders Energiprestanda—Ventilation för Byggnader—Del 1: Indataparametrar för Inomhusmiljö
för Konstruktion och Bestämning av Byggnaders Energiprestanda Gällande Luftkvalitet, Termiskt Klimat, Belysning Och
Akustik—Modul M1-6. Svenk Standard: Stockholm, Sweden, 2019.

45. Aronsson, S. Fjärrvärmekunders Värme- och Effektbehov—Analys Baserad på Mätresultat Från Femtio Byggnader; Institutionen för
Installationsteknik, Chalmers: Göteborg, Sweden, 1996; ISBN 9171973834.

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.


	Introduction 
	Materials and Methods 
	Feedforward, Traditional Control (Case 1) 
	Feedback Control (Case 2) 
	Model-Based Control (Case 3) 
	Theoretical Perfect Local Control (Case 4) 
	Separate Sensitivity Analyses 
	Impact of Thermal Mass 
	Impact of Extended Margins for Forecasts and Modification of Weather Data 


	Results 
	Main Results 
	Results from Sensitivity Analyses 

	Discussion 
	Conclusions 
	Appendix A
	References

